ETHNO-RACIAL DISPARITIES IN CANADA’S LABOUR MARKET: THE CASE OF
RECENT GRADUATES
by
Ravinder Singh Mehmi

Bachelor of Business Administration, University of Toronto, 2016

A thesis

presented to Ryerson University

in partial fulfilment of the
requirements for the degree of
Master of Science in Management
in the program of

Master of Science in Management

Toronto, Ontario, Canada, 2019

© Ravinder Singh Mehmi 2019



AUTHOR'S DECLARATION FOR ELECTRONIC SUBMISSION OF A THESIS
| hereby declare that | am the sole author of this thesis. This is a true copy of the thesis, including
any required final revisions, as accepted by my examiners.
| authorize Ryerson University to lend this thesis to other institutions or individuals for the purpose
of scholarly research.
| further authorize Ryerson University to reproduce this thesis by photocopying or by other means,
in total or in part, at the request of other institutions or individuals for the purpose of scholarly
research.

| understand that my thesis may be made electronically available to the public



ABSTRACT
Ethno-Racial Disparities in Canada Labour Market: The Case of Recent Graduates. Master of
Science in Management (MScM), 2019. Ravinder Singh Mehmi. Ted Rogers School of
Management, Ryerson University.

This study explores the labour market outcomes of recent-graduate visible-minorities who
did not obtain any non-Canadian educational credentials, of any level, prior to their graduation
(e.g. “generation 1.5+”). Using the 2013 National Graduates Survey, which surveyed those who
graduated from Canadian public-postsecondary institutions in the 2009-2010 academic year, this
study assesses the incomes and (un)employment statuses of Canada’s four largest ethno-racial
groups—Whites, South Asians, Chinese, and Blacks. Approximately 93% of the subsample under
analysis is Canadian-born. The results show that, amongst those who held a full-time job at the
time of the survey, the visible-minority subgroups do not experience any earnings penalties versus
their White counterparts (by gender)—but rather some subgroups show earnings premiums.
However, some visible-minority subgroups, such as the South Asian males, show substantially

higher odds of being unemployed versus their White counterparts (by gender). Limitations and

implications are discussed.
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1. INTRODUCTION

As per Canada’s 2016 Census, just over one in five residents of Canada identified
themselves as visible-minorities, which includes most of those who do not proclaim any or only
part White-European ancestry (Statistics Canada, 2017a). Statistics Canada projects that the
proportion of visible-minorities could increase to over 30% of Canada’s population by 2031
(Statistics Canada, 2011a), led mostly by the South Asians, Chinese, Blacks, and Filipinos, in that
order. This increase will be driven both by immigration, and the proliferation of second-and-higher
generation members of visible-minority groups. With such a rapidly diversifying populace and the
populations of individual ethno-racial groups increasing, many researchers have been studying
how (or if) the various ethno-racial groups differ in their markers of socioeconomic status. A
particular area of interest has been to compare their labour market outcomes such as earnings,
because generally speaking, financial endowment is thought to be amongst the most important
predictors for one’s quality of life, at least in the economy-oriented societies of the 21% century
(Girardi Paskulin & Molzahn, 2007; Headey et al., 2007; Senik, 2014). Therefore, it is important
to understand if patterns of inferior labour market outcomes exist amongst particular groups, so
that Canada can know which segment(s) of its population require attention.

To provide a preliminary perspective, the 2016 Census found that in the year 2015, visible-
minorities had a median gross income of $25,514—versus $36,538 for their non-visible-minority
counterparts, and an average gross income of $36,955—versus $50,225 for their non-visible-
minority counterparts (Statistics Canada, 2017b). Moreover, this Census also showed that visible-
minorities had an unemployment rate of 9.2%—versus 7.3% for their non-visible-minority
counterparts (Statistics Canada, 2017c). These statistics tell us that there are indeed disparities in

labour market outcomes between visible-minorities (as a whole), and their White-European



counterparts. The next step would be to pinpoint where exactly these disparities are coming from
by creating subgroups based on the major differentiating criteria as identified by the research—
which includes but is not limited to: gender, specific ethno-racial group, and generation-status.
The existing literature which has made such subgroup distinctions has found that: the labour
market disparities are larger between male groups; the income disparities between ethno-racial
groups within each respective generation-status tend to decrease as the generations increase;
Blacks experience the most labour market shortcomings overall; and the Chinese experience the
least labour market shortcomings overall, if at all (Pendakur & Pendakur, 1998, 2011, 2016;
Skuterud, 2010; Yu, 2018). Note that these are generally the most common findings, but anomalies
do arise depending on factors like: the survey used, the subsample, and/or the use of statistical
controls. This paper will seek to contribute to this literature by answering the following question:
how do the ethno-racial backgrounds of recent post-secondary graduates in Canada affect their
labour-market outcomes? Particularly, the analysis will be limited to those who hold entirely
Canadian educational credentials, dating back to elementary school (e.g. “generation 1.5+)—as
this helps to dispel the “foreign human & cultural capital” justifications which are commonly used
to explain the (post-adolescent) immigrants’ shortcomings (Pendakur & Pendakur, 2016). The
term “generation 1.5” has been loosely defined as those who immigrated to the country as children,
typically by the age of 14, though the exact age depends on the study (Boyd, 2002; Skuterud,
2010). Moreover, the socioeconomic outcomes of generation 1.5+ Canadians have been studied
far less than those of first-generation Canadians, mainly due to sample size constraints, so this
adds further importance to the research contributions of this paper. This is believed to be the first
time that this topic will be explored using Canada’s 2013 National Graduates Survey. | focus on

recent postsecondary graduates rather than the general populace because they represent most of



the new-entrants into Canada’s labour market (Department of Finance, 2014; Kustec, 2012), so if
any marginal changes to the socioeconomic statuses of Canada’s ethno-racial groups are being
made, recent graduates would be a major driving force. The other reason for focusing on recent
graduates is because, their relative homogeneity in age and life/work experiences serve as natural
controls when assessing labour market outcomes. Moreover, such a study on recent graduates
would provide insight into not just the labour market outcomes of Canada’s ethno-racial groups in
general, but the outcomes of those in their early-careers—which represents a unique timeframe.
To clarify, this paper will adhere to the Canadian government’s criteria for classifying
ethno-racial groups, as debating about the objectivity in defining such groups is beyond the scope
of this analysis. However, as will be discussed in the limitations, it is recognized that descriptions
of ethno-racial identities are highly complex. Canada’s two major mutually exclusive
classifications are: ‘visible-minority” and ‘non-visible-minority’. Visible-minorities are defined by
the Government as: “persons, other than Aboriginal peoples, who are non-Caucasian in race
or non-white in colour” (Employment Equity Act, 1995). Thus, the general norm has been that,
excluding Indigenous persons, those who deem themselves to have both a white skin-tone and
European-only ancestry tend not to identify as visible-minorities, and if they establish that either
one or both of those conditions are missing, then they do tend to identify as visible-minorities.
However, when they are asked to identify with specific ethno-racial subgroups, a few anomalies
arise. For instance, those with part European and part Arab descent, or part European and part
Latin American descent are not supposed to be classified as visible-minorities, according to the
Government’s criterion (Statistics Canada, 2008). Nevertheless, for the purpose of my research,
because these “part White” groups still do identify with another visible-minority (e.g. non-White-

European) subgroup, | will not categorize them into the “White” ethno-racial group, but rather



label them “Other”. Another important note is, due to the overlap between the (root) terms race
and ethnicity along with the inconsistencies in defining them, this paper will use them

interchangeably or as a combination—hence the term “ethno-racial”.



2. LITERATURE REVIEW

The ensuing review of literature will briefly provide a background of this topic, before
continuing on to this paper’s research contributions. Unless mentioned otherwise, only the studies
deemed relevant to Canadian society will be discussed, which primarily means research from
Canada, and also its OECD counterparts where applicable. The literature review will begin with a
discussion about why this topic is important, namely the consequences of ethno-racial disparities
in socioeconomic outcomes. Then, the discussion will shift to how Canada’s ethno-racial diversity
has evolved over time, along with a summary of the societal and labour market experiences of the
various ethno-racial groups that have settled here—from Confederation up to the 21% century.
Finally, the literature review will briefly discuss the possible reasons for socioeconomic ethno-
racial disparities in Canada.

2.1.  Why is this Topic Important?

This is an important topic to research because, studies show that disparities in labour
market outcomes, especially if they are driven by ethno-racial discrimination, can contribute to
negative implications on both a personal level, and a societal level. Moreover, there are reasons
why individual organizations may want to avoid contributing to such disparities through ethno-
racial discrimination. To clarify, this paper will discuss ‘ethno-racial discrimination’ in the context
of the following definition provided by the Ontario Human Rights Commission:

“...any distinction, conduct or action, whether intentional or not, but based on a person’s race,
which has the effect of imposing burdens on an individual or group, not imposed upon others or
which withholds or limits access to benefits available to other members of society. Race need only

be a factor for racial discrimination to have occurred.” (OHRC, n.d.)



Also, note that this discussion will highlight implications arising from both labour-
market/socioeconomic disparities in general, and from ethno-racial discrimination wherever it can
be identified as a contributor to such disparities. Nevertheless, as will be discussed throughout this
paper, a substantial amount of evidence does suggest that ethno-racial biases in Canada’s labour
market do play a significant role in exacerbating socioeconomic disparities between Canadians.
2.1.1. Personal-Level Implications

Comprehensive studies in Canada (and abroad) have shown that there are significant
positive correlations between one’s physical and mental healthiness and their income (Health
Quality Ontario, 2016; Raphael, 2002). Likewise, many studies also show that the state of being
unemployed is significantly correlated with poorer health outcomes (Canadian Public Health
Association, 1996; Pharr et al., 2012). The physical health components that have been shown to
be poorer amongst the unemployed and those with lower income include: heart health (Lee et al.,
2009), various types of cancer (Conway et al., 2015), Parkinson’s disease (Lix et al., 2009), and
oral health (Ravaghi et al., 2013), to name a few. Similarly, mental health outcomes have also been
shown to be poorer such as: clinical depression (Mckenzie et al., 2014; Wang et al., 2009),
generalized anxiety disorder (Watterson et al., 2017), and substance abuse (Redonnet et al., 2012)
among others. Moreover, those with lower income may be more prone to social isolation, which
is further exacerbated if their disadvantage is influenced by ethno-racial discrimination (Wilson et
al., 2011). As many of the papers cited above show, such health disparities have been shown to
exist in Canada, even though it has universal healthcare. With less money to spend on health-
supporting items and activities (e.g. prescription medicine, private health services, etc.), it can
perhaps be inferred that the connection between lower income and poorer health is not just a

correlation, but lesser financial endowment may also cause the factors that exacerbate poor health.



To give another example, lower income can directly induce financial distress—which is directly
related to greater physical health risks, such as heart attacks (Shah et al., 2012). Furthermore, there
is evidence suggesting that physical and/or mental impairments impede one’s career advancement
due to less time spent at work, less productivity at work, and a lesser ability to develop human
capital through education/training (Duguet & Le Clainche, 2014; Zhang et al., 2016). Therefore,
from an ethno-racial perspective, all of this implies that patterns of poorer labour market outcomes
in particular ethno-racial groups may also contribute to patterns of poorer health outcomes in those
same groups—perhaps even inducing a feedback loop with lower income inducing poor health,
then the poor health inducing lower income.
2.1.2. Society-Level Implications

The first argument of society-level implications builds upon the health-related impacts
above. To elaborate, it has been suggested that when people perceive discrimination on the basis
of their ethno-racial background and/or religion, they become more likely to suffer from both
physical and mental illnesses (Hyman, 2009). This is in addition to the poorer health experienced
by those with lower income, as discussed above. So, declining health in general may affect the
society in the form of: rising healthcare costs which are recovered by increasing taxation in public
healthcare systems like Canada’s (Canadian Institute for Health Information, 2011), rising health
insurance costs which result in higher premiums for all policyholders, the exacerbation of doctor
shortages (Esmail, 2016), economic slowdown due to lost productivity in the workplaces (Dollard
& Nesser, 2013), and increases of mental-illness-induced violent crime in the public (Hawkes,
2015; Weisburd et al., 2018), to name a few. To put this into perspective, one in five visible-
minority members across Canada reported ethno-racial discrimination in the five years preceding

2014, versus just over one in ten for non-visible-minorities (Statistics Canada, 2018). Thus, a



systemic reduction in such discrimination may help alleviate the aforementioned health
consequences, and in turn the societal consequences of poorer health.

To provide another argument, it has been suggested that ethno-racial disparities in the
labour market, especially if they are caused by ethno-racial discrimination, deter diverse groups of
immigrants, putting the country or a specific region within it at a disadvantage in attracting and
retaining skilled workers (Hou, 2007; OECD, 2014; Pruegger & Cook, 2009). In fact, the United
Nations’ 2018 World Migration Report, shows that two of the top reasons why people migrate to
another country is to escape persecution based on their ethno-racial identity and/or religion, and to
have a chance to achieve greater economic prosperity (International Organization for Migration,
2017). Thus, they seek to escape to a country where they believe ethno-racial and religious
discrimination are less likely, and their economic opportunities are greater than in their home
nation. Drawing on this, if a country’s labour market or its society in general shows evidence of
discrimination on the grounds of one’s ethno-racial background and/or religion (or any prohibited
ground for that matter), it may deter talented immigrants from settling there and contributing to
that economy, versus the countries they deem to be more welcoming.

Furthermore, throughout Canada and the United States, there is clear evidence that
communities with significant differences in their average household incomes are also ethno-
racially segregated (Breau et al., 2017; Reardon et al., 2015). For example, in Canada, the
neighbourhoods with the lowest average incomes also tend to be those with the highest proportions
of visible-minority residents (Breau et al., 2017). Such segregation may contribute to a disturbance
in social cohesion, impairing the friendly coexistence of the ethno-racial groups (Bolt et al., 2010;
Uslaner, 2010), not to the mention the widely documented correlation between lower income and

crime (Statistics Canada, 2009). Nonetheless, although income disparities are not the only cause



of a lack of social cohesion between ethno-racial groups, they have been objectively shown to
make a notable difference (Musterd, 2005). To provide a specific example, an American study by
Plummer et al. (2016) supports the argument that mitigating disparities in socioeconomic status
between ethno-racial groups may improve their social cohesion. The study found that a similar
socioeconomic status was amongst the top commonalities between friends of different races, and
that “living in the same neighbourhood” was amongst the top catalysts for forming such
friendships (Plummer et al., 2016). Thus, with greater socioeconomic disparities and the resulting
neighbourhood segregation between ethno-racial groups, there may be an increased probability of
social disharmony. Generally speaking, in modern Western nations, ethno-racial disharmony may
induce: increases in overall crime and interracial conflicts (Krivo et al., 2009), more disagreements
in government policies (Kinder & Winter, 2001), and diminished overall economic growth
(Alesina & La Ferrara, 2005) to name a few.
2.1.3. Organization-Level Implications

From an organization-specific perspective, the economic argument made above regarding
the ‘attraction of talent’ would apply here as well; if organizations have an apparently
discriminatory environment, this may reduce the number of people willing to join them, leaving
them with a smaller talent pool to select from (Avery & McKay, 2006; Ng & Burke, 2005). This
may be particularly problematic for industries with labour shortages. To add to this, an empirical
analysis on New York City firms by Pager (2016) showed that the firms who discriminated against
job applicants on the basis of race were less likely to be in business six years later. Moreover,
Raver & Nishii (2010) show that ethno-racial discrimination within the workplace such as: hostile
comments, isolation from work-related or social activities, withholding job-related information,

and telling “ethnic jokes” lead to lower levels of organizational commitment, job satisfaction, and



greater turnover intentions amongst the victims. Similar findings have been repeatedly affirmed in
recent studies, including ones that show deteriorations in the mental and physical health of
discriminated employees (Triana et al., 2015). This literature also shows that from the business
perspective, these types of consequences suffered by discriminated employees can lead the
company to incur noteworthy financial losses—some specific reasons for which are: recruitment
and training costs for new employees (Hancock et al., 2013), opportunity costs of lost-productivity
and absenteeism (Triana et al., 2013), and/or the costs of defending litigations and the
corresponding costs of a damaged reputation (Goldman, 2006). To provide an example, a
‘damaged reputation’ may lead to consumer boycotts, which can impair a firm’s financial
performance (Makarem & Jae, 2015; van den Broek et al., 2017).

Overall, the preceding discussion clearly indicates that it is in the best interest of
individuals, the society, and organizations if ethno-racial disparities in labour market outcomes are
mitigated, especially if ethno-racial discrimination is one of the causes.

2.2. A History of Ethno-Racial Disparities in Canada
2.2.1. Post-Confederation

In the many years after Confederation, Canada’s immigration policies were designed to
target only White Britons and White Americans (Verbeeten, 2007), while also refraining from any
prohibitions against the French and Catholics (Immigration, Refugees, & Citizenship Canada,
n.d.). In contrast, citizens of the other European nations, though not explicitly welcomed, were not
prohibited either, and people of colour were not even considered (Verbeeten, 2007). The following
quote from Prime Minister William Mackenzie King in a 1942 Parliament session affirms

Canada’s overt preference to remain a “White-European” country:
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“There will, I am sure, be general agreement with the view that the people of Canada do not
wish, as a result of mass immigration, to make a fundamental alteration in the character of our
population. Large-scale immigration from the Orient would change the fundamental composition
of the Canadian population.” (Mackenzie King, 1947).

This systemic favouritism towards the ethnic English was also reflected in the labour
market of the time. The limited amount of literature suggests that the minority groups in post-
Confederate Canada (e.g. the non-English), particularly the French and the Aboriginals, did indeed
face poorer labour market outcomes than the majority British-English descendants. For example,
the historical accounts suggest that the French dominated the logging industry, which represented
a ‘lower-class’ of occupations that was correlated with poverty (Newton, 2016). As an affirmation
of discrimination towards the French, popular author, Madison Grant, commented in 1917 that the
French Canadians are “a poor and ignorant community of little more importance to the world at
large than are the Negroes in the South” (Newton, 2016). This was his opinion of the French
Canadians’ inferior ability to make economic contributions—Ilikening them to the African Blacks
who were generally considered the most inferior race by White-Europeans of the time (Christensen
& Weinfeld, 1993).

Regarding the Aboriginals, some well-known examples of widespread, state-supported
discrimination included: forced assimilation to English culture through residential schools
(Zalcman, 2016), forced relocation to economically and infrastructurally underdeveloped
“reserved lands” (Denov & Campbell, 2002), and widespread barriers to higher education and job
opportunities (Fan et al., 2017), all of which directly diminished their socioeconomic outcomes.
Similar situations were also experienced by other sizeable coloured groups, namely the early Black

Canadians, and the early Chinese Canadians. Even as so-called “free Blacks” after the abolishment
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of slavery, most of the Black Canadians were only able to find work in menial labour jobs
(McFarquhar, 2007), were frequently denied access to higher education merely for being Black,
and overall were prevented from assimilating into the mainstream society because the majority
European descendants perceived them as second-class, and sometimes even subhuman citizens
(Christensen & Weinfeld, 1993; Thornhill, 2008). The Chinese settlers, who were brought into
Canada as indentured labourers to help construct the railroads encountered similar state-supported
discrimination. The nation in general became discontent with the Chinese’ presence in their
society, which lead to widespread anti-Chinese protests, and the government imposing “head
taxes” to prevent them from settling in Canada (Canadian Museum of Immigration, n.d. -a; Mar,
2007). It is important to note that the government in Canada did not legislate any ‘prohibited
grounds of discrimination’ until the Bill of Rights in the 1960 (Canadian Museum of Immigration,
n.d. -b), which meant that disfavouring people based on their ethno-racial backgrounds was
technically not illegal.
2.2.2. Immigration Reforms, Multiculturism, and Employment Equity

The turning point for Canadian ethno-racial demographics came in 1962, when the Minister
of Citizenship and Immigration, Ellen Fairclough, introduced legislation to admit immigrants
based mainly on their skillsets without discriminating on their ethno-racial backgrounds or
nationalities (Canadian Museum of Immigration, n.d. -b). The primary reasons for such reform
were: to help supply the increasingly urban, service-sector economy with skilled immigrants, and
to conform to the emerging post-Holocaust human rights policies in the Western world (Canadian
Museum of Immigration, n.d. -b; Gabriel, 2015; Triadafilopoulos, 2010). This immigration reform
was supplementary to Canada’s adoption of the Bill of Rights in 1960, which prohibited

discrimination on the basis of: race, religion, colour, national origin, and sex. From there on,
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additional legislations continued to reinforce these laws, which were aimed at establishing and
enforcing prohibited grounds of discrimination throughout the entirety of Canada’s society. Some
notable examples include: the Canadian Multiculturalism Policy in 1971, the Canadian Human
Rights Act in 1977, the Charter of Rights & Freedoms in 1982, and the Canadian Multiculturalism
Act in 1988, all of which added more protections on ethno-racial grounds to Canada’s social,
political and economic organizations, primarily to serve those of non-European descent—a rapidly
growing population (Canadian Museum of Immigration, n.d. -a).

Moreover, in 1986, the federal government introduced the Employment Equity Act (EEA),
then later amended it in 1995. This Act formalized the concept of “visible-minorities”—who
became one of four protected groups along with women, Aboriginals, and persons with
disabilities. The goal of this Act was to mitigate the labour market disparities amongst these
historically disadvantaged groups—in other words, to require the federally-regulated organizations
(and federal contractors) and to encourage the other organizations to proportionally (to
demographic makeup) employ these protected groups, and to provide ‘equal pay for equal work’
(Employment Equity Act, 1995; Lum, 1995). In accordance with this new official method of
defining ethno-racial classifications, the 1996 Census showed that 11.2% of the population
proclaimed visible-minority status, with the most populous groups being the: Chinese, South
Asians, Blacks, Arabs/West Asians, and Filipinos (Statistics Canada, 1998). Moreover, just under
4% of the population proclaimed full or partial Aboriginal descent. This meant that the new
“majority” became officially defined as all those with only (and sometimes partial) White-
European descent, who constituted the remaining 85% of the population. The ensuing discussion
will focus only on comparing visible-minorities to the majority, separating the “visible-minorities”

into subgroups where enough literature exists on a subgroup.
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2.2.3. Labour Market Disparities: post-1962

Despite Canada’s series of legal reforms as mentioned above, the earliest studies that
compared the labour market outcomes of Canada’s various ethno-racial groups using specific
measures indicated that: non-White-Europeans (as a whole) generally had lower average & median
earnings (but not amongst the self-employed), higher unemployment rates, and lower returns-to-
education than their European-descent counterparts (Daenzer, 1991; Herberg, 1990; Maxim, 1992;
McDade, 1988). The common explanations for the penalties experienced by these minority groups
were that, the vast majority of them were immigrants with foreign credentials incompatible with
Canada’s labour market, and/or they had an insufficient understanding of Canadian culture and
language. The other common explanation was that these minorities, especially Blacks and South
Asians, experienced more ‘taste-based’ ethno-racial discrimination in the labour market (Boyd,
1992; Christofides & Swidinsky, 1994; Daenzer, 1991; Herberg, 1990; Maxim, 1992; McDade &
Institute for Research on Public Policy, 1988). Moreover, Howland & Sakellariou (1993)
downplayed the theory that a large part of these ethno-racial disparities was due to most visible-
minorities concentrating in lower-paying occupations, by showing that such disparities existed
even within narrowly-defined occupational fields (Howland & Sakellariou, 1993).

Given that, when the study samples were separated by gender, generation status, and ethno-
racial identity, some novel conclusions arose. For example, the visible-minorities born in Canada
generally did not experience the penalties seen in their first-generation counterparts (Boyd, 1992),
and when separating by gender, the disparities amongst the female minority groups existed but
were lower compared to those amongst the male minority groups (Christofides & Swidinsky,
1994). Other more specific exceptions included: raw Statistics Canada data from 1970 showing

that although all White-European subgroups did earn more than the Asian-subgroup amongst
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immigrants, the Asians became one of the top-earning groups amongst the Canadian-born
(Richmond & Verma, 1978); a 1974 report from Canada’s Department of Manpower &
Immigration showing that the incomes of West-Indian immigrant-families were higher than those
of the Greek and Italian immigrant-families (Clairmont & Wien, 1976); the 1981 Census showing
that amongst university-educated immigrant males, and amongst university-educated Canadian-
born males, the Portuguese had lower incomes than all visible-minority subgroups except the
Southeast Asians (Winn, 1985). Regarding these earlier studies, it is important to note that they
used little or no statistical controls, and often made speculations on specific ethno-racial groups
using small sample sizes, hence the inconsistencies in the earlier literature.
2.2.4. Labour Market Disparities: post-1990

By the 1990s, more detailed and extensive statistics began to emerge that allowed the
researchers to make statistically significant and more statistically-controlled conclusions on
individual ethno-racial groups, even when separating males from females, and immigrants from
the Canadian-born. Although the disparities between visible-minorities as a whole and the majority
still existed, novel conclusions could now be made thanks to higher populations of individual
visible-minority groups, and the emergence of generation 1.5+. Beginning with the 1991 Census,
Pendakur & Pendakur (1998) found that amongst Canadian-born males, the Chinese and Blacks
earned significantly less than the British descendants, with insufficient sample sizes for the other
visible-minority subgroups. However, all immigrant visible-minority subgroups amongst males
showed significantly less earnings than the Canadian-born British descendants. To compare,
immigrant European males (except Greeks and Balkans) earned almost as much as the Canadian-
born British descendants. Amongst females, all visible-minority immigrant subgroups (except

Chinese) earned less than the Canadian-born British females, but all of the Canadian-born visible-
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minority subgroups did not show such a disparity, though the sample sizes for most of them were
too small. Similar to the males, the immigrant European subgroups (except Spanish) amongst
females earned almost as much as the Canadian-born British females.

In another study, Hum & Simpson (1999) were able to conduct a similar analysis using the
1993 Survey of Labour and Income Dynamics, but this time with bigger subgroup sample sizes.
They subdivided the ‘visible-minority’ group into six distinct categories to compare with those of
White-European descent, in subsamples split by: males & females, and immigrants & Canadian-
born. They found that amongst males born in Canada, only Blacks faced a significant earnings
penalty, with no significant evidence of penalties in other visible-minority groups. Also, there was
no significant evidence of penalties amongst any of the Canadian-born female groups. However,
amongst immigrant males, the Southeast Asian, Black, Chinese, and Indo-Pakistani subgroups
faced significant earnings penalties—and amongst immigrant females, only the Southeast Asians
showed a significant earnings penalty versus the White-European females.

Similar trends continued into the 1996 Census as well, with Swidinsky & Swidinsky (2002)
showing the following: amongst immigrant males, Blacks experienced the greatest earnings
penalties, and South Asians followed by the Chinese experienced the least. Amongst Canadian-
born males, Blacks were the only group showing a statistically significant earnings penalty.
Amongst immigrant females, Blacks were the only group showing a statistically significant
earnings penalty. Amongst the Canadian-born females, there were no statistically significant
results. Another key finding was that amongst both males and females, earnings generally
increased as the age-at-immigration decreased. Note that other visible-minority subgroups are not
being discussed because they did not yield statistically significant results, primarily due to

insufficient sample sizes.
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To summarize, the key takeaways from the labour market outcomes of Canada’s ethno-
racial groups towards the end of the 20" century are as follows. Visible-minorities as a whole
experienced significant penalties in earnings versus their White-European counterparts. In addition
to earning less from employment despite controlling for several sociodemographic factors, visible-
minorities as a whole also experienced greater rates of unemployment (although the studies
comparing unemployment rates are limited). To elaborate, it was found that the greatest penalties
were amongst visible-minority immigrants, namely those who immigrated at a higher age. Later
analyses of individual ethno-racial groups showed that Blacks experienced the greatest penalties
amongst both immigrants and amongst natives, as well as amongst males and amongst females. In
contrast, the Chinese generally experienced the least penalties amongst immigrants, and showed
little evidence of penalties amongst the Canadian-born, especially the females. Amongst South
Asians, both males and females showed varied results, with earnings penalties generally
experienced by the immigrants, and mostly insignificant results yielded from the Canadian-born
groups. In everyone overall, the earnings disparities were smaller amongst the females, compared
to the males. Most of these groups experiencing earnings disparities did so despite the fact that the
authors controlled for several sociodemographic variables. Thus, most studies hinted at ethno-
racial discrimination as a major contributor to these disparities. It is important to note that these
conclusions hold true according to most of the analyses—some studies are inconsistent mainly
because of differences in the sample cases studied and differences in analytical methods such as
the control variables used.

2.3. Labour Market Outcomes in the 215t Century
As per Canada’s first Census of the millennium, in 2001, the proportion of Canadians

proclaiming visible-minority status had expectedly increased, to approximately 13.5% (Statistics
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Canada, 2001). The largest individual groups were still (from largest to smallest): the Chinese,
South Asians, Blacks, and Filipinos who collectively represented nearly 10% of Canada’s
population. Moreover, as these groups became increasingly populous in Canada, the Canadian-
born and generation 1.5 members of these groups also increased in population, which paved the
way for more significant conclusions on their socioeconomic outcomes. To begin, Skuterud (2010)
analyzed the earnings of generations 1.5, 2, & 3+ Chinese, South Asians, Blacks, and non-visible-
minorities (Whites) using the 2001 and 2006 Canadian Censuses. He showed that in 2001, all
generations within each of the three visible-minority subgroups earned significantly less than the
third-and-higher generation White males, even when ‘occupational’ controls were included. Also,
while the Chinese and Blacks showed evidence of upwards intergenerational advancement, South
Asians showed intergenerational degeneration. Similar earnings penalties for each of the three
visible-minority groups were found in the 2006 Census as well, except that South Asians now also
showed evidence of upwards intergenerational advancement. Generally speaking, and barring
some minor subgroup exceptions, Blacks had the highest penalties, while the Chinese had the
lowest. These conclusions were also generally applicable to the female subgroups, although the
disparities were not as large and were also less significant, especially for the Chinese.

Similar findings were echoed by Pendakur & Pendakur (2011), who compared earnings
amongst only the Canadian-born ethno-racial groups. Using the 2006 Census, they showed that
compared to British-origin men, all male visible-minority subgroups faced significant earnings
penalties. In order from greatest deficit to least, they were: Blacks (of all origins), Southeast
Asians, South Asians, Latinos, Arabs/West Asians, Other Asians, and Chinese. Compared to
British-origin females, the female visible-minority subgroups showing significant earnings

penalties were (from greatest deficit to least): Blacks (of all origins), and Arabs/West Asians. The
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Chinese females, followed by the Other Asian females showed significant earnings premiums,
while the remaining subgroups were statistically insignificant. Again, the disparities between the
female groups were not as large as between the male groups. Another novel conclusion from
Pendakur & Pendakur’s (2011) study was that, generally speaking, the earnings penalties of the
visible-minority subgroups had not improved since the 1996 Census. To add to this, Hou &
Coulombe (2010) also analyzed the 2006 Census and showed that the visible-minorities” earnings
penalties mostly come from the private sector, with public sector penalties only being seen in Black
men and in Black women.

A subsequent analysis by Pendakur & Pendakur (2016) used the 2006 Census again, but
this time they separated the visible-minority subgroups into age-at-arrival cohorts. They found that
versus Canadian-born White males, each of the immigrant male visible-minority subgroups faced
significant earnings penalties regardless of the age at which they immigrated to Canada, and that
these penalties increased as the age-at-arrival increased. The Canadian-born Black males and the
Canadian-born South Asian males also experienced significant penalties, while the Canadian-born
Chinese males were insignificant. Versus the Canadian-born White females, all of the immigrant
and Canadian-born Black females faced earnings penalties, the South Asian females only showed
a significant penalty if they immigrated as adults, and the generation 1.5+ Chinese females showed
earnings premiums, while a significant penalty was seen in those Chinese females who immigrated
after the age of 30. Generally speaking, the earnings penalties of the female subgroups were again
lower in magnitude compared to those of their male counterparts.

The next comprehensive national survey was the 2011 National Household Survey (NHS),
which was not mandatory, unlike the prior Censuses. Therefore, several biases may exist in this

survey because as identified by Block et al. (2014), certain subgroups such as low-earners may
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have been less likely to participate. However, since my research is based on the also non-
mandatory 2013 National Graduates Survey, it would be informative to review the 2011 NHS.
Nonetheless, after limiting the NHS sample to only those with a bachelor’s degree, and controlling
for other sociodemographic characteristics, Yu (2018) found that amongst immigrants, Black
males faced the greatest earnings penalties, followed by Chinese males, followed by South Asian
males—versus non-visible-minority males. No female immigrant groups showed significant
evidence of earnings differences versus non-visible-minority females. Amongst the Canadian-born
males, Blacks were the only group showing a significant earnings penalty, while the Chinese males
were the only group showing a significant earnings premium. Amongst the Canadian-born
females, the Chinese women showed an earnings premium, the only significant result.

To summarize, the earnings analyses from the 21% century allowed for more significant
conclusions on generation 1.5+ visible-minorities. Amongst generation 1.5+ males, Blacks
experienced the greatest earnings penalties, followed by South Asians, and the Chinese
experienced the lowest, if at all. Amongst male immigrants, the conclusions did not change much
since the 1990s with almost all visible-minority subgroups showing earnings penalties. Amongst
generation 1.5+ females, Blacks experienced the greatest earnings penalties, with mostly
insignificant results for the South Asian females, and mostly earnings premiums for the Chinese
females. Amongst female immigrants, the earnings penalties were mostly experienced by Blacks,
while the South Asian and Chinese females only experienced penalties if they arrived later in their
adult years. Once again, the females’ penalties were lower in magnitude compared to the males’
penalties. Overall, the earnings analyses discussed above justify the need to separate generation
1.5+ from the first-generation when analyzing their incomes—as the former’s disparities appear

to be much smaller in magnitude.
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2.3.1. Unemployment Rates

It is not enough to simply compare earnings since this narrows the focus, only to those who
were employed—and not those who did not have a job to begin with. The following charts compare
the most recent Canada-wide data on the unemployment rates of Canada’s most populous ethno-
racial groups, derived from the 2006 Census, the 2011 National Household Survey, and the 2016

Census, respectively. The “count” rows show the number of respondents who were ‘in the labour

market’.
Table 1: Unemployment Rates, 2006 Census (Statistics Canada, 2006):
NON-IMMIGRANTS
South Asian Chinese Black Non-Visible-Minority
Female Male Female Male Female Male Female Male
Count 46,420 48,125 51,340 56,435 54,835 53,345 6,149,025 | 6,793,540
Rate 9.9% 10.8% 7.4% 8.4% 11.4% 13.1% 6.1% 6.5%
IMMIGRANTS
South Asian Chinese Black Non-Visible-Minority
Female Male Female Male Female Male Female Male
Count | 238,725 309,505 247,215 257,255 140,785 135,055 693,315 825,280
Rate 10.8% 6.3% 7.9% 6.8% 10.5% 8.9% 5.8% 4.5%

Table 2: Unemployment Rates, 2011 National Household Survey (Statistics Canada, 2011b):

NON-IMMIGRANTS
South Asian Chinese Black Non-Visible-Minority
Female Male Female Male Female Male Female Male
Count 61,645 64,750 62,990 68,820 66,610 65,420 6,330,205 | 6,901,970
Rate 11.6% 13.2% 9.5% 9.3% 13.5% 15.9% 6.7% 7.9%
IMMIGRANTS
South Asian Chinese Black Non-Visible-Minority
Female Male Female Male Female Male Female Male
Count 288,400 366,075 266,420 268,500 163,320 157,415 666,155 767,845
Rate 12.3% 7.8% 8.7% 7.1% 12.3% 11.4% 6.7% 6.1%
Table 3: Unemployment Rates, 2016 Census (Statistics Canada, 2016):
NON-IMMIGRANTS
South Asian Chinese Black Non-Visible-Minority
Female Male Female Male Female Male Female Male
Count 86,550 92,935 80,790 87,070 93,610 89,795 6,298,665 | 6,851,940
Rate 11.2% 11.9% 8.0% 9.0% 12.9% 16.2% 6.4% 8.4%
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IMMIGRANTS
South Asian Chinese Black Non-Visible-Minority
Female Male Female Male Female Male Female Male
Count 343,110 441,860 298,190 291,685 199,870 198,290 647,035 755,220
Rate 11.0% 6.7% 7.6% 6.8% 11.2% 10.8% 6.2% 6.0%

These statistics make it clear that visible-minorities are more likely to be unemployed than
non-visible-minorities, with Blacks and South Asians having the highest rates of unemployment,
especially if they are Canadian-born. Generally, immigrants of every ethno-racial group seem to
have better employment rates than their Canadian-born counterparts, perhaps because Canada’s
non-immigrants are generally much younger than the immigrants—and Canada’s youths have long
had higher unemployment rates than everyone else (Bernard, 2013; Statistics Canada, 2011c).
However, immigrants may be more likely to be underemployed due to barriers like foreign-
credential devaluation (Guo, 2009). Moreover, all of the Chinese subgroups, and the immigrant
South Asian males have the lowest unemployment rates amongst the visible-minority subgroups.
Nevertheless, it is difficult to draw substantive conclusions from unemployment rates because,
being employed may not necessarily be a “positive” outcome if the individual is underemployed,
and being unemployed may not necessarily be a “negative” outcome if the individual is highly
selective in applying for and accepting jobs.

2.4. Possible Reasons for Disparities

Prior to the legal reforms to explicitly prohibit ethno-racial discrimination across Canada,
such discrimination by the majority, or racism, was a plausible explanation for the socioeconomic
shortcomings of minority ethno-racial groups. However, even after the introduction of several
legal reforms as discussed above, the ethno-racial disparities continued to manifest. This section
will review some potential explanations for why these disparities may exist, particularly for those
visible-minorities who have Canadian credentials and experiences (generation 1.5+). Note that this

discussion focuses mainly on larger factors that previous studies generally have not controlled for.
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However, it is important to acknowledge that even when the usual controls are included (e.g.
human capital, sociodemographic characteristics, etc.), there is also the possibility of variation
within the individual control variables. Thus, such unaccounted-for variation may be a contributor
to differences in labour market outcomes. Nevertheless, this discussion will not delve into the
various ways with which people can differ within the control variables, as such a discussion would
go beyond the scope of this paper (e.g. even if level of study is held constant, there will still be
differences in field, majors/minors, grades, school reputation, and so on.).

Firstly, the explanation that ethnic minorities face disproportionate ethno-racial
discrimination is highly plausible given the results of controlled experiments from many Western
countries, which show that minority ethno-racial groups are disfavoured on the basis of their ethno-
racial, cultural, and/or religious identities. The reason for focusing on controlled experiments is
because they make it difficult to implicate other unaccounted-for explanatory variables. To provide
some examples, job-application experiments in Canada and other Western countries have shown
that resumes of people with names that belong to the dominant culture and/or religion (e.g.
Anglo/Christian in Canada) receive significantly more call-backs than do the equivalent resumes
of people who have names associated with a minority culture and/or religion—and so the
minorities’ call-backs improve if they “Whiten” their names. Even the minority resumes without
any foreign experiences are subject to such discrimination (Bertrand & Mullainathan, 2003; Kang
et al., 2016; Oreopoulos, 2011; Wright et al., 2013). Similar ethno-racial biases have been shown
beyond the resume-screening stages and into the interview stages—where experiments have shown
that ethnic minorities, particularly those with foreign accents, “foreign” body language styles,
and/or darker skin are significantly more likely to be viewed unfavourably by the interviewers

even when they have greater job-relevant credentials (Bye et al., 2014; Derous et al., 2017
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Manroop et al., 2013; Segrest Purkiss et al., 2006). Beyond the job application process and into
the job itself, experiments have shown that minority ethno-racial groups may be more prone to
receiving lower performance ratings for the same performance level, particularly if their raters are
of the majority ethno-racial group (Lynn & Sturman, 2011; Stauffer & Buckley, 2005). In Canada
as a whole, because Whites hold more senior-level positions in organizations than minority groups
(Reitz e. al., 2011), they are probably the major force influencing this discrimination against the
non-White groups. Such experiments help support the well-documented “Glass Ceiling” and
“Sticky Floor” effects, which show that visible-minorities are significantly less likely to advance
in the organizational hierarchies than their White counterparts (Yap & Konrad, 2009).

Whether the ethno-racial discrimination discussed above is the result of conscious or
unconscious attitudes is a topic to be explored by psychological study—but that does not change
the essential point, that ethnic minorities are subject to unfair judgements as their ethno-racial
background becomes a determining factor for their occupational and thus labour market outcomes.
In addition to scientific racism, under which particular groups are disfavoured due to beliefs that
their ethno-racial backgrounds, or other closely related factors such as religion, are “inferior”
(Jackson & Weidman, 2005), theories about similarity-attraction from social psychology provide
another perspective for such bias. That is, people are more likely to be attracted to those with
similar attitudes, beliefs, personality traits, and thus ethno-racial identities, simply because one’s
comfort is greater amidst such familiar people (Lintott, 2015; Montoya & Horton, 2012). This
perspective implies that ‘unfamiliar’ people may not necessarily be considered “inferior”, but
rather too different for comfort (Lintott, 2015). Given that, a “minority” in any society may, by
definition, be subject to less favourable socioeconomic outcomes, simply because the “majority”

would rather connect with other members of that majority due to their commonalities. In other
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words, the minority groups would find less people willing to associate with them because they are
less likely to encounter people similar to them, as opposed to the majority group (Hou &
Balakrishnan, 1996)—this phenomenon has also been used to explain ethnic minorities’ lack of
social capital (Nakhaie, 2007). Perhaps such similarity-attraction is why employees have been
shown to have better occupational outcomes when their managers are of the same ethno-racial
backgrounds (Giuliano et al., 2011; Zatzick et al., 2003). Moreover, there is evidence to support
that having social ties in organizations may result in higher starting salaries and greater chances of
promotion (Seibert et al., 2001; Seidel et al., 2000).

Finally, there are other often-overlooked explanatory variables that may need to be
included in the analyses for labour market outcomes, before attributing the aforementioned labour
market disparities solely to ethno-racial discrimination. For example, the specific number of hours
worked has been seldom controlled-for when comparing the earnings of different groups. Broad
classifications have been used instead, usually in the form of “part-time” and “full-time”. This is
highly problematic because various analyses show that increases in hours-worked, within these
“part-time” and within these “full-time” categories, have notable increases in income (Francis,
2006; Gicheva, 2013). For example, according to 2000-2002 data from the US-based National
Bureau of Economic Research, a male who worked 55 hours per week earned 24.5% more than an
equivalent male working normal hours (Francis, 2006). Most Statistics Canada datasets would
classify both of these cases as “full-time” workers, which is evidently flawed. From an ethno-racial
perspective, because there is some evidence that groups differ in their hours-worked (in the US at
least), even when accounting for full/part-time status (Bureau of Labor Statistics, 2018; Tom,
2015), the notion that ethno-racial disparities in income may partly be explained by differences in

hours-worked should be further explored. Moreover, with regards to (un)employment status, many
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of the existing studies fail to account for the “choosiness” of job seekers—which basically denotes
the level of selectivity job seekers exercise when applying for and accepting jobs, or opting to
work at all. Though studies comparing the levels of choosiness for job seekers of different ethno-
racial groups are scarce, general studies do show that such choosiness can be a significant
determinant of whether people are unemployed or not (Dunn, 2015; Jayasingam et al., 2016). Thus,
it is important that the aforementioned explanatory variables be further explored when assessing

labour market outcomes.
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3. RESEARCH DESIGN

The overarching research question of this paper—"how do the ethno-racial backgrounds
of recent post-secondary graduates in Canada affect their labour-market outcomes? "—will be
explored using the 2013 National Graduates Survey (NGS). Given the stark differences between
the labour market outcomes and other sociodemographic features of first-generation visible-
minority immigrants versus their child-immigrant and native-born counterparts, this study will
focus on the latter (generation 1.5+) for analysis—a more detailed explanation for this will be
provided shortly. The “visible-minorities” will be divided into the three most-populous
subgroups—the Chinese, South Asians, and Blacks, who will be compared to their White
counterparts, separately by gender. Those who identify with other groups and/or multiple groups
will be amassed into a category of their own. The two labour market outcomes in question are:
annual employment income and (un)employment status. The combination of these two outcome
variables make this study unique because, most of the past research on this topic focused solely on
comparing income. Such analyses can be misleading because they only consider those who had
obtained employment to begin with. Adding controlled comparisons of (un)employment status can
produce a more informative description of the conditions of labour market participants. The
analyses of annual earnings will be conducted using OLS Multiple Regression, and the analyses of
employment statuses will be conducted using odds ratios derived from Binary Logistic Regression.

Race & Gender Variables

In most of the past research on this topic, the entire samples were split so that the male
visible-minority subgroups were compared to White males, and the female visible-minority
subgroups were compared to the White females. To better contribute to the literature, 1 will include

a slightly different approach to my analyses. Particularly, I will not split the sample by male and
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female at first, but rather create a distinct variable for males of each respective ethno-racial group,
and females of each respective ethno-racial group (e.g. a pooled model)—with White males as the
reference category. My pooled analysis is simply to view the outcomes of all subgroups in
comparison to White males, who are historically the most advantaged group in the labour market.
Given that, I also acknowledge the importance of being able to compare my results to past studies.
Therefore, 1 will still provide analyses for each outcome variable, separated by gender. Separating
the analyses by gender also helps to view the relationship between the dependent and independent
variables without having these variables’ values influenced by the other gender.
3.1. Previous Research on Recent Graduates

Previous labour market studies on Canada’s recent (however the authors define “recent”)
graduates do exist, but they differ from my research in several ways. First of all, most of them do
not subdivide the visible-minority category into its subgroups, which is highly important due to
the amount of heterogeneity within this single label. Secondly, the ones that do make more detailed
subgroup distinctions base their research on very specific subsamples from which only “niche”
conclusions can be made—such as region specific (Krahn & Maximova, 2005), university specific
(Grayson, 2004), occupational industry specific (Li, 2012), level of education specific (Twa et al.,
2017), or field of study specific (Stenstrom et al., 2013) among others. These types of studies are
not as helpful in making conclusions on ethno-racial disparities in Canada’s labour market as a
whole, because they are too narrow.

Despite those limitations, the following are some conclusions from a few studies which are
the most similar to mine. Firstly, Walters et al. (2004) used the 1995 NGS to show that the non-
visible-minorities had no significant earnings difference versus the visible-minorities (as a whole),

but without any controls, the visible-minorities showed a significant earnings advantage. However,
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when they compared unemployment rates, they found that the visible-minorities were slightly
more likely to be unemployed versus their (gendered) non-visible-minority counterparts. Next,
Krahn & Maximova (2005) used the 1997 Alberta University Graduate Survey and showed that
without any controls, the non-visible-minorities generally had an earnings advantage, but with
controls, that advantage mostly disappeared. Using the 2000 NGS, Walters & Zarifa (2008)
showed that after controlling for several sociodemographic variables, the visible-minorities faced
a significant earnings penalty. Similarly, Frank & Walters (2012) used the 2005 NGS but focused
only on Ontario’s graduates. They produced similar results, with the visible-minority group facing
a significant earnings penalty in the fully-controlled models.

As seen by these previous analyses, although inconsistent, there does seem to be some
evidence of earnings penalties for recent graduate visible-minorities, especially in more recent
analyses. However, these studies did not separate the “visible-minority” variable into its
subcategories, and most of them did not account for the generation-status of respondents either.
This makes it difficult to derive useful conclusions, as this paper has discussed.

Hypotheses

In accordance with the findings from most of the other national surveys leading up to the
2013 NGS, | expect that my study will find that significant ethno-racial disparities do exist in
earnings and in (un)employment status. However, because my sample is narrowed down to recent
graduates who were full-time students just three years prior (and relatively younger), | expect these
disparities to be smaller because of the greater homogeneity in life experiences that such a sample
would have. Given that, amongst males, | predict that the Black males will once again be the only
(statistically significant) subgroup with an earnings penalty versus White males, irrespective of

controls. Amongst the females, | predict all subgroups will have an earnings penalty versus White
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males irrespective of controls. However, versus White females, | predict that the Black females
will be the only subgroup with an earnings penalty, and the Chinese females the only subgroup
with an earnings premium, again irrespective of controls. This is simply in accordance with the
previous literature, particularly Yu’s (2018) findings using the 2011 NHS, which was also a
nationwide non-mandatory survey like the 2013 NGS.

For the second outcome of (un)employment status, I predict that all visible-minority male
and female subgroups will show significantly higher odds of being unemployed versus White
males. When separating females, | predict that all visible-minority female subgroups will show
significantly higher odds of being unemployed versus White females. Not only does the raw data
from previous nationwide surveys support this, but | make this prediction even if all my controls
are applied, because of the aforementioned experiments showing that ethnic minority job
applicants receive significantly fewer call-backs despite having equivalent resumes, and that such

ethno-racial discrimination continues even if they are invited to an interview.

30



4. THE DATASET

The 2013 NGS was a nation-wide survey administered to 28,715 respondents who had
graduated from a Canadian postsecondary institution in the 2009-2010 academic year. The survey
was done approximately three years after these graduation dates, via telephone on a voluntary
basis. The respondents were asked detailed questions regarding their labour market outcomes at
several time points, including: before graduation, immediately after graduation, and at the time of
the survey. They were also asked questions regarding their academic program that commenced in
2010 (e.g. relative GPA ranking, field of study, type/level of credential obtained), and their
sociodemographic characteristics (e.g. marital status, residence, ethnic origin, etc.). The following
chart from Statistics Canada provides a brief summary of some basic characteristics of the survey’s

respondents. Note that the ‘number of graduates’ figures have been multiplied by the weight

variable assigned to this dataset by Statistics Canada:

Figure 1: 2013 National Graduates Survey Summary Statistics

Level of Study Statistics 2010

Number of graduates 136,300
Females (percent) 56
Colle Average age at graduation (years) 28
ge Median age at graduation (years) 24
Under age 25 at graduation (percent) 55
Pursued further education after graduation (percent) 35

Number of graduates 194,600
Females (percent) 61
. Average age at graduation (years) 26
Bachelor's Median age at graduation (years) 24
Under age 25 at graduation (percent) 59
Pursued further education after graduation (percent) 48

Number of graduates 48,200
Females (percent) 62
. Average age at graduation (years) 32
Master's Median age at graduation (years) 28
Under age 25 at graduation (percent) 16
Pursued further education after graduation (percent) 31

Number of graduates 6,200

Females (percent) 51
Average age at graduation (years) 34
Doctorate Median age at graduation (years) 32
Under age 25 at graduation (percent) F
Pursued further education after graduation (percent) 16
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To reiterate, there are a few purposes for using the 2013 National Graduates Survey to
study ethno-racial disparities in the labour market. Firstly, there are not many studies which
compare the ethno-racial groups’ labour market outcomes when they are all recent graduates,
which is a unique timeframe. Note that | loosely use the phrase “early-career” because over half
of the 2013 NGS’ respondents were under the age of 25 at the time of their graduations. It is
important to study this demographic because, most of the new entrants into Canada’s labour-
market are postsecondary “school leavers” (Employment & Social Development Canada, 2015).
Thus, if any changes to the currently known patterns in Canadians’ labour market outcomes are
being made, an ideal place to look would be at the root—the “root” being new entrants into the
labour market—or in other words, the ‘future’ of Canada’s labour market. This is partly because,
research suggests that one’s early-career labour market success has a strong influence on their
later-career labour market success (Schmillen & Umkehrer, 2017; Stumpf & Tymon, 2012;
Verbruggen et al., 2015). Therefore, if certain ethno-racial groups have poorer (or better) outcomes
as new postsecondary graduates, this relative inferiority (or superiority) may continue indefinitely.
There are also other issues unique to recent graduates such as student-loan debts, which can be
helped by early-career success. Another reason for focusing on recent graduates is that, this
demographic is relatively younger and more homogenous in terms of skills and knowledge than
the society as a whole—which naturally mitigates the impact(s) of other unaccounted-for
explanatory variables (e.g. life experiences) when analyzing their outcomes. For example, in the
2013 NGS, the median age-at-survey for college-level and bachelor-level graduates (who makeup
86% of the entire weighted survey) was 27, each. Generally speaking, these younger subjects
would not be expected to have large disparities between themselves in terms of their professional

experiences, especially if they were full-time students just three years prior.
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5. METHODOLOGY

5.1. Sample Inclusion Criteria

Before beginning the analysis, | will establish my subsample (cases) for analysis. The

following list presents the specific variables used to exclude unwanted cases from the dataset, and

the rationales for doing so. The goal is to reduce the (non-ethno-racial) heterogeneity between the
sample’s cases as much as possible, while also keeping the sample size sufficiently large for robust
statistical analyses, wherever possible.

e Any education completed in a non-Canadian institution prior to 2010 graduation? Those
who answered “none” were retained, and the rest filtered out. This question had options dating
back to elementary school, which is why I use it as my “generation 1.5+ filter. In other words,
anyone who finished elementary school or any level of schooling above that in a non-Canadian
institution were filtered out. Using this filter helps to mitigate the “foreign human capital”
argument that is often made to justify the (immigrant) ethnic minorities’ shortcomings.
Moreover, 93% of the subsample that remained after applying this filter was born in Canada,
which helps to dispel the “foreign cultural capital” arguments as well.

o The reason for not using only those born and raised in Canada (e.g. entirely second-
generation) instead is because, then the sample size becomes too small for statistical
robustness. Regardless, research has suggested that roughly speaking, generation 1.5
does not differ substantially in their labour market outcomes, versus their Canadian-
born counterparts—>but they do differ substantially from those who arrive in their later
teen or adult years (Fortin et al., 2016; Pendakur & Pendakur, 2016). There is also
evidence to show that those who immigrate by age 12 show almost no linguistic

shortcomings (Johnson & Newport, 1989).
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Were you enrolled in your academic program on a full-time basis, part-time basis, or
combination of both? Only those who were enrolled on an entirely full-time basis were
retained. The reason for this was to further reduce the heterogeneity in the cases’ explanatory
characteristics by limiting the subsample only to the “traditional” full-time-only students.
Specifically, the students who were not entirely enrolled full-time may have been spending
more time obtaining other skills and experiences—maost notably through employment (Fortin
& Ragued, 2017; Geel & Backes-Gellner, 2012). Although there is a variable to account for
one’s length of work experience (when predicting labour market outcomes), other aspects
would be difficult to account for, such as: volunteer experiences, knowledge and abilities
obtained, and networks developed among others. On the other hand, there is also evidence that
certain students who work while in school may end up with poorer labour market outcomes
after graduation (Fortin & Ragued, 2017; Hordosy et al., 2018). Therefore, to reduce any
positive or negative biases in the analyses of labour market outcomes, | have decided to
eliminate such people altogether.

Did you take any leaves-of-absence during the academic program? Only those who did not
were retained. The reason for eliminating those who did take any leaves is identical to the
rationale for eliminating those who had studied as part-time students, as explained above.
Currently residing in USA? This filter removed all those who lived in the United States, so
that only those living in Canada were retained. The reason for this was simply to focus the
research on the graduates participating in Canada’s labour market. Allowing any foreign
elements into the equation may introduce unwanted bias.

To summarize, after applying all the discussed selection criteria, the new subsample

represents approximately 65% of the entire original dataset. Moreover, in this subsample,
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approximately 93% of cases are Canadian-born, and the remaining 7% are immigrants. The

subsample can be defined as: recent graduates who completed no level of education in a non-

Canadian institution prior to their 2009-2010 graduation, were enrolled entirely as full-time

students during the said academic program, took no leaves of absence during this academic

program, and were residents of Canada at the time of the survey.
The following filter will only be used for the analyses on annual employment income:

e Employed as full-time or part-time workers? this question asked each respondent if they were
employed as full-time or part-time workers at the time of the survey. Those who were part-
time were filtered out for the income analyses only. There are many reasons for this, with the
underlying purpose being to reduce the heterogencity in the cases’ income-determining-
characteristics because part-time workers would naturally be earning less. Moreover, adding
part-time status as a control variable instead would apply a constant affect to the ethno-racial
groups’ coefficients, ignoring the unique ways in which part-time status could be affecting the
different ethno-racial groups. To avoid such problems from heterogeneity in my subsample,
and for overall simplicity, I will constrain my conclusions to only full-time workers.

o This filter was removed from the analyses on (un)employment status, which means that
both the unemployed and the part-timers were added back. All types of workers were
labelled as “employed”, rather than only full-time workers because, outright
unemployment is still a far-cry from part-time employment.

Furthermore, this dataset’s weight variable as assigned by Statistics Canada was rescaled

by dividing the weight assigned to each case, by the mean of all cases’ weights. This method allows

the cases to keep their relative weights constant, without inflating the total number of respondents.

This method is in accordance with Statistics Canada’s reporting standards. Statistics Canada
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estimates and assigns weights to each respondent in its surveys to help make the survey more

representative of the population covered—and not simply representative of the survey sample.

5.2. Dependent Variables

The following is a list and descriptions of the respective variables that correspond to each
of the labour market outcomes being investigated:

e Annualized Employment Income: this question asked respondents their gross annualized
earnings from the occupation(s) held during the survey. This variable includes everyone who
was employed in any capacity, including self-employed. This variable does not include any
non-employment income—which | do not need because | am assessing earnings from the
labour market only. The annual employment earnings which were in CAD, were converted
into their natural logarithms.

e (Un)employment Status: this question asked all respondents whether they were employed,
unemployed, or not in the labour force. For the entire dataset, those who were not in the labour
force were converted into “missing cases” and deleted from all analyses. This variable was
recoded into the following binary format: employed (0) & unemployed (1).

5.3. Explanatory Variables of Interest

The following is a list of the explanatory variables, the ethno-racial classifications of
respondents, which will be used for answering the research question. Along with Whites, distinct
dummy variables were only created for the top-three most populous visible-minority groups in

Canada (and in this survey) while all those who identified with other groups, or with multiple

groups were cumulated into the Other category. Again, approximately 3% of the survey’s

respondents did not identify with any ethno-racial group, so they are not in any of the analyses.

The original questions were recoded as follows (split by gender):
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5.4.

o ldentify as White (1), or not (0)

o ldentify as South Asian (1), or not (0)
o ldentify as Chinese (1), or not (0)

o ldentify as Black (1), or not (0)

o ldentify as anything else/combination of more than one (1), or not (0)

Control Variables

The following is a list of all the control variables, and where necessary, the rationale for

including them. Note that for categorical variables, the respective reference categories (for

regressions) are in bold.

Months of FT work experience before graduation (continuous): This variable was derived
from questions that asked the respondents if they had ever worked full-time before their 2010
graduation, and if so, to state the cumulative length of such experiences in ‘months’ or ‘years’
(answers in ‘years’ were converted back into ‘months’). This variable was included to account
for those who may have a labour market advantage (or disadvantage) after graduation due to
their previous labour market experiences.

Enrollment in school after graduation that is above the high school level, and would take 3
or more months to finish if taken full-time? = “0” if no; “1” if yes: This variable was
included mainly because, those who did pursue further education after their 2010 graduation
would probably have entered the labour market later than those who did not, and/or have
obtained less work experience as a result of being preoccupied with school.

Self-Employed? - “0” if no, “1” if yes: This is an essential control variable because, there
are completely different processes involved in becoming self-employed versus employed—

this paper focuses on the latter. Moreover, Maxim (1992) found that visible-minorities had
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lower wage-labour income than Whites, but no such income disparities were seen amongst the
self-employed.
Fields of study: This question asked respondents to select an option that best corresponds to
their primary field of study in the program from which they graduated in 2010. The reason for
holding this variable constant is because one’s educational field alone has been shown to be a
strong predictor of their labour market outcomes (Lemieux, 2014). Due to the wide range of
answers to this question, and a small number of responses for some options, | condensed the
derived variables into the following ten binary categories:

o “Social & Behavioural Sciences, Law” =2 “0” for no,; “1” for yes

o “Business, Management, & Public Administration” > “0” for no; “1” for yes

o “Architecture, Engineering & Related Technologies” 2 “0” for no; “1” for yes

o “Health & Related Fields” =2 “0” for no; “1” for yes

o “Education” 2 0" for no; “1” for yes

o “Physical/Life Sciences & Tech, Natural Resources” = "0 for no; “1” for yes

o “Mathematics, Computer & Information Sciences” =2 “0” for no; “1” for yes

o “Humanities” =2 “0” for no; “1” for yes

o “Visual/Performing Arts, Communications Tech” =2 “0” for no, “1” for yes

o “PersonallProtective/ Transportation Services, Other” = “0” for no,; “1” for yes
Region of residence: A total of six binary categories were derived from the question asking
respondents where they were residing at the time of the interview (‘job location’ was not used
instead because the self-employed were not asked that). Although the question included
options of outside Canada, only those who answered with a Canadian province or territory

were retained. The rationale for controlling for region-of-residence is because: the income

38



levels and employment rates differ between Canada’s provinces (and broader regions for that
matter), and also because certain ethno-racial groups are known to be concentrated in very
specific regions (Statistics Canada, 2017d; Statistics Canada, 2017e). Thus, it must be ensured
that the analyses do not falsely imply that an ethno-racial group has good (or bad) outcomes,
when it’s their residence location that is influencing them rather than their ethno-racial status.
Due to small sample sizes, Nova Scotia, New Brunswick, Prince Edward Island, and
Newfoundland were amalgamated into “Atlantic Canada’; Manitoba, Saskatchewan, and
Alberta were amalgamated into “Prairies”’; and Nunavut, Yukon, and Northwest Territories
were amalgamated into “Northern Territories”

o “Atlantic Canada” 2 “0” for no,; “1” for yes

o “Quebec” 2 “0” forno; “1” for yes

o “Ontario” > “0” for no; “1” for yes

o “Prairies” 2 “0” for no; “1” for yes

o “British Columbia” =2 “0” for no; “1” for yes

o “Northern Territories” =2 “0” for no; “1” for yes
Education level attained in 2010: The level of one’s credentials has also been shown to be a
strong predictor of their labour market outcomes (Frank & Walters, 2012), and moreover,
Abada et al. (2009) has shown that educational attainment differs between Canada’s
generation 1.5+ ethno-racial groups. This question provided the respondent with several
options, which resulted in too little responses for some of the options. Thus, they were all
condensed into three broader categories. Those who obtained college-level certificates,
diplomas, apprenticeships, or trade school credentials were cumulated into one binary

variable. The next binary variable combined those who attained a bachelor’s degree or a post-
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graduate certificate. Finally, those who attained a credential at the level of a master’s degree
or anything higher were cumulated into one binary variable. They are labelled as follows:

o “Less than Bachelors” 2 “0” for no, “1” for yes

o “Bachelors, Post-grad Certificate/Diploma = “0” for no; “1” for yes

o “Masters, PhD, Professional 2 “0” for no, “1” for yes
Self-reported academic ranking: This question asked each respondent to estimate the
percentile in which their grade-point-average ranked amongst their graduating class. Because
of self-reporting biases, and the fact that StatsCan did not verify what the respondents’ actual
grades were, this question likely did not yield accurate responses. However, this question may
instead be measuring the respondents’ tendencies towards embellishment (or a lack thereof),
while still hinting at their academic ranking (because someone with a high or low GPA would
probably acknowledge that in a rough sense). Job application studies show that the making of
embellishing statements, otherwise referred to as ‘ingratiation’, may result in greater chances
of success in job applications (Varma et al., 2006). Moreover, a positive correlation between
a high GPA and career success has also been documented (Jones & Jackson, 1990; Roth &
Clark, 1998). Therefore, holding such characteristics constant would account for any ethno-
racial differences in this area. The responses to this question were sorted into the following
three binary categories:

o “Ranked in the top 10%” =2 “0” for no; “1” for yes

o “Ranked in the top 25%, but below the top 10%” =2 “0” for no; “1” for yes

o  “Ranked below the top 25%” 2 “0” for no; “1” for yes
Marital status: This question asked respondents to select one option that corresponds to them

best. All of the options were condensed into the following three categories due to sample size
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constraints for some individual options. The reason for including this control variable is that
differences in relationship status/history have been shown to impact labour market outcomes
(Zagorsky, 2005).

o “Married or Common-Law” =2 “0” for no; “1” for yes

o “Prev. Married: Widowed, Separated, or Divorced” 2 “0” for no; “1” for yes

o “Never Married” > “0” for no; “1” for yes

e Has dependent children? = “0” for no; “1” for yes: This question simply asked respondents

if they had adolescent dependents or not. There is evidence of earnings penalties for women
with dependent children, as they take on this extra responsibility (Zhang, 2009).

Before continuing, another point about control variables should be added. Unlike some
previous studies, this study will not control for certain ‘occupational controls’ namely industry,
and occupational level because, as explained by various researchers including Pendakur &
Pendakur (2002) and Skuterud (2010), these are ‘labour market outcomes’ in themselves, as they
are closely tied to earnings and other labour market outcomes. So, controlling for them may end
up ‘concealing’ the effects of ethno-racial discrimination. Instead, | have controlled for field of
study which as explained above, is a strong predictor of labour market outcomes, but is not a
“labour market outcome” in and of itself. Nevertheless, some of the fields of study showed
relatively greater collinearity (than between other independent variables) with their occupational-
field counterparts. This is perhaps expected because recent Statistics Canada data has shown that
roughly three quarters of both employed men and women aged 25 to 34 are in occupations that

are either “closely related” or “somewhat related” to their education (Yuen, 2010).
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55. Models
Regression 1a: (Pooled Model)
In(Earnings) = fo + p1SouthAsianMale + S>ChineseMale +p3BlackMale + f4OtherMale +
psWhiteFemale + fsSouthAsianFemale + f7ChineseFemale +psBlackFemale +
SaOtherFemale + ... fnXn + &i
Regression 1b: (Split by Gender)
In(Earnings) = Po + p1SouthAsian + f2Chinese +p3Black + [aOther + ... fnXn + &i
Regression 2a: (Pooled Model)

Logit (Unemployed) = fo + p1SouthAsianMale + f2ChineseMale +f3BlackMale + [sOtherMale
+ psWhiteFemale + feSouthAsianFemale + f7ChineseFemale +psBlackFemale +
PoOtherFemale + ... fnXn
Regression 2b: (Split by Gender)

Logit (Unemployed) = fo + p1SouthAsian + p2Chinese +f3Black + fasOther + ... nXn

Note that | will enter the control variables sequentially, in a “block-wise” manner, so that
each regression will have several “blocks” (or “models”). | will mostly focus on the fully-
controlled blocks, and only discuss the notable developments in the preceding blocks. Nonetheless,
I will still show all models of each regression in the Appendix, so that future researchers can get

an idea of the impacts that the successively-added control variables may be having.
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6. DESCRIPTIVE STATISTICS

The following are several sets of descriptive statistics from the dataset, with all of the
aforementioned subsample data filters applied except that these statistics have not filtered out part-
time workers. Statistics corresponding to each of the control variables mentioned above have been
included, along with commentary following the chart. Note that approximately 3% of the entire

survey’s respondents did not have a response for any of the ethno-racial subgroups.
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Table 4: Subsample Descriptive Statistics, 2013 National Graduates Survey

White South Asian Chinese Black Other
Male | Female | Male | Female | Male | Female | Male | Female | Male | Female
Unemployed
Rate 6.2% 4.6% 19.4% 6.1% 6.2% 4.8% 8.8% 4.3% 10.8% 9.2%
Total in LF 6246 8156 217 245 241 311 68 185 493 662
Employee Type
Employee 93.4% 94.6% 96.6% 97.8% 92.1% 96.3% 96.7% 94.3% 92.8
Self-Employed 6.6% 5.4% 3.4% 2.2% 7.9% 3.7% 3.3% 5.7% 7.2
Total Response 5848 7780 175 230 227 296 239! 440 601
PT/FT Employee
PT % 8.5% 18.3% 9.8% 13.0% 6.2% 18.6% 8.1% 34.1% 12.1% 18.1%
Total Response 5861 7783 174 231 226 296 62 176 439 601
Employment Income (CAD)
Mean 53,943 43,824 53,066 44,765 57,485 67,808 47,559 37,864 56,730 42,546
Median 48,000 40,000 47,000 42,000 46,800 49,400 43,000 33,280 45,000 41,860
(Ln) Mean 10.71 10.51 10.75 10.60 10.82 10.63 10.59 10.41 10.71 10.49
(Ln) Median 10.78 10.60 10.76 10.65 10.75 10.81 10.67 10.41 10.71 10.64
Total Response 5464 7368 163 213 193 260 60 166 389 561
Exp. Before Grad
Months, Mean 44.39 37.63 7.62 9.73 9.37 12.66 23.28 25.44 29.37 20.00
Months, Median 17.00 12.00 0 0 0 0 6.00 9.00 12.00 4.00
Total Response 6636 8796 231 298 281 375 82 193 563 717
FT School Since Grad?
No 61.4% 59.1% 48.1% 54.7% 54.1% 52.5% 60.2% 56.2% 49.4% 51.9%
Yes 38.6% 40.9% 51.9% 45.3% 45.9% 47.5% 39.8% 43.8% 50.6% 48.1%
Total Response 6699 8907 231 298 281 375 83 194 569 728
Field of Study*
SocSci & Law + Humanities 15.6% 24.2% 6.1% 32.8% 10.3% 28.1% 13.3% 34.0% 18.9% 24.1%
Business/Admin 16.6% 20.8% 33.0% 36.5% 33.5% 11.2% 31.3% 23.7% 25.9% 24.3%
Engineer/Arch. + Math/CompSci 37.5% 4.8% 37.8% 3.7% 27.8% 7.2% 22.9% 3.1% 24.7% 5.2%
Health + Education 9.0% 33.5% 3.5% 10.7% 11.0% 30.7% 13.3% 30.4% 15.1% 27.2%

! The Black males and Black females are combined because their individual sample sizes were too small to meet Statistics Canada ’s vetting requirements.
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Science/Tech 7.8% 6.3% 12.2% 11.7% 12.5% 13.6% 10.8% 2.1% 6.0% 6.6%
Arts/ComTech + Others 13.5% 10.3% 7.4% 4.7% 5.0% 9.1% 8.4% 6.7% 9.5% 12.5%
Total Response 6699 8912 230 299 281 374 83 194 571 727
Level of Education
< Bachelor 55.3% 46.5% 42.2% 26.8% 33.1% 20.5% 69.1% 50.5% 46.7% 37.8%
Bachelor/PG 37.2% 43.3% 50.0% 66.6% 58.0% 68.9% 23.4% 42.8% 45.1% 53.6%
> Master 7.5% 10.2% 7.8% 6.7% 8.9% 10.6% 7.4% 6.7% 8.2% 8.7%
Total Response 6671 8898 230 299 281 376 81 194 570 728
Academic Rank
Top 10% 41.2% 41.6% 19.6% 30.7% 36.8% 28.6% 26.5% 27.4% 36.9% 32.0%
Top 25% 41.6% 41.9% 49.8% 37.3% 37.2% 42.9% 42.6% 59.9% 42.5% 42.5%
Below Top 25% 17.2% 16.4% 30.6% 32.0% 26.0% 28.6% 30.9% 12.7% 20.6% 25.5%
Total Response 6146 7641 209 241 223 245 68 157 501 584
Residence*
Atlantic Canada + Quebec 44.1% 38.2% 1.7% 4.4% 2.5% 5.2% 24.1% 43.8% 23.3% 22.0%
Ontario 33.4% 37.9% 62.2% 76.8% 53.2% 58.9% 68.7% 49.5% 47.9% 56.3%
Prairies + BC + Territories 22.5% 23.9% 36.1% 18.8% 44.3% 35.9% 7.2% 6.8% 28.8% 21.7%
Total Response 6641 8830 230 293 280 365 83 192 559 718
Marital Status*
Widow/Sep./Div. + Never Married 60.5% 53.6% 78.4% 75.2% 87.6% 80.3% 84.1% 86.5% 68.9% 69.4%
Married/Common-Law 39.5% 46.4% 21.6% 24.8% 12.4% 19.7% 15.9% 13.5% 31.1% 30.6%
Total Response 6691 8902 231 298 282 375 82 193 570 728
Dependent Kids?
No 85.3% 79.6% 96.1% 84.3% 96.1% 91.0% 90.2% 77.7% 88.4% 89.7%
Yes 14.7% 20.4% 3.9% 15.7% 3.9% 9.0% 9.8% 22.3% 11.6% 10.3%
Total Response 6699 8912 231 299 281 376 82 193 570 728

* Some individually-coded categories have been combined by a “+” symbol for the purpose of presenting these descriptive statistics, because some ethno-racial
subgroups had insufficient respondents in a single category. Again, this was done to comply with Statistics Canada’s vetting requirements.
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6.1. Employment Statistics

Note that the following discussion is only a summary of the raw descriptive statistics, so
readers can get an overview of the subsample’s characteristics. Thus, the comparisons between the
ethno-racial groups are not being suggested to have statistical significance.

The raw statistics show that amongst visible-minority males, South Asians are the primary
influencers of the high unemployment rate, with Others having a distant second-highest rate, and
Blacks having the third highest. The Chinese and White males have identical rates. Amongst the
females, there is a much smaller spread, with the differences in unemployment rates being
negligible between the Whites, Chinese, and Blacks. The Other females have noticeably the
highest rate, and South Asians have the second-highest. The major takeaway from these statistics
is the exceptionally high unemployment rate for South Asian males. To cross-check with another
dataset, the following table presents data from the 2011 NHS, with all of my subgroups roughly
defined. The filter criteria are: non-immigrants aged 20 to 24, and 25 to 34 who have obtained an
education at the bachelor’s level or above:

Table 5: Unemployment Rates for Ages 20-34, 2011 National Household Survey (Statistics
Canada, 2013):

Unemployed % (Aged 20 — 24) | Unemployed % (Aged 25 — 34)
White Male 15.6% 4.2%
Female 11.8% 4.2%
South Asian Male 17.9% 5.6%
Female 16.4% 6.0%
Chinese Male 18.6% 4.3%
Female 16.1% 4.9%
Black Male 24.3% 5.8%
Female 14.9% 6.5%

This data presents a different picture, with Blacks having the highest unemployment rate

amongst visible-minority males, and also amongst visible-minority females. Nevertheless, the
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unemployment rates for all visible-minorities appear to be significantly higher than their White
counterparts in the NHS data as well, along with the smaller spread between female groups again.
The fact that my dataset is confined to only those who graduated from a Canadian public-
postsecondary institution in 2009-2010, is perhaps the biggest factor contributing to such
differences versus this other national survey. Note that the my NGS subsample lies in between the
two NHS age brackets presented above, with the median age being 27 for my subsample.

Moving on to employment characteristics, the most notable remarks regarding self-
employment rates are that, amongst males, the Chinese have the highest rate, and South Asians
have the lowest. Amongst females, the Others have the highest rate, and South Asians have the
lowest. Regarding the part-time employment rates, the females in general have higher rates than
males. The most notable statistic is the exceptionally high rate in the Black females. Notably, Black
females have the lowest unemployment rate, but the highest part-time employment rate.
Nonetheless, the NGS describes part-time status as “less than 30 hours per week” which leaves a
large range, and self-employment is not precisely defined either which may leave a host of
possibilities (e.g. are employees who only earn commissions considered self-employed?).

6.2. Income Statistics

This discussion will only consider the non-log-transformed figures, as both the mean and
median are presented, and the medians would not be skewed by outliers. Amongst the males, there
are negligible differences between Whites and South Asians (though South Asians have the highest
unemployment). The Chinese appear to have the highest average incomes—which do not reflect
on their median incomes though, and Blacks appear to have the lowest average and median
incomes. The Other males have the second-highest average income, but the second-lowest median

income. Amongst the females, South Asians appear to have slightly higher incomes than Whites,
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the Chinese appear to have the highest of all, and Blacks have the lowest of all. In fact, this data
shows that the Chinese females earn more than all of the other groups, irrespective of gender. In
contrast, the Black females seem to be the lowest-earning group in the entire table, probably driven
by them having the highest part-time-employment rate. It is important to note that Blacks have the
lowest sample size, which impairs the significance of their data, as will be seen in the regression
models shortly. The Other females have the second-lowest average income, while their median
income is comparable to the White and South Asian females. Nevertheless, it is difficult to draw
inferences on the Other groups’ incomes because, they represent a cumulation of various ethno-
racial groups and mixed-race individuals of various combinations. Roughly speaking, these
subgroups’ raw incomes seem to be consistent with literature presented above.
6.3. Sociodemographic Statistics

The raw statistics from the rest of the variables in the chart help to assess the factors that
may be driving the differences in the ethno-racial groups’ employment outcomes. Beginning with
months of full-time work experience before graduation, it appears that Whites have the most of
such experiences, Others and Blacks have the second most, and South Asians and Chinese have
the least—in both genders. Furthermore, every visible-minority subgroup appears to have pursued
additional full-time education after their 2009-2010 graduation in higher rates than Whites, though
Blacks are closest to Whites in this regard. The South Asian males have the highest rate versus all
the other subgroups, which is perhaps one contributor to their high unemployment rate—because
they might have been ‘job seeking’ for the shortest amount of time.

Next, there are vast differences in the ethno-racial groups’ fields of study. Note that some
of the individual categories were combined despite being coded into distinct variables, due to

sample size constraints for some ethno-racial subgroups. Most of these fields have been combined
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on the basis of curriculum similarities, but Health and Education have been combined because
both of these fields are overwhelmingly female (Turcotte, 2011), and Engineering/Architecture
and Math/Computer-Science (e.g. STEM) have been combined because both of these fields are
overwhelmingly male (Hango, 2013). However, these will be added individually in the regression
models. Given that, the following is a brief summary of these statistics. The most popular fields
for males, irrespective of ethno-racial group, appear to be both Business/Administration and
STEM—Dby a large margin. Their least popular ones vary by subgroup. For females, there is more
variability in the most popular fields, but overall, Health + Education, Business/Administration,
and Social Sciences & Law + Humanities are the most popular categories. The least popular is
STEM for all female subgroups. Again, this is generally reflective of general demographic
differences between males’ and females’ educational fields.

Moving down to level of education, the highlights are that: amongst males, the Chinese
appear to have the greatest proportion with a bachelor’s degree or higher. In contrast, the Black
males appear to have the lowest proportion in this area. Amongst females, the Chinese have the
greatest proportion with a bachelor’s degree or higher, followed closely by South Asians. The
Black females have the lowest proportion in this area. Narrowing in on males with a master’s or
higher, the Chinese males and Other males have the highest proportions, with negligible
differences between the remaining male groups. Amongst females with a master’s or higher, the
Chinese females and White females have the highest proportions, while the Black females and
South Asian females have the lowest. Another important observation is that Blacks, followed by
Whites have the greatest proportions in those with less than a bachelor’s degree, within both
genders. The primary conclusion from these statistics is that, Blacks have the lowest educational

credentials, while the Chinese have the highest. Also, females appear to achieve higher credentials
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than the males across the board. This seems to be reflective of previous research on this topic
(Abada et al., 2009).

In the category of self-reported academic rankings, Whites make the highest claims
amongst males, while South Asians make the lowest. Amongst females, Blacks and Whites make
the highest claims, and South Asians and Chinese make the lowest. As explained above, this
variable is perhaps also an indicator of the tendency to embellish rather than actual academic
ranking, because Statistics Canada did not validate the graduates’ answers to this question.

For residence locations, again some individually-coded categories were combined to
resolve the descriptive statistics’ sample size constraints. These combined categories are now
roughly, “eastern Canada” consisting of Atlantic Canada + Quebec, Ontario on its own, and
“western Canada” consisting of Prairies + BC + Territories. The key takeaways are that, all of
the visible-minorities have the highest proportions of themselves residing in Ontario. Blacks also
have a sizeable proportion of themselves residing in “eastern Canada”, but not so much in “western
Canada”, and vice versa for the Chinese and South Asians. The Others have less of a spread
between “eastern” and “western” Canada. In contrast, Whites are mostly concentrated in “eastern
Canada”, followed closely by Ontario, and a sizeable portion still left in “western Canada”. These
relative figures are consistent with Statistics Canada’s data (Statistics Canada, 2017d).

Finally, the family status statistics mainly suggest that Whites have a higher proportion of
those who are married or in a common-law relationship, and the Chinese and Blacks have the
highest proportion of those who are single (never married, or previously married). Also, amongst
males, Whites followed by the Others have the highest proportions with dependent children—and
amongst females, Blacks followed by Whites have the highest proportions with dependent

children.
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7. RESULTS

7.1. Regression 1 Results
Before discussing the substance of the fully-controlled regression models in the next
chapter, the findings from the preceding successive blocks (e.g. models) as presented in the
Appendix will be briefly highlighted. This is to give the reader and future researchers an idea of
the possible impacts that these successive sets of control variables may be having. Note that, in
regressions with a log-transformed dependent variable, although the coefficients for continuous
independent variables can be interpreted as a percentage-increase or percentage-decrease (after
being multiplied by 100) that a one-unit increase in that independent variable causes in the
dependent variable, this is not the case for categorical (dummy) independent variables. To
elaborate, the coefficient for a dummy independent variable (denoted by B) must first be converted
before being interpreted as a percentage-increase or percentage-decrease in the dependent
variable—using the following formula (Halvorsen & Palmquist, 1980):
[exp(B) — 1] x 100
For each dummy independent variable, this percentage-increase or percentage-decrease
is relative to the respective reference categories. For example, in my analyses, the “reference

category” for the ethno-racial groups is always either ‘White males’ or ‘White females’.
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Table 6: Regression 1a: Gender-Pooled Analysis of Income, by Ethno-Racial Identity

N =11149 Fully-Controlled (R?= .205)
Variables B | S.E.B

Male Ethno-Racial Groups:

South Asian Male -.036 .039

Chinese Male -.044 .037

Black Male .118* .068

Other Male .028 .027

Female Ethno-Racial Groups:

White Female -.150*** .010

South Asian Female -.103*** .036

Chinese Female -.034 .039

Black Female -.106** .047

Other Female - 177*%** .024

Reference = White Male - -

*p <0.1; **p < 0.05; ***p <0.01

Sample Filters: only FT workers; no education completed outside of
Canada before 2010; were always FT students during academic
program; residing in Canada

(Including controls for: employment experiences, field of study,
residence region, education level, academic self-ranking, and family
status variables—see full table in Appendix 1)

Earnings: Gender-Pooled

Given that, the pooled analysis (Appendix 1) shows that after adding the first set of control
variables, the ‘employment characteristics’ in Model 2, South Asian males, Other males, and
Chinese females, all have a significant earnings advantage over White males. The remaining male
subgroups are insignificant, and the remaining female subgroups all have earnings penalties. When
field of study controls are added in Model 3, there is mainly a slight decrease in the female
subgroups’ coefficients, and overall the same coefficients as the previous model are significant
again. When residence location is controlled for in Model 4, there is a general decrease for all of
the visible-minority male and female subgroups, irrespective of significance—with the exception
of Blacks. In addition, the Chinese females’ and South Asian males’ positive coefficients lose their
significance. This might be partially explained by the fact that Whites (and Blacks) have higher

proportions than everyone else residing in Atlantic Canada/Quebec, as seen in the descriptive
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statistics presented above—and this region has one of the lowest incomes in Canada (Statistics
Canada, 2017f). After adding controls for education level in Model 5, there are a few
developments. Notably, the Chinese males begin to show a significant negative coefficient for the
first time, and the Other males’ previously significant positive coefficient is no longer significant.
Also, notice the remarkable increase in magnitude of the Black males’ coefficient, and decrease in
the Chinese females’ coefficient—although they are still insignificant. Again, this may be
reflective of the fact that amongst generation 1.5+, the Blacks have the lowest educational
credentials, and the Chinese have the highest (Abada et al., 2009)—and thus this higher human
capital probably allows the Chinese to avoid earnings penalties, while the Blacks’ lower human
capital contributes to their earnings penalties. Next, controlling for academic ranking in Model 6
produces negligible changes, but when the “family status’ controls are added in Model 7, the Black
males’ positive coefficient gains significance, though at the p<0.1 level. Also, the Black females’
coefficient, although still negative, reaches its highest magnitude thus far. Note that the Chinese
females are the only female subgroup without a significant earnings penalty versus the White
males, and with the exception of the Blacks males, no other male subgroup has a significant

coefficient in the final model.
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Table 7: Regression 1b: Gender-Split Analysis of Income, by Ethno-Racial Identity

MALES:

N = 5,267 Fully-Controlled (R?=.161)
Variables B | SE.B

Male Ethno-Racial Groups:

South Asian Male -.025 .044

Chinese Male -.038 .041

Black Male 125* .075

Other Male .030 .029

Reference = White Male - -

FEMALES:

N = 5,882 Fully-Controlled (R?=.241)
Variables B | SE.B

Female Ethno-Racial Groups:

South Asian Female .047 .033

Chinese Female 111x** .035

Black Female .024 .042

Other Female -.033 .022

Reference = White Female - -

*p < 0.1; **p < 0.05; ***p < 0.01

Sample Filters: only FT workers; no education completed outside of
Canada; were always FT students during academic program;
residing in Canada

(Including controls for: employment experiences, field of study,
residence region, education level, academic self-ranking, and family
status variables—see full tables in Appendices 11.2 & 11.3)

Expectedly, there are negligible differences in the male subgroups’ coefficients (and
model-to-model changes) between the gender-pooled Regression 1a (Appendix 1) and the males-
only Regression 1b (Appendix 2), because the same White males are the reference category in both
analyses. Thus, Appendix 2 will not be exclusively summarized as doing so would be redundant.

Earnings: Females Only

Moving on to the female-only earnings model in Appendix 3, with the first set of controls
in Model 2, only the Chinese females have a significant earnings premium over the White females,
while the other subgroups are insignificant. After the field of study controls are added in Model 3,
the South Asian females join the Chinese females in having a significant earnings premium over

the White females, though the change from Model 2 is unremarkable. However, when residence
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location is controlled for in Model 4, the South Asian females lose their significance, and the
Chinese females show a drop in their coefficient’s magnitude for the first time. As remarked
earlier, this may be partially explained by the fact that Whites (males and females) have greater
proportions of themselves residing in the lower income regions of Canada. Next, when education
level is controlled for in Model 5, the Chinese females still show an earnings premium versus
White females, but there has been a substantial drop in their coefficient’s magnitude. Moreover,
the Other female’s negative coefficient becomes significant. Again, this may be because the
Chinese have higher education credentials (Abada et al., 2009), so holding them constant in such
an analysis may “deflate” their relative earnings. Finally, there are negligible changes in Model 6
with the addition of academic ranking controls. In the final Model 7, the Chinese females remain
as the only subgroup with a significant coefficient (positive). Moreover, although insignificant, the
Black females show their largest coefficient yet—which may be hinting at parallels with their male
counterparts. The earnings advantage for Chinese females is consistent with previously
documented trends in the overall generation 1.5+ population.
7.2. Regression 2 Results

This discussion will highlight the findings in the successive models from the
(un)employment analyses seen in Appendices 11.3 through 11.6. The numbers of interest are the
exponentiated coefficients under the Exp(B) columns, which are otherwise called odds-ratios.
These odds-ratios are interpreted as: the relative odds of being unemployed when the predictor
variable in question is increased by one unit (versus the reference category, for categorical
variables). Note that | focus this explanation in the context of the categorical (binary) ethno-racial
variables that | coded. For odds-ratios greater than 1, the interpretation would be “those in the

corresponding predictor variable (e.g. the binary value = 1) have x times greater odds of being
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unemployed versus those in the reference category”, where X is any figure greater than 1. For odds-
ratios less than 1, the interpretation would be “those in the corresponding predictor variable have
X% lower odds of being unemployed versus those in the reference category”, where x% is derived
by subtracting the odds-ratio from 1. Again, the “reference category” for the ethno-racial groups
is always either White males or White females.

Table 8: Regression 2a: Gender-Pooled Analysis of Unemployment Odds-Ratios, by Ethno-
Racial ldentity

Employed = 13,687; Unemployed = 770 | Fully-Controlled (Pseudo R?= .070)
Variables B |SE.B] Exp(B)

Male Ethno-Racial Groups:

South Asian Male 1.774 | .201 5.893***

Chinese Male .628 | .305 1.875**

Black Male 497 | 488 1.643

Other Male .838 | .184 2.312%**

Female Ethno-Racial Groups:

White Female -.019 | .095 .981

South Asian Female 428 | 313 1.535

Chinese Female -.707 | .518 .493

Black Female -.104 | .393 .901

Other Female 731 | .170 2.078***

Reference = White Male - - -

*p < 0.1; **p < 0.05; ***p < 0.01

Sample Filters: no education completed outside of Canada; were only FT
students during academic program; residing in Canada

(Including controls for: employment experiences, field of study, residence
region, education level, academic self-ranking, and family status variables—see
full table in Appendix 4)

(Un)employment: Gender-Pooled
After adding the first set of control variables in Model 2 of Appendix 4, the significant
odds-ratios show that: South Asian males, followed by Other females, followed by Other males
have higher odds of being unemployed versus the White males. Moreover, the Chinese females,
followed by the White females have lower odds of being unemployed versus the White males. The
rest of the subgroups are insignificant. After controlling for field of study in Model 3, there is an

overall increase (worsening) in every subgroups’ odds-ratios, irrespective of significance. Notably,
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the South Asian males, followed by the Other males, followed by the Other females—and now
also followed by the Chinese males have significantly higher odds. All other subgroups are
insignificant. This marginal change may suggest that everyone who is not a White male could have
graduated from fields of study with better employment prospects than the fields in which White
males studied—although this is difficult to ascertain from the descriptive statistics. Furthermore,
when residence locations are controlled for in Model 4, there is a general worsening in the odds-
ratios of all non-White and non-Black subgroups, irrespective of significance. Like the income
models, the reason for this marginal change is perhaps because Whites and Blacks have greater
proportions living in Atlantic Canada, where not only are the incomes lower, but the
unemployment rates are also generally higher (Statistics Canada, n.d.). A similar marginal change
occurs after education level controls in Model 5 as well, with all of the non-White and non-Black
subgroups’ odds-ratios worsening, irrespective of significance. Referring back to the descriptive
statistics, this may be due to the fact that Whites and Blacks have higher proportions than everyone
else with less than a bachelor’s degree. Next, when academic ranking is controlled for in Model
6, there is generally a small improvement in the subgroups’ odds-ratios, irrespective of
significance. Looking at the descriptive statistics again, this is probably influenced by the fact that
Whites proclaim higher academic rankings than the visible-minorities do, which could be helping
their employment prospects (see studies cited in section 5.4)—so when this variable is held
constant, the visible-minorities” employment rates show a marginal improvement. Finally, in
Model 7, after adding the ‘family status’ controls, there is another marginal improvement in all of
the non-White subgroups’ odds-ratios, irrespective of significance. This is probably because the
visible-minorities have lower rates of marriage/common-law as seen in the descriptive statistics—

and the regression does show lower odds of unemployment for the Married/Common-Law
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variable. Note that the marginal improvements in the results of the non-White subgroups seen in
Models 6 & 7 were also seen in the corresponding earnings models (generally speaking,
irrespective of significance)—which may hint that Whites benefit from their higher self-reported
academic rank, and their higher rates of marriage/common-law status. Overall, the significant
results in the final employment-status model show: South Asian males, followed by Other males,
followed by Other females, followed by Chinese males all have higher odds of being unemployed
versus the White males—and the remaining subgroups are insignificant.

Table 9: Regression 2b: Gender-Split Analysis of Unemployment Odds-Ratios, by Ethno-Racial

Identity
MALES:
Employed = 6,099; Unemployed = 394 | Fully-Controlled (Pseudo R?= .107)
Variables B |[SE.B| Exp(B)
Male Ethno-Racial Groups:
South Asian Male 1.991 | .217 7.324***
Chinese Male 729 | .318 2.074**
Black Male 511 | .499 1.667
Other Male 981 | .191 2.667***
Reference = White Male - - -
FEMALES:
Employed = 7,588; Unemployed = 376 | Fully-Controlled (Pseudo R?=.068)
Variables B |[SE.B| Exp(B)
Female Ethno-Racial Groups:
South Asian Female 367 | .313 1.443
Chinese Female -.623 | 519 .536
Black Female -126 | .393 .881
Other Female 754 | .168 2.126***
Reference = White Female - - -
*p < 0.1; **p < 0.05; ***p < 0.01
Sample Filters: no education completed outside of Canada; were only FT
students during academic program; residing in Canada
(Including controls for: employment experiences, field of study, residence
region, education level, academic self-ranking, and family status variables—see
full tables in Appendices 11.5 & 11.6)

(Un)employment: Females Only

58



Once again, the males-only analysis in Appendix 5 will not be discussed because, there are
negligible differences in the male subgroups’ odds-ratios (and model-to-model changes) between
the gender-pooled Regression 2a (Appendix 4) and the males-only Regression 2b (Appendix 5), as
the same White males are the reference category in both analyses. So, moving on to the females-
only analysis in Appendix 6, the ethno-racial subgroups’ odds-ratios do not appear to show many
remarkable developments from model to model. To elaborate, the Other females are the only
subgroup with significantly higher odds of being unemployed versus the White females, while the
rest of the subgroups remain insignificant from Model 1 through to Model 7. Nonetheless, although
insignificant throughout, the Black females’ odds-ratio does improve gradually across the

models—so this may evoke the attention of future researchers.
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8. DISCUSSION

8.1. Regression 1 Discussion
Male Earnings

The fully-controlled income model for males shows that only the Black males have an
earnings premium over White males, as Regression 1b in Appendix 2 shows them having an annual
income that is 13.3% [(exp(0.125)-1) x 100] higher than that of White males—while the other
groups are statistically insignificant. Thus, my hypothesis that Black males will be the male
subgroup with the greatest earning penalty versus White males, is rejected. This novel finding is
the opposite of what previous research on ethno-racial earnings disparities has shown, in which
Black males (regardless of generation status) have been the most disadvantaged group. However,
this finding should be interpreted with caution for a number of reasons. Firstly, the Black males’
result is based on a very small sample size, and their coefficient is only significant at the p<0.1
level. Moreover, this dataset mainly concerns the respondents’ early-career labour outcomes, as
they are young, recent graduates. Therefore, the discriminatory effects of the “Glass Ceiling” or
the “Sticky Floor” as discussed above may not have had time to manifest yet. Nevertheless, this
finding warrants additional research, perhaps by replicating this model using a larger sample size,
and viewing those in their early-careers and those in their later-careers separately. Another
important consideration is that, as the full model in Appendix 2 shows, the Black males’ coefficient
begins taking shape after the educational controls are added, then gains significance after adding
the ‘family status’ controls. This may suggest that the Black males’ early-career earnings are
largely influenced by their educational achievements, which again, would need to be further
validated with larger datasets. Overall, there appears to be no evidence of a “White male

advantage” over the visible-minority males, at least according to this dataset.
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Female Earnings

Amongst females, the fully-controlled model in Appendix 3 shows only one significant (at
p<0.01) coefficient—the Chinese females’ earning an 11.7% [(exp(0.111)-1) x 100] higher income
than the White females. The other female visible-minority subgroups are insignificant. This
partially supports my hypothesis, as the Chinese females show the hypothesized earnings
premium, but the Black females do not show the hypothesized (significant) earnings penalty. This
premium for my sample’s Chinese females is not surprising as the recent literature, like Pendakur
& Pendakur (2016) and Yu (2018), have found earnings premiums for Canadian-born Chinese
females versus their White female counterparts. However, my analysis suggests that the Chinese
females may be enjoying an earnings premium even amongst only those in their early-careers.
Also, when looking at the fully-controlled pooled income model (Appendix 1), all visible-minority
female subgroups show an earnings penalty versus the White males, except for the Chinese females
who are insignificant. However, with minimal controls, this pooled income model shows an
earnings premium for Chinese females over White males. This means that my hypothesis that
every female subgroup will show an earnings penalty versus White males, is rejected—due to this
exception of Chinese females. Thus, future researchers may want to compare Chinese females to
White males, rather than only to White females, as this may yield novel conclusions.

To summarize, these results for the males and females overall suggest that the visible-
minorities who are entirely educated in Canada up to the completion of a postsecondary credential,
may not be facing any earnings penalties versus their White (gendered) counterparts—at least as
full-time employees in their early-careers. A more extensive dataset is needed to validate this

finding, especially because my earnings analyses did not yield many significant coefficients.
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8.2. Regression 2 Discussion
Male Unemployment Rates

The fully-controlled results in Regression 2b (Appendix 5), show higher unemployment
odds for the South Asian males, Other males, and the Chinese males. The Black males remain
insignificant, probably due to their small sample size. Thus, barring the insignificant result for
Black males, my hypothesis is otherwise supported. The South Asian males’ show the largest odds
of being unemployed versus White males, with an odds-ratio of 7.324 (at p<0.01) in the fully-
controlled model. For context, the interpretation of this is that the odds of South Asian males being
unemployed are 7.324 times greater than the White males’ odds, ceteris paribus—this is not to be
confused with probability. All of this may suggest that although the (recent graduate) male visible-
minorities do not show significant evidence of earnings penalties, they may be at a significant
disadvantage when it comes to obtaining employment in the first place. The government statistics
presented earlier also showed the visible-minority male subgroups overall as having higher
unemployment rates than the White males, irrespective of generation status—but my analysis
shows that this trend persists despite adding several statistical controls. This finding may be
explained by the results from previous experiments such as the one done by Oreopoulos (2011),
which show ethno-racial discrimination against ethnic minorities throughout the job application
process. Alternatively, the studies reviewed above also suggest that unemployment can be a result
of the applicants’ own ‘choosiness’ in job applications, lifestyle choices, and the like (Dunn, 2015;
Jayasingam et al., 2016). Thus, it would help to identify such causes in future research. Like the
income analysis, it would be useful to repeat this analysis using larger datasets, with a focus on
those in their early-careers. Particularly, if the magnitude of the South Asian males’ disadvantage

is shown to be persistent, then they should receive additional attention to figure out the causes.
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Female Unemployment Rates

Next, the females’ fully-controlled models in Appendix 6 show that only the Other females
have significantly higher odds of being unemployed versus the White females, while the rest of
the subgroups are insignificant. Specifically, they show 2.126 times higher odds of being
unemployed versus the White females (p<0.01). The lack of significance for the rest of the female
subgroups leads me to mostly reject my hypothesis, that every female subgroups will show
significantly higher odds of being unemployed versus White females. Again, it is not feasible to
make substantive conclusions on this finding because this Other category is too heterogenous—
however the analysis does show that a disparity exists. Moreover, the lack of statistical significance
for the other subgroups may indicate that a larger sample size is needed. Nevertheless, like amongst
the males, the government statistics above do show higher unemployment rates for visible-
minority females, versus the White females.

To provide the other perspective, in the pooled model in Appendix 4, the females’ odds-
ratios are predicted versus White males, rather than versus White females. Firstly, the raw model
shows that both the White females and the Chinese females have lower odds of being unemployed
versus the White males, while the Other females have higher odds of being unemployed versus
the White males. The remaining female subgroups are insignificant. The fully-controlled model
shows that only the Other females yield a significant odds-ratio (2.078 times higher odds of being
unemployed versus White males; at p<0.01), indicating that they not only have higher odds of
being unemployed versus White females, but also versus White males. This leads me to mostly
reject my hypothesis, that every female subgroup will show significantly higher odds of being

unemployed versus White males. Nonetheless, this disadvantage in the Other females warrants
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further attention. It would help to first split this group into more ethno-racial categories, then assess
which subgroup(s) is driving the disadvantage.

Overall, these results suggest that it is the visible-minority males, especially the South
Asians, who warrant the most attention in future research on the ethno-racial groups’
unemployment rates. Most of the previous literature has shown that separating by gender, the male
visible-minorities experience greater earnings disparities than do their female counterparts. Now
this study suggests that male visible-minorities may also experience poorer employment prospects

than visible-minority females, whether separating by gender or not.
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9. LIMITATIONS

Limitations Inherent to Survey

Firstly, the 2013 National Graduates Survey was conducted on a voluntary basis, although
repeated efforts were made by Statistics Canada to encourage the selected participants to partake
in the survey. This may create bias in my study if particular types of people were less (or more)
likely to participate. Moreover, the respondents were all graduates from a single academic year,
which limits the scope of my entire sample population. Next, the NGS has a narrow scope as the
proportion of Canadians aged 25-64 with either college or university credentials has only been
around half in recent years. This means that the NGS does not account for a large portion of (non-
immigrant) new entrants into Canada’s labour market—who include high school graduates, and
those who never graduated high school (Statistics Canada, 2017g). Thus, future researchers should
consider deriving more informative and robust conclusions by including these other ‘early-career’
individuals. Finally, like any survey that relies on unverified self-reported data, the respondents
may have provided inaccurate or untruthful responses. In my study, this may have especially
created problems if respondents reported inaccurate incomes, and/or inaccurate (un)employment
statuses—not to mention the inconsistencies in the reporting of one’s ethno-racial identity, as
ethnic/racial groups have seldom been objectively defined.

Limitations with Subsample

The removal of part-time workers from the income models may be concealing the overall
earnings penalties (or premiums) of groups who have larger (or smaller) proportions employed
part-time—which is especially important if that part-time employment is involuntary. Moreover,
the removal of those graduates who were part-time students or took any leaves of absence during

their academic program may have created biases—again, if more (or less) members of particular
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ethno-racial groups fall into these categories, and if these categories also have different labour
market outcomes. Next, the sample sizes are very small for some subgroups, particularly the Black
males. This may be a problem especially when applying the unemployment rates to the small
samples, because then the number of unemployed respondents becomes very small. Moreover, the
Other subgroup, although relatively large in size, is very heterogenous and thus the findings from
this category are difficult to assign to any particular ethno-racial subgroups.

A similar argument can be made for the other ethno-racial groups as well—for example,
studies have shown different labour market outcomes for Blacks of Caribbean descent versus
Blacks of African descent (Skuterud, 2010), and within South Asians, different outcomes have
been found for those of distinct national origins such as Indian, Pakistani, Sri Lankan, etc. (Raza
& Erfani, 2015). There is also some evidence of differences in labour market outcomes between
the White-European subgroups when they are separated by their national origins (Stelcner, 2000).
These are limitations that would be best addressed by larger surveys, where each of the distinct
subgroups have sufficient sample sizes for statistical robustness. However, this may lead into the
other issue regarding what exactly constitutes a “distinct” ethno-racial subgroup. Logically
speaking, the division of humans into specific ethnicities or races would produce infinite categories
because each human has a unique admixture of genetics and environmental experiences. Perhaps
that is why there appears to be no consensus amongst legal bodies on how to objectively define
the various ethnic and racial subdivisions of humans, further adding to the confusion (Peery, 2017).
This is a complex limitation which would likely require systemic changes to the ways that

researchers study ethno-racial groups.
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Limitations with Analyses

Regarding the analyses in particular, the default use of listwise-deletion when adding
control variables to regressions may create bias as well. This is because, particular types of people
may have provided replies for only some of the variables in the regression instead of all of them,
which causes them to be removed altogether. This also has the exacerbating effect of further
reducing the sample size. Another issue, particularly with the income analyses is that there were
many respondents who reported themselves as ‘employed’ but did not provide an income. This
can impair my conclusions as well, especially if a higher proportion of a particular ethno-racial
group(s) did not provide their income. Another point to note is that approximately 3% of the entire
survey’s respondents did not identify with a specific ethno-racial group(s), leading to their removal
from my subsample. Again, this may bias the analyses if a greater proportion of a particular ethno-
racial group(s) chose not to identify with a label provided by the NGS.

Regarding the exclusion of ‘occupational” controls from the analyses as discussed earlier,
this may be a limitation if the ethno-racial groups did go into different ‘occupational industries’
and attain different ‘occupational levels’, without facing discrimination (e.g. racism). Although
there is mild collinearity between some fields of study and occupational industries, they are not
perfectly collinear. To address this, | tested the impact of adding the occupational industries to the
controls in the earnings models, both with the fields of study and without. Although there were no
remarkable differences from the conclusion made in this paper overall, there was a slight increase
in the magnitudes and significance levels of the visible-minority subgroups’ coefficients. This is
perhaps because of the “controlling away” of labour market discrimination that the previous

researchers cited above have remarked about.
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10. CONCLUSION

Overall, this study suggests that amongst those who completed no level(s) of education
outside Canada, graduated with a postsecondary credential in 2010, and held a full-time job three
years later, the visible-minorities overall show no significant evidence of earnings penalties versus
their White (gendered) counterparts—but rather some subgroups may have earnings premiums.
However, this is tainted by the fact that all of the visible-minority subgroups with significant
results, especially the South Asian males, show substantially higher odds of being unemployed
versus their White (gendered) counterparts. This is very similar to what Walters et al. (2004) found
using the 1995 NGS—albeit without subdividing the ‘visible-minority’ variable. To reiterate, in
their fully-controlled models, they found no significant differences in earnings between non-
visible-minorities and visible-minorities, but they did find evidence for a higher probability of
unemployment in visible-minorities (for both genders). This may be suggestive of a longstanding
pattern of poorer employment prospects for visible-minorities (at least in their early-careers), so
this further builds a case for the replication of these studies. Moreover, this study has hinted that
(amongst postsecondary graduates in their early-careers) the Black males may not experience an
earnings penalty after controlling for several sociodemographic variables especially educational
achievements. To the best of my knowledge, this has not been found in previous studies on similar
topics, so this finding should especially be further explored. Overall, due to the small sample sizes
in this study, along with the survey covering a narrow population segment, the findings in this
paper’s analyses are perhaps better construed as “hints” for future researchers, rather than
“conclusions” in and of themselves.

With that said, this study stresses the importance of analyzing the ethno-racial groups’

unemployment rates, and not just focusing on their earnings. Much of the previous research has
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shown that generation 1.5+ visible-minorities, especially the Chinese and South Asians, show far
lower earnings disparities than those experienced by their first-generation counterparts. However,
that is for those who obtain employment in the first place. If the findings of this study hold true,
then policies should be targeted towards helping visible-minorities (particularly recent graduates)
finding employment first, before focusing on subsequent concerns about pay equity, the “Glass
Ceiling”, the “Sticky Floor”, etc. An ideal place to start can be with the widespread implementation
of ‘blind hiring’ practices where removing “ethnic” indicators from minorities’ resumes can
increase their chances of obtaining an interview (Aslund & Skans, 2012). Then in the interview
stages, conducting more formalized and structured interviews may help reduce racial bias (de Kock
& Hauptfleisch, 2018). Moreover, the federal government can consider better enforcement of
Employment Equity legislation, and perhaps consider extending it to sectors other than just the
federal-public sector, because there is some evidence that this policy has benefitted visible-

minorities (Jain & Lawler, 2004).
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APPENDIX

Appendix 1: Regression 1a: Gender-Pooled Analysis of Income

Regression 1 (OLS): (Ln)Annualized Income-at-Survey; n=11,149; using listwise-deletion method

Model 1 (R?=.021) | Model 2 (R?=.023) | Model 3(R?= .058) | Model 4 (R?>=.096)
Variables B |SE.B |B |sE.B|B |SE.B|B | SE.B
Male Ethno-Racial Groups:
South Asian Male .064 .043 074* .043 074* .043 .014 .042
Chinese Male .042 .040 .051 .040 .039 .039 -.029 .039
Black Male -.003 .075 .001 .075 .002 .073 .004 072
Other Male .083*** | .029 090*** | .029 087*** | .029 .060** .028
Female Ethno-Racial Groups:
White Female -128*** | .010 -126*** | .010 - 150*** | .011 -151*** | 011
South Asian Female -.075* .039 -.070* .039 -.082** | .039 -113*** | .038
Chinese Female .076* 042 .083* 042 .072* .042 .032 041
Black Female -150*** | .051 - 146*** | 051 - 173*** | .051 - 127** .050
Other Female -165*** | .026 - 158*** | .026 -163*** | .026 -176*** | .026
Ref = White Male - - - - - - - -
Employment Controls:
Months FT Experience at Grad .000 .000 .000 .000 .000** .000
FT School After Grad? -.046*** | .010 -.036*** | .010 -.038*** | .010
Self~Employed? -.016 .023 .004 .023 011 .022
Field of Study:
Social Sciences/Law .036** .016 .022 .016
Engineering/Architecture .052*** | .015 051%** .015
Health A142*** | 015 122*** | 015
Education 103*** | .023 073*** | .023
Physical/Life Sciences -.006 .021 -.029 021
Math/IT 012 .032 .006 .031
Humanities .001 .022 -.034 .022
Visual/Performing Arts -.230*** | .026 -253*** | .025
Other Fields -212*** | 021 -.200*** | .020
Ref = Business/Admin - - - -
Residence Location:
Atlantic -.022 .020
Quebec -123*** | 011
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Prairies

British Columbia

Northern Territories

Ref = Ontario

A158*** | .014
.078*** | .018
A475*** | .088

Education Level:

Less than Bachelors/PG

Higher than Bachelors/PG

Ref = Bachelors/Postgrad Cert.

Academic Self-Ranking:

“In top 10%”

“In top 25%”

Ref = “In top 50% OR less”

Family Status

Married/Common—Law

Previously Married

Ref = Single, Never Married

Dependent Children?

Model 5 (R’= .196)

Model 6 (R’= .198)

Model 7 (R%= .205)

Variables B |SE.B |B |SE.B |B | SE.B
Male Ethno-Racial Groups:

South Asian Male -.048 .040 -.037 .040 -.036 .039
Chinese Male -.062* .037 -.062* .037 -.044 .037
Black Male .092 .068 112 .068 118* .068
Other Male .023 .027 .028 027 .028 027
Female Ethno-Racial Groups:

White Female -.143*** | .010 -.145*** | 010 -.150*** | .010
South Asian Female -111*** | .036 -111%** | .036 -.103*** | .036
Chinese Female -.043 .039 -.043 .039 -.034 .039
Black Female -135%** | 047 -131*** | 047 -.106** .047
Other Female -185*** | .024 -184*** | .024 =177 | 024
Ref = White Male - - - - - -
Employment Controls:

Months FT Experience at Grad | .000*** | .000 .000*** | .000 .000*** | .000
FT School After Grad? -.041*** | .009 -.043*** | .009 -.036*** | .009
Self-Employed? -.036* 021 -.034 021 -.032 021
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Field of Study:

Social Sciences/Law -.044*** | 015 -.042*** | 015 -.041*** | 015
Engineering/Architecture A37Fr* .014 1347%** .014 A130%** | .014
Health 129%** .014 131%** .014 126%** | 014
Education -.030 .022 -.035 .022 -.037* .022
Physical/Life Sciences -.099*** | 020 -.097*** | 020 -.098*** | .020
Math/IT .006 .030 .006 .030 .008 .029
Humanities -131*%** | 021 -131%** | 021 -133*** | 021
Visual/Performing Arts -.222*%** | .024 -.223*%** | .024 -.219%** | .024
Other Fields -.068*** | .020 -.069*** | .020 -.069*** | 019
Ref = Business/Admin - - - - - -
Residence Location:

Atlantic -.034* .019 -.034* .019 -.038** .019
Quebec -102*** | 011 -097*** | 011 -.106%** | .011
Prairies .154%** .013 156%*** .013 152*** | 013
British Columbia .063*** .017 061*** .017 .056*** | 016
Northern Territories A16%** .083 415*** .083 .399*** .083
Ref = Ontario - - - - - -
Education Level:

Less than Bachelors/PG -.284*** | 010 -.295%** | 011 -.288*** | 011
Higher than Bachelors/PG .256%** 017 248*** 017 234%** | 017
Ref = Bachelors/Postgrad Cert. | - - - - - -
Academic Self-Ranking:

“In top 10%” .065*** .013 .063*** | 013
“In top 25%” .030** .012 .030** .012
Ref = “In top 50% OR less” - - - -
Family Status

Married/Common—Law .083*** .010
Previously Married -.046 .029
Ref = Single, Never Married - -
Dependent Children? -.015 | 013

*p <0.1; **p <0.05; ***p <0.01
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Appendix 2: Regression 1b: Males’ Analysis of Income

Regression 1b (OLS): (Ln)Annualized Income-at-Survey; n=5267; using listwise-deletion method

Model 1 (R?=.002) | Model 2 (R?=.006) | Model 3(R?=.036) | Model 4 (R>=.091)
Variables B |SE.B |B |SE.B|B |SE.B|B | SE.B
Male Ethno-Racial Groups:
South Asian Male .064 .046 077* .046 .088* .046 011 .045
Chinese Male .042 043 .051 043 .045 .043 -.038 042
Black Male -.003 .080 .002 .080 .010 .079 .010 077
Other Male .083*** | .031 091*** | 031 .084*** | 031 .048 .031
Ref = White Male - - - - - - - -
Employment Controls:
Months FT Experience at Grad .000 .000 .000 .000 .000** .000
FT School After Grad? -073*** | .016 -.074*** | .016 -.080*** | .016
Self~Employed? .008 .034 .019 .033 .019 .032
Field of Study:
Social Sciences/Law 093*** | .028 .064** .028
Engineering/Architecture .049** .021 .040** .020
Health A156*** | 034 125%** | 033
Education 122** .049 .056 .048
Physical/Life Sciences -.025 .032 -.053* .032
Math/IT -.012 .042 -.028 041
Humanities .013 .039 -.046 .038
Visual/Performing Arts - 277*** | .043 -.329*** | .042
Other Fields -178*** | .030 -172*** | 030
Ref = Business/Admin - - - -
Residence Location:
Atlantic -.036 .032
Quebec -162*** | 017
Prairies 216%** .022
British Columbia Q72%** .027
Northern Territories 349*** 128
Ref = Ontario - -
Education Level:
Less than Bachelors/PG
Higher than Bachelors/PG
Ref = Bachelors/Postgrad Cert.

Academic Self-Ranking:
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“In top 10%”

“In top 25%”

Ref = “In top 50% OR less”

Family Status

Married/Common—Law

Previously Married

Ref = Single, Never Married

Dependent Children?

Model 5 (R?>=.149) | Model 6 (R?>=.152) | Model 7 (R*=.161)
Variables B |SE.B| IB |SE.B |B | SE.B
Male Ethno-Racial Groups:
South Asian Male -.042 .044 -.028 .044 -.025 .044
Chinese Male -.062 .041 -.061 041 -.038 041
Black Male .091 .075 120 075 125* 075
Other Male .024 .030 .031 .030 .030 .029
Ref = White Male - - - - - -
Employment Controls:
Months FT Experience at Grad | .000*** | .000 .000*** .000 .000* .000
FT School After Grad? -.069*** | .015 -071*** | 015 -.061*** | 015
Self~Employed? -.006 .031 .000 .031 012 .031
Field of Study:
Social Sciences/Law -.001 .027 .003 .027 .000 .027
Engineering/Architecture 144*** | 020 .138*** .020 132%** .020
Health 122*** | 032 A119*** | 032 107*** | .032
Education -.016 .047 -.020 047 -.016 .046
Physical/Life Sciences -.084*** | .031 -.083*** | .031 -.087*** | .030
Math/IT 011 .039 .010 .039 011 .039
Humanities - 117*** | 037 -123*** | .037 -.128*** | .037
Visual/Performing Arts - 254*** | 041 -.256*** | .041 - 246%** | .041
Other Fields -.029 .030 -.029 .030 -.032 .030
Ref = Business/Admin - - - - - -
Residence Location:
Atlantic -.036 .031 -.034 .031 -.034 .031
Quebec - 139*** | .017 -133*** | .017 -136*** | .017
Prairies .208*** | 022 213%** | 022 215%** | 021
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British Columbia .063** .026 .062** .026 057** .026
Northern Territories 363*** | 124 369*** 124 .356*** 123
Ref = Ontario - - - - - -
Education Level:

Less than Bachelors/PG -.248*** | 017 -267*** | .018 -.260*** | .018
Higher than Bachelors/PG .235%** | .030 219*%** | 030 A97*** | .030
Ref = Bachelors/Postgrad Cert. | - - - - - -
Academic Self-Ranking:

“In top 10%” .090*** | .020 081*** | .020
“In top 25%” .050*** | .019 .044** .019
Ref = “In top 50% OR less” - - - -
Family Status

Married/Common—Law .100*** .016
Previously Married .008 .058
Ref = Single, Never Married - -
Dependent Children? 023 | 022

*p < 0.1; **p < 0.05; ***p < 0.01
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Appendix 3: Regression 1b: Females’ Analysis of Income

Regression 1b (OLS): (Ln)Annualized Income-at-Survey; n=5882; using listwise-deletion method

Model 1 (R?=.005) | Model 2 (R?=.007) | Model 3(R?=.055) | Model 4 (R?= .080)
Variables B |SE.B |B |SE.B |B |SE.B|B | SE.B
Female Ethno-Racial Groups:
South Asian Female .053 .037 .057 .037 .070* .036 .047 .036
Chinese Female .204*** | 039 210*** | .039 210*** | 039 178*** | .038
Black Female -.023 .048 -.021 .048 -.021 .047 .015 .046
Other Female -.037 .024 -.032 .024 -.017 .024 -.026 .024
Ref = White Female - - - - - - - -
Employment Controls:
Months FT Experience at Grad .000* .000 0.00 .000 0.000 .000
FT School After Grad? -.023* 013 -.007 .013 -.007 012
Self-Employed? -.046 031 -.014 .031 -.005 .030
Field of Study:
Social Sciences/Law .004 .019 -.002 .019
Engineering/Architecture .082*** | .029 .085%** .029
Health 139*** .017 A27*** .017
Education 096*** | .025 079*** .025
Physical/Life Sciences 012 .028 -.008 .028
Math/IT .070 .054 .069 .054
Humanities -.004 .026 -.024 .026
Visual/Performing Arts -.202*%** | .031 -.212*** | .030
Other Fields -257*** | .029 -.245*** | 028
Ref = Business/Admin - - - -
Residence Location:
Atlantic -.012 .024
Quebec -.084*** | 015
Prairies A13*** .018
British Columbia .089*** .023
Northern Territories .581*** 121
Ref = Ontario - -
Education Level:
Less than Bachelors/PG
Higher than Bachelors/PG
Ref = Bachelors/Postgrad Cert.
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Academic Self-Ranking:

“In top 10%”
“In top 25%”
Ref = “In top 50% OR less”
Family Status
Married/Common—Law
Previously Married
Ref = Single, Never Married
Dependent Children?

Model 5 (R?=.234) | Model 6 (R?= .235) | Model 7 (R?>=.241)
Variables B |SE.B |B |SE.B |B | SE.B
Female Ethno-Racial Groups:
South Asian Female .034 .033 .036 .033 047 .033
Chinese Female .098*** | .035 100*** | .035 A11*** | .035
Black Female -.007 042 -.002 042 .024 042
Other Female -.044** .022 -.042* .022 -.033 .022
Ref = White Female - - - - - -
Employment Controls:
Months FT Experience at Grad | .000*** .000 .000*** .000 .000*** .000
FT School After Grad? -.020* 012 -.022* 012 -.018 012
Self~Employed? -.069** .028 -.071** .028 -074*** | .028
Field of Study:
Social Sciences/Law -072*** | 017 -070*** | 017 -.069*** | .017
Engineering/Architecture .086*** .026 .089*** .026 .085*** .026
Health 126*** | .015 A129*** | 015 JA25*** | 015
Education -.049** .023 -.052** .023 -.053** .023
Physical/Life Sciences -116*** | .026 - 115*** | .026 -116*** | .025
Math/IT -.009 .049 -.007 .049 -.011 .049
Humanities -142*%** | 024 -.140*%** | 024 -.142*%** | 024
Visual/Performing Arts -217*** | 028 -217*** | 028 -217*** |1 .028
Other Fields -132*** | .026 -132%** | 026 -132%** | 026
Ref = Business/Admin - - - - - -
Residence Location:
Atlantic -.034 .022 -.035 .022 -.040* .022
Quebec -067*** | .013 -.064*** | .013 -073*** | .013
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Prairies 112%** 016 113*** 016 103*** 016
British Columbia .063*** 021 061*** 021 .054*** 021
Northern Territories A60*** 111 AB4F** 111 A449*F** 110
Ref = Ontario - - - - - -
Education Level:

Less than Bachelors/PG -311*** | 013 -317*** | .013 -.306*** | .013
Higher than Bachelors/PG .265%** .019 261%*F* .019 256%*F* .019
Ref = Bachelors/Postgrad Cert. | - - - - - -
Academic Self-Ranking:

“In top 10%” 044*** 016 .046*** 016
“In top 25%” .015 .015 .018 .015
Ref = “In top 50% OR less” - - - -
Family Status

Married/Common—Law 067*** .012
Previously Married -.051 .032
Ref = Single, Never Married - -
Dependent Children? -.048*** | 015

*p < 0.1; **p < 0.05; ***p < 0.01
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Appendix 4: Regression 2a: Gender-Pooled Analysis of Unemployment Odds

Regression 2 (Binary Logistic): Employed(0)/Unemployed(1); Employed (and Self-Employed)—>n=13,687; Unemployed->n=770
Model 1 (Pseudo R?=.019) | Model 2 (Pseudo R?=.027) | Model 3 (Pseudo R?=.051) | Model 4 (Pseudo R?= .058)

Variables B |SEBJExpB) |B [SEBJExpB) |B [SEB|ExpB) [|B | S.E.B | Exp(B)
Male Ethno-Racial Groups:

South Asian Male 1.483 | .189 4.406*** | 1.553 | .190 4.727*%** 1 1.659 | .194 5.254*** 1 1.790 | .199 5.989***
Chinese Male 265 | .294 1.304 338 | .295 1.402 525 | .297 1.691* .689 .302 1.992**
Black Male 518 | .481 1.679 578 | .482 1.782 682 | .485 1.978 .670 487 1.955
Other Male .604 | .178 1.830*** | .617 | .179 1.854*** | 774 | 181 2.168*** | .844 .183 2.326%**
Female Ethno-Racial Groups:

White Female -197 | .084 .821** -197 | .084 .821** -.012 | .093 .988 -012 | .094 .988
South Asian Female .094 | .303 1.098 190 | .304 1.209 411 | .309 1.508 485 311 1.625
Chinese Female -.985 | 511 373* -914 | 512 401* -781 | 515 458 -689 | .516 502
Black Female -114 | .386 .892 -110 | .386 .896 083 |.391 1.086 .044 .392 1.045
Other Female .603 | .160 1.827*** | 626 | .161 1.871*** | .760 | .167 2.137*** | .799 .168 2.222%**
Ref = White Male - - - - - - - - - - - -
Employment Controls:

Months FT Experience at Grad .003 | .000 1.003*** | .003 | .000 1.003*** ] .003 .000 1.003***
FT School After Grad? 342 | .077 1.408*** | .394 | .080 1.483*** | .394 .080 1.483***
Field of Study:

Social Sciences/Law -111 | 154 .895 -.089 | .155 915
Engineering/Architecture 568 | .128 1.765*** ] .565 128 1.759***
Health -.320 | .160 726** -297 | .160 743>
Education 1.004 | .158 2.728*** 1 1.043 | .159 2.830***
Physical/Life Sciences 443 | 170 1.557*** | 477 171 1.611%**
Math/IT 281 | .273 1.324 .281 273 1.324
Humanities 648 | .157 1.911*** 1 699 159 2.012%**
Visual/Performing Arts 549 | 191 1.732*** | 576 191 1.780***
Other Fields 935 144 2.547*** | 914 144 2.495***

Ref = Business/Admin - - - - _ i
Residence Location:

Atlantic 413 151 1.512***
Quebec .186 .092 1.205**
Prairies -509 | .146 .601***
British Columbia -116 | .146 .890
Northern Territories -1.251 | 1.519 | .286

Ref = Ontario - - -
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Education Level:

Less than Bachelors/PG

Higher than Bachelors/PG

Ref = Bachelors/Postgrad Cert.

Academic Self-Ranking:

“In top 10%”

“In top 25%”

Ref = “In top 50% OR /ess”

Family Status

Married/Common—Law

Previously Married

Ref = Single, Never Married

Dependent Children?

Model 5 (Pseudo R?= .062)

Model 6 (Pseudo R?= .063)

Model 7 (Pseudo R?= .070)

Variables B | SE.B | Exp(B) IB | SE.B | Exp(B) |B | S.E.B | Exp(B)
Male Ethno-Racial Groups:

South Asian Male 1512 | 1512 | 6.228*** ] 1.794 | .201 6.014*** | 1.774 | .201 5.893***
Chinese Male 1.205 | 1.205 | 2.107** ] .709 .304 2.033** | .628 .305 1.875**
Black Male .601 .601 1.786 541 488 1.718 497 488 1.643
Other Male .890 .890 2.380*** | .847 184 2.334*** | .838 184 2.312%**
Female Ethno-Racial Groups:

White Female -023 | .094 977 -026 | .094 974 -019 |.095 .981
South Asian Female .509 312 1.664 472 312 1.604 428 313 1.535
Chinese Female -.623 | .517 536 -.658 | .517 518 -707 | 518 493
Black Female .021 .392 1.021 .034 392 1.034 -104 | .393 .901
Other Female .809 169 2.245%** | 787 169 2.197*** | 731 170 2.078***
Ref = White Male - - - - - - - - -
Employment Controls:

Months FT Experience at Grad | .002 .000 1.002*** | .002 .000 1.002*** | .003 .001 1.003***
FT School After Grad? 416 .081 1.516*** | .422 .081 1.525*** | .389 .082 1.476***
Field of Study:

Social Sciences/Law .014 157 1.015 .013 157 1.013 .012 157 1.012
Engineering/Architecture 480 .130 1.615*** | 474 130 1.607*** ] .488 131 1.629***
Health -301 | .161 740* -309 |.161 734* -288 | .161 749*
Education 1.204 | .164 3.335*** | 1.213 | .164 3.362*** ] 1.233 | .165 3.430***
Physical/Life Sciences .567 173 1.763*** | .566 173 1.762*** | 577 173 1.781%**
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Math/IT 276 273 1.318 277 273 1.319 271 274 1.311
Humanities .833 163 2.300*** | .837 163 2.310*** | .848 163 2.335%**
Visual/Performing Arts .568 191 1.765*** | .562 191 1.755*** | 548 192 1.730%**
Other Fields .786 147 2.195*** | 778 147 2.177*** | 781 148 2.183***
Ref = Business/Admin - - - - - - - - -
Residence Location:

Atlantic 433 151 1.542*** | 428 151 1.534*** | 446 152 1.562%**
Quebec 151 .093 1.163 129 .093 1.138 .168 .094 1.182*
Prairies -500 | .146 .606*** | -515 | .146 598*** | -494 | .146 .610***
British Columbia -118 | .146 .889 -114 | .146 .893 -111 | 147 .895
Northern Territories -1.215 | 1.521 | .297 -1.227 | 1.521 | .293 -1.158 | 1.521 | .314

Ref = Ontario - - - - - - - - -
Education Level:

Less than Bachelors/PG .390 .096 1.477*** | .404 .097 1.498*** | .351 .098 1.421***
Higher than Bachelors/PG .018 170 1.018 .039 170 1.039 .084 172 1.088
Ref = Bachelors/Postgrad Cert. | - - - - - - - - -
Academic Self-Ranking:

“In top 10%” -.203 | .105 .816* -194 | .105 .824*
“In top 25%” -248 | .103 .780** -250 | .104 J79**
Ref = “In top 50% OR less” - - - - - -

Family Status

Married/Common—Law -495 | .096 .610***
Previously Married 251 .206 1.286
Ref = Single, Never Married - - -
Dependent Children? 229 |.117 | 1.257*

*p < 0.1; **p < 0.05; ***p < 0.01
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Appendix 5: Regression 2b: Males’ Analysis of Unemployment Odds

Regression 2 (Binary Logistic): Employed(0)/Unemployed(1); Employed (and Self-Employed)—>n=6,099; Unemployed—>n=394

Model 1 (Pseudo R?=.023)

Model 2 (Pseudo R?=.028)

Model 3 (Pseudo R?= .052)

Model 4 (Pseudo R?=.079)

Variables B |SEBJExpB) |B [SEBJExpB) |B [SEB|ExpB) [|B | SE.B | Exp(B)
Male Ethno-Racial Groups:

South Asian Male 1.483 | .189 4.406*** | 1.564 | .192 4.779*** | 1.657 | .196 5.245*** | 1.971 213 7.181***
Chinese Male 265 | .294 1.304 346 | .296 1.414 514 | .299 1.671* .769 313 2.158**
Black Male 518 | .481 1.679 576 | .482 1.778 643 | .487 1.903 713 492 2.041
Other Male .604 | .178 1.830*** | .639 | .180 1.894*** | 804 | .183 2.233*** | .961 .188 2.613***
Ref = White Male - - - - - - - - - - - -
Employment Controls:

Months FT Experience at Grad .002 |.001 1.002*** ] .002 | .001 1.002*** ] .002 .001 1.002**
FT School After Grad? 116 110 1.123 225 115 1.253* .220 116 1.246*
Field of Study:

Social Sciences/Law -418 | .278 .659 -.347 279 707
Engineering/Architecture 566 | .163 1.761*** ] .543 .164 1.722%**
Health -.309 | .315 734 -211 .316 .810
Education 1.211 | .278 3.357*** | 1.336 .282 3.805***
Physical/Life Sciences 388 | .245 1.475 461 247 1.586*
Math/IT 295 | .327 1.343 .300 .328 1.349
Humanities 649 | .261 1.913** | .818 .265 2.267***
Visual/Performing Arts 928 | .262 2.531*** 1 1.039 .265 2.827***
Other Fields 876 | .206 2.401*** | .835 .207 2.306***
Ref = Business/Admin - - - - - -
Residence Location:

Atlantic .804 223 2.233***
Quebec .687 .136 1.987***
Prairies -.841 .260 A431F**
British Columbia 405 .186 1.499**
Northern Territories -17.753 | 9630.692 | .000

Ref = Ontario - - -

Education Level:

Less than Bachelors/PG

Higher than Bachelors/PG

Ref = Bachelors/Postgrad Cert.

Academic Self-Ranking:

“In top 10%”
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“In top 25%”

Ref = “In top 50% OR less”

Family Status

Married/Common—Law

Previously Married

Ref = Single, Never Married

Dependent Children?

Model 5 (Pseudo R?= .088)

Model 6 (Pseudo R?= .092)

Model 7 (Pseudo R?= .107)

Variables B |SE.B | Exp(B) |IB |SE.B | ExpB) |IB | SE.B | Exp(B)
Male Ethno-Racial Groups:

South Asian Male 2.036 215 7.659*** | 1.996 217 7.361*** | 1.991 217 7.324***
Chinese Male .855 .315 2.350*** | .782 317 2.185** | .729 .318 2.074**
Black Male .583 494 1.791 516 497 1.676 511 499 1.667
Other Male 976 .189 2.654*** | 957 .190 2.603*** | .981 191 2.667***
Ref = White Male - - - - - - - - -
Employment Controls:

Months FT Experience at Grad | .001 .001 1.001* .001 .001 1.001* .002 .001 1.002**
FT School After Grad? .259 117 1.295** | .266 117 1.305** | .214 118 1.238*
Field of Study:

Social Sciences/Law -.157 .284 .855 -.170 .285 .844 -171 .286 .843
Engineering/Architecture 372 .170 1.451** | .363 171 1.438** | .410 172 1.507**
Health -.237 .318 .789 -.236 .318 .790 -.298 .324 742
Education 1.600 .290 4.953*** 1 1.610 .290 5.002*** | 1.610 291 5.004***
Physical/Life Sciences 474 .249 1.607* AT7 .249 1.611* 524 .250 1.689**
Math/IT 221 .329 1.247 222 .329 1.248 216 331 1.241
Humanities .982 271 2.671*** | .999 272 2.716*** ] 1.006 273 2.736***
Visual/Performing Arts .950 .267 2.587*** | .943 .267 2.567*** | .919 .269 2.506***
Other Fields .626 213 1.869*** | .613 213 1.845*** | .650 .215 1.916***
Ref = Business/Admin - - - - - - - - -
Residence Location:

Atlantic .819 224 2.267*** | .794 224 2.213*** | .826 .225 2.283***
Quebec .645 137 1.905*** | .607 137 1.836*** | .639 139 1.894***
Prairies -.813 .261 444*** | -848 .261 428*** | -.855 .262 A425%**
British Columbia 407 .187 1.503** | .407 .187 1.502** | .362 .189 1.436%
Northern Territories -17.761 | 9527.933 | .000 -17.816 | 9462.570 | .000 -17.709 | 9389.201 | .000
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Ref = Ontario

Education Level:

Less than Bachelors/PG .662 148 1.939*** | .681 150 1.975*** | .605 151 1.832***
Higher than Bachelors/PG .563 241 1.756** | .600 242 1.822** | .707 244 2.027***
Ref = Bachelors/Postgrad Cert. | - - - - - - - - -
Academic Self-Ranking:

“In top 10%” -.282 145 .754* -.248 145 .780*
“In top 25%” -.447 145 639*** | -.447 146 .639***
Ref = “In top 50% OR less” - - - - - -

Family Status

Married/Common—Law -.518 143 .596***
Previously Married 1.086 .300 2.964
Ref = Single, Never Married - - -
Dependent Children? -093 | .195 | .911%*

*p < 0.1; **p < 0.05; ***p < 0.01
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Appendix 6: Regression 2b: Females’ Analysis of Unemployment Odds

Regression 2 (Binary Logistic): Employed(0)/Unemployed(1); Employed (and Self-Employed)—>n=7,588; Unemployed—>n=376

Model 1 (Pseudo R?=.010)

Model 2 (Pseudo R?=.025)

Model 3 (Pseudo R?= .052)

Model 4 (Pseudo R?= .060)

Variables B |SEB|ExpB) |B [SEBJ|ExpB) |B [SEB|ExpB) |[B [SE.B]|ExpB)
Female Ethno-Racial Groups:

South Asian Female 291 | .303 1.337 407 | .305 1.502 435 | .308 1.544 413 | 311 1.511
Chinese Female -.788 | 511 455 -716 | .512 489 -710 | .515 491 -.625 | 517 535
Black Female .082 | .386 1.086 072 | .387 1.075 .052 | .390 1.053 012 | .391 1.012
Other Female .800 | .160 2.225*** | 813 |.161 2.255*** | 777 | .164 2.176*** | 760 | .166 2.138***
Ref = White Female - - - - - - - - - - - -
Employment Controls:

Months FT Experience at Grad .003 | .001 1.003*** | .003 | .001 1.003*** ] .004 | .001 1.004***
FT School After Grad? 566 | .109 1.762*** | 565 | .113 1.759*** | 566 | .113 1.762***
Field of Study:

Social Sciences/Law 014 | .189 1.015 -043 | .191 .958
Engineering/Architecture 465 | .269 1.592* 448 | .270 1.565*
Health -304 | 191 738 -303 | .191 739
Education 946 | .194 2.574*** 1 949 | .195 2.584***
Physical/Life Sciences 487 | .238 1.627** | .464 | .238 1.590**
Math/IT 225 | .516 1.253 225 | .516 1.253
Humanities 650 |.198 1.915*** | 573 | .201 1.773***
Visual/Performing Arts 182 | .285 1.199 180 | .285 1.197
Other Fields 1.032 | .204 2.806*** ] 1.013 | .205 2.755%**
Ref = Business/Admin - - - - - -
Residence Location:

Atlantic 132 .207 1.142
Quebec -.282 | .133 154**
Prairies -315 | .178 .730*
British Columbia -911 | .274 A402%**
Northern Territories - 772 | 1537 | .462

Ref = Ontario - - -

Education Level:

Less than Bachelors/PG

Higher than Bachelors/PG

Ref = Bachelors/Postgrad Cert.

Academic Self-Ranking:

“In top 10%”
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“In top 25%”

Ref = “In top 50% OR less”

Family Status

Married/Common—Law

Previously Married

Ref = Single, Never Married

Dependent Children?

Model 5 (Pseudo R?= .062)

Model 6 (Pseudo R?= .062)

Model 7 (Pseudo R?>= .068)

Variables B [SEB|ExpB) |B |SE.B|[Exp(B) [B [S.E.B|Exp(B)
Female Ethno-Racial Groups:

South Asian Female 413 | 312 1.512 407 | 312 1.502 367 | .313 1.443
Chinese Female -570 | .518 .566 -583 | .519 558 -.623 | 519 .536
Black Female .006 | .391 1.006 .000 | .392 1.000 -126 | .393 .881
Other Female 766 | .167 2.151*** | 752 | .167 2.122*** | 754 | .168 2.126***
Ref = White Female - - - - - - - - -
Employment Controls:

Months FT Experience at Grad | .004 | .001 1.004*** ] .004 | .001 1.004*** ] .004 | .001 1.004***
FT School After Grad? 565 | .114 1.759*** | 572 | .115 1.772*%** ] 550 | .116 1.733***
Field of Study:

Social Sciences/Law .007 | .194 1.007 004 | .194 1.004 021 | .195 1.021
Engineering/Architecture 445 | .270 1.561* 443 | 271 1.558 459 | 271 1.582*
Health -294 | 191 745 -.300 | .192 741 -294 | .192 745
Education 1.022 | .206 2.778*** 1 1.037 | .206 2.820*** ] 1.038 | .207 2.824***
Physical/Life Sciences 536 | .243 1.709** | 539 | .243 1.715** ] 566 | .244 1.760**
Math/IT .303 | .518 1.354 .304 | .518 1.355 348 | 519 1.416
Humanities .633 | .209 1.883*** | .629 | .208 1.875*** | .658 | .209 1.931***
Visual/Performing Arts 194 | .285 1.215 192 | .285 1.212 225 | .287 1.252
Other Fields 955 | .208 2.598*** | .950 | .208 2.585*** | 976 | .209 2.653***
Ref = Business/Admin - - - - - - - - -
Residence Location:

Atlantic 147 .208 1.158 149 .208 1.161 .160 .208 1.174
Quebec -297 | 134 T43** -311 | .135 733** -278 | .135 J57**
Prairies -316 | .178 .729* -.320 | .178 726> -276 | .179 .758
British Columbia -.896 | .274 408*** | -.885 | .274 413*** | -.868 | .275 420%**
Northern Territories -711 | 1540 | .491 -.690 | 1.540 | .502 -.673 | 1.539 | 510
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Ref = Ontario

Education Level:

Less than Bachelors/PG 151 | .133 1.163 172 | 135 1.187 094 | 137 1.098
Higher than Bachelors/PG -.386 | .249 .680 -.364 | .250 .695 -.382 | .252 .683
Ref = Bachelors/Postgrad Cert. | - - - - - - - - -
Academic Self-Ranking:

“In top 10%” -166 | .154 847 -211 | .155 .810
“In top 25%” -.087 | .150 917 -114 | .150 .892
Ref = “In top 50% OR less” - - - - - -
Family Status

Married/Common—Law -.398 | .130 B71**F*
Previously Married -278 | .291 157
Ref = Single, Never Married - - -
Dependent Children? 509 [.149 [ 1.663***

*p < 0.1; **p < 0.05; ***p < 0.01
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