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Abstract

With a growing number of people moving away from traditional sources of
information providers, towards new online sources, it has become evident that the agenda-
setting and gatekeeping functions of the past have been altered. Due to such alteration, it
can be said that the profession of information dissemination has all but evaporated into a
cesspool of opinion that has been framed to uphold the viewpoints of a particular
ideology. While most studies to date have been effective in highlighting the alteration of
agenda-setting and gatekeeping, this paper attempts to focus on the shift in such practices,
away from traditional mass media institutions, to a new form of media through the
practices of networked journalism. In order to demonstrate the following, this paper uses
the 2016 U.S. Presidential Election as a case study. Tweets from traditional mass media
institutions, new media institutions (such as thought opinion leaders), and the public are
collected and examined in relation to information dissemination, via topic coverage. An
analysis of these tweets confirms such shift in agenda-setting and gatekeeping, where the
powers of information dissemination move away from traditional mass media institutions,
towards a model of information that is dependent upon the public and its engagement of
such information. This study is part of a larger body of research on the twenty-first
century phenomenon of publicly sourced information dissemination in the networked
society. In focusing on the shift that is occurring within society, this study will contribute

to future publications on a similar topic.
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1. Introduction
The topic of this paper revolves around the effectiveness of agenda-setting and

gatekeeping in today’s network society, where the new practice of networked journalism
will be examined in terms of how it has shifted the agenda-setting and gatekeeping
principles of traditional journalism. With the prominence of print and TV journalism,
information dissemination has largely been dictated by the agenda-setting and
gatekeeping powers of distinguished traditional mass media institutions. They have been
viewed as the twentieth century’s “public sphere”, where political discourse takes place
and public opinion is created (Livingstone & Lunt, 1994 p. 88). In the twenty-first
century, however, there is an emerging use of networked communication products such as
the social media platform of Twitter. People are moving en masse away from print and
TV journalism, to a new “networked journalism”, where information is received and
consumed through cyberspace via the hyperlink (Meraz, 2009, p. 700-702). Early studies,
which focus on this new information dissemination method of networked journalism,
have concluded that the agenda-setting and gatekeeping functions of traditional mass
media have been altered in some way. The goal of this paper is to further study how this
new method of information dissemination has shifted the agenda-setting and gatekeeping
framework for traditional mass media institutions. This paper hypothesizes that the use of
Twitter as a method of information dissemination is one of the main causes for this shift
in agenda-setting and gatekeeping functions away from traditional mass media
institutions, to a more publicly sourced information pool, supported by the practices of

networked journalism.
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2. Literature Review

This research paper includes several important concepts pertaining to the field of
journalism and public sphere theory, which must be further explained in detail in order to
comprehend the relation between one another. While the connections between the
concepts of gatekeeping and agenda-setting are understood in a general sense, such
connection must be thoroughly explained, along with their connections to the concepts of
networked journalism.

2.1 What is Gatekeeping and Agenda-Setting?

At its most basic level, the concept of gatekeeping comes from the field of
communication that addresses the various decision-making processes that go into the
dissemination of information (Lewin, 1947). While no formal definition of gatekeeping
exists, it can be generally described as an information control process that includes the
“selection, addition, withholding, display, channeling, shaping, manipulation, repetition,
timing, localization, integration, disregard and deletion of information” (Barzilai-Nahon,
2008, p. 2). This concept has been applied more broadly in the field of journalism to
represent a working theory on how media organizations operate among the public. The
theoretical framework of gatekeeping postulates that news editors at a news organization
are given the power to decide what stories should and should not be covered, based on the
subjective grounds of what the ‘gate keeper’ deems to be important and representative of
their culture (White, 1950). In this selection process, the ‘newsworthiness’ of a story is
determined by the gatekeeper by estimating the level of interest the audience has in a
particular story (Hirsch, 1977).

By selecting what stories to cover, the gatekeeper legitimizes some stories over
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others, thus ‘setting the agenda’ for topics of discussion among the public. The agenda-
setting concept goes hand-in-hand with the concept of gatekeeping, as it involves the elite
selection of whether or not a story is newsworthy enough to be covered (McCombs,
2004). Following the similar trend of gatekeeping, agenda-setting can be generally
defined as the gatekeeper’s action in determining what the public thinks and worries about
(McCombs & Shaw, 1972). In addition to elite selection, agenda-setting incorporates the
elite framing a particular issue as reality, thus perpetuating the legitimization of the stories
selected by media institutions (McCombs & Shaw, 1972).
2.2 Gatekeeping and Agenda-Setting: From Past to Present

Contemporary literature surrounding the theoretical frameworks of gatekeeping and
agenda-setting largely study their application to the twentieth century model of traditional
or ‘legacy’ media institutions. As Lewin (1947) puts it, the concept of gatekeeping is by
in large the ways in which information is circulated, or not circulated, to the public. In the
twentieth century’s model of the unidirectional flow of communication, mass media
institutions held a seismic role in the control of public information (Lewin, 1947). Due to
the scarcity of resources and the difficulties surrounding the collection of information,
traditional media institutions were given the task of compiling information, filtering
through such information, selecting the most contextually relevant information, and
disseminating it to the public through mass communication channels (White, 1950). This
filtering and selection of information consisted of the ‘gatekeepers’; elite newsroom
producers and editors, selecting the stories that they deemed integral to their audience
(White, 1950). The audience, constituted as a homogenous ‘mass’ audience, would

receive such information and accept its validity on the basis of traditional media outlets
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receiving confirmation of information as facts by verified sources (Meraz, 2009).

Since scarcity played a large role in the collection of news, traditional media outlets
were effectively given the power to direct the agenda of topics discussed among society
(Scheufele & Tewksbury, 2007). By selecting the information to disseminate and the
order in which such information would be delivered, traditional mass media outlets would
create a perceived hierarchy of importance to the stories presented, that mass audiences
subliminally ascribe to world events (McCombs & Shaw, 1972). This established
hierarchy would in turn apply “strong, long-term effects on [mass] audiences, based on
the ubiquitous and consonant stream of messages” presented to the audiences (Scheufele
& Tewksbury, 2007, p. 10). In other words, due to the scarce information made available
to mass audiences through traditional media institutions, the public socio-political agenda
became set through a manufacturing of consent.

The broad and vast effects of gatekeeping and agenda-setting applied not just to
information, but also to the visible public opinion of such disseminated information
(Barzilai-Nahon, 2008). Since the gatekeepers of society are in complete control of all
information received by the public, they are therefore also in control of how the public
perceives the rest of society’s reaction to news stories. Due to the unidirectional flow of
information, the sole producers of all public knowledge are the gatekeepers of the
traditional mass media institutions, where the public audience is not able to freely create
information (Barzilai-Nahon, 2008, p. 3). Take, for example, the letters to the editor
section of a newspaper, a section dedicated to voicing the views of the readers. All letters
are submitted to the newspaper’s headquarters, where the gatekeepers are able to filter

through submissions and select only those that benefit their objectives (Burns, 2008, p. 3-
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5). Similarly, news articles published which discuss the public’s opinion on the matter,
such as a public opinion poll article covering the mood of an electorate, is produced
entirely by the gatekeepers. Traditional mass media institutions are the ones which
conduct the polls, and select which data, if any, they choose to disseminate to the public.
Through framing, they are then able to analyze the disseminated data in an angle that
benefits their objectives (Herman & Chomsky, 1988, p. 20-35). In a sense, traditional
mass media institutions are not just a manufacture of consent, but also, a manufacturer of
public opinion, as even the ‘beliefs’ of the populous are subject to the gatekeeper’s
agenda-setting practices.

While this unidirectional flow of information worked in establishing a gatekeeping
and agenda-setting function for traditional mass media institutions in the twentieth-
century, it is not a practical model to study in the present reality of the multidirectional
flow of information in the networked society (Chin-Fook & Simmonds, 2011). Due to the
rise of accessibility and availability of the internet, the scarcity of information pertaining
to issues of interest to the public have largely been reversed. Instead, there is now an
abundance of information readily available to members of the public, particularly those
who have access to the internet (Singer, 2014). According to Meraz (2009), this
abundance has turned the table on the gatekeeping and agenda-setting effects of mass
media on the public. Given the readily available information scattered throughout
cyberspace, the public is given more than a handful of options as to where they consume
their news. Furthermore, with the creation of social media, user-generated content has
empowered the public with the tools for becoming their own gatekeepers and agenda-

setters of information (Meraz, 2009).
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Areview of the various pieces of literature pertaining to gatekeeping and agenda-
setting in today’s networked society shows that there has been much debate over the
actual erosion of the gatekeeping and agenda-setting functions of traditional mass media.
Heinderyckx and Vos (2016), for example, argue that while much of the information
received and consumed by the public today is through online mechanisms, most of this
information in fact originates from traditional mass media. Moreover, they argue that
while today’s digital communication services allow for user-ended creation of
information, it is traditional mass media institutions that still dominate the production of
news (Vos, 2016, p. 30-31).

On the other hand, Meraz (2009) argues that the elite hold of gatekeeping by
traditional media outlets no longer exists universally, as the “independent blog platform is
redistributing power between traditional media and citizen media” (p. 701). Instead,
traditional mass media outlets are just one part of the greater ecosystem of information
disseminators. Meraz studied the effects of blog networks on gatekeeping and ultimately
concluded that the gatekeeping power of traditional mass media outlets are exerted in
finite ways, when compared to the past (p. 701). Contrastingly, citizen media and opinion
leaders are able to seismically shift the agenda to their liking, along the long tail of media
choices in today’s society (p. 686-701). In other words, the plethora and diversity of
information disseminators allows for the gatekeeping powers of traditional mass media
institutions to erode and ultimately be removed of its powers in setting the public agenda.

Finally, some scholars such as Singer (2014) portray more of a middle ground in the
reformation of the gatekeeping and agenda-setting powers of traditional mass media. In

her approach to defining the present state of information dissemination, Singer (2014)
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states that the journalist from a mass media outlet still acts as the gatekeeper, but that
members of the audience play a role as ‘secondary gatekeepers’; individuals with an
online following that are able to distribute information to an even smaller audience of
people with similar interests to the so-called ‘secondary gatekeeper’ (p. 58). In other
words, a two-step gatekeeping process is created where traditional mass media institutions
are the primary gatekeepers that set the agenda for consumers of information. The
consumers of such information then become secondary gatekeepers, as they actively
disseminate or suppress the information they consume to their audience.

With all of these depictions as to the current state of gatekeeping and agenda-setting
among traditional media outlets, one must wonder which of the following scenarios
presented holds the most amount of truth. Could it be that traditional media outlets do in
fact still hold power over information dissemination in today’s networked society? If so,
how much power do they hold? Furthermore, if traditional media outlets continue to set
the agenda and act as gatekeepers of information, does it mean that social media sites like
Twitter have no effect on information dissemination? These questions are enticing and in
the peripheral of much of the contemporary literature surrounding this topic. As such,
these questions largely remain unanswered by the plethora of scholarly work. It is the goal
of this paper to delve deeper into this core complexity, to study which of the following
‘realities’ of the twenty-first century are accurate when it comes to the gatekeeping and
agenda-setting powers of traditional mass media institutions.

2.3 Networked Journalism
Prior to solving the mystery of the traditional mass media’s actual control over the

gatekeeping and agenda-setting of information, we must first understand
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how such hypothetical control would be administered today, through the practice of
networked journalism. The concept of networked journalism can be best understood as the
“combination of critical and orientational storytelling, triggered by a demand from
[members of] the public as well as a demand from the profession itself” (Bardoel &
Deuze, 2001, p. 97). Where networked journalism incorporates the medium of the
internet, it requires that producers of information orient their stories towards a specific
audience, rather than a broad ‘created’ one (Bardoel & Deuze, 2001, p. 97). As digital
media, the practice of networked journalism allows for technology to become the central
tenant that controls the distribution of media messages (Bardoel & Deuze, 2001, p. 97) via
blogs, new media websites, (Beckett & Mansell, 2008) and most importantly, through
social media ‘microblogs’ such as Twitter (Hermida, 2010).

While networked journalism is a new phenomenon, current academic discourse
summates that journalism as a whole becomes decentralized as consumers of news move
away from traditional media outlets as their only source for information (Beckett &
Mansell, 2008); democratized, in the sense that the format of information dissemination
provides more opportunities for public debate (Beckett & Mansell, 2008); and
disintermediated, by removing the ‘middleman’ journalist due to new technologies and an
increase in individuals who actively seek information through such new technologies
(Bardoel & Deuze, 2001). As a result, the so-called ‘old journalism’ of the past no longer
owns the megaphone of discourse in society (Bardoel & Deuze, 2001). In a sense, the
gatekeeping and agenda-setting practices of the past do not universally apply today, as
average citizens have been given the power to circumvent traditional media outlets’

gatekeeping presence and set their own agenda with regards to the importance of news
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stories (Bardoel & Deuze, 2001).

The power beholden to the citizen in information dissemination is a central tenant of
networked journalism. The democratization that allows the citizen to produce and
disseminate news is of major significance to the theoretical framework of networked
journalism. The capability of an individual to create, contribute to, and share information
to other individuals in a global setting is what threatens the very concept of a hierarchical
system of information dissemination, driven by the gatekeeping and agenda-setting
practices of traditional mass media institutions (Deuze, Burns, & Neuberger, 2007). As
the former editor-in-chief of Reuters puts it, due to the democratization and economic
scaling of media production, “the days of owning and controlling [information]... are
over”, as anyone can obtain and produce news for an audience to consume (p. 323).
Ultimately, this democratizing force is what unleashes networked journalism to become a
threat to the concepts of gatekeeping and agenda-setting.

Yet while networked journalism leads to decentralization, democratization, and
disintermediation of news, it also creates a hierarchal system through the use of
hyperlinks and media metrics. In a digitized world where information is stored in the
network, hyperlinks are used to disseminate information to audiences (Beckett & Mansell,
2008). Furthermore, the number of page clicks, retweets, and likes are what indicate the
prominence of one’s status as an information provider in the age of networked journalism
(Beckett & Mansell, 2008). In an era where an abundance of information exists, the
competition for an audience becomes fierce. Many individuals use the metrics listed
above as a way to appraise a digital ‘networked media’ institution, where the more

retweets, page clicks, and hyperlinked mentions one gets, the more ‘legitimate’ they
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become in the eyes of the average online information seeker (Hermida, 2010).

Based on contemporary literature, it can be said that while networked journalism in
many ways collapses the gatekeeping and agenda-setting functions of traditional mass
media outlets, it also re-establishes it, albeit in a digital format. Ultimately, the question
with regards to the research interests of this paper becomes the following: In what way[s]
does the implementation of networked journalism collude or collapse the old world
gatekeeping and agenda-setting practices of traditional mass media outlets? In order to
answer this, we must further study the strategies of traditional mass media outlets’
execution of their networked journalism practices. For all intents and purposes of this
paper, we shall only study their use of Twitter and hyperlinks on Twitter. Prior to
studying this, however, we must also understand the importance of Twitter when it comes
to information dissemination among political campaigns, as we will later attempt to study
the 2016 U.S. Presidential Election in the context of networked journalism and the
traditional mass media’s power, or lack thereof, over gatekeeping and agenda-setting.

2.4 The Importance of Twitter in Political Campaigns

The literature examined thus far makes it clear that technology has radically altered
the state of information dissemination. Due to the invention of the internet, there is an
abundance of information, which was previously made scarce in the twentieth century
(Singer, 2014). While the internet as a whole is important to this shift, no other technical
component of the internet has been more important to the format of political campaigns
than social media (Hong & Nadler, 2012). Specifically, the microblogging site of Twitter
is the political sphere’s favourite social media medium (Vergeer, Hermans & Sama,

2011). There are two main reasons for the popularity of Twitter as a political tool: [1]

10
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politicians see Twitter as a tool to easily disseminate their message without going through
the traditional mass media’s gatekeeping and agenda-setting practices (Hong & Nadler,
2012) and; [2] the use of microblogging as a place where active citizens share their
thoughts and beliefs about society, especially regarding politics (Metzgar & Maruggi,
2009).

Political campaigns see it beneficial that professional journalists have lost control
over the agenda-setting and gatekeeping capabilities on Twitter, something which
journalists attempt to hold onto in the traditional media dissemination methods of print
and broadcast journalism (MacKinnon, 2005). More than ever, it is being argued that
Twitter and other social media sites are becoming the so-called ‘Fifth Estate’; in replace
of the traditional mass media’s ‘Fourth Estate’, where greater social accountability
dominates due to the free-flowing discussions users have among one another and
increasingly with politicians and governmental institutions (Dutton, 2007). Twitter
effectively removes the need for traditional methods of information consumption, as both
mass media and new media outlets disseminate information through the social media site,
using hyperlinks to direct traffic to articles and text tweets to release condensed pieces of
information (Saez-Trumper, Castillo & Lalmas, 2013). Such practice is networked

journalism in action.

11
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3. Research Questions

As the literature suggests, there appears to be a shift within the confines of information
dissemination in today’s connected world. According to Castells (2000), the gatekeeping
and agenda-setting actions of traditional mass media institutions appear to be in question,
as the threat of networked journalism takes a lager role in the day-to-day practices of
information disseminators. As such, in order to compartmentalize such hypothesized
shift, this paper will attempt to answer the following research questions:

RQ1: In what way has the social media tool of Twitter altered agenda-setting and

gatekeeping principles through standard practices of networked journalism?

RQ2: Have traditional mass media institutions been effective in implementing their

practice of networked journalism?

RQ3: Has networked journalism led to the decreased influence of traditional mass

media institutions when it comes to major stories of significance?

While this paper will attempt to answer these questions, it is important to note that
there are limitations in the conclusions that this paper will make. To begin, given the
limited scope of this paper, it will be difficult to summate that the findings contained
therein are exhaustive and all-encompassing of the field of journalism. The goal of this
paper is to provide one specific example of how, if at all, the social media platform of
Twitter has altered the agenda-setting and gatekeeping practices of traditional mass media
institutions, through the modern framework of networked journalism. Furthermore, this
paper will be studying a highly specified segment of journalism, that being political
journalism. The changes that affect traditional mass media institutions, as observed in this

paper, are not to be considered a vade mecum of the metamorphose in the twenty-first

12
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century structure of journalism. Political journalism, while integral, is only one segment

of the fourth estate and its role in disseminating information to the public.

13
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4. Data Collection Approach

In order to study the extent to which Twitter has altered agenda-setting and
gatekeeping principles, especially with regards to the effectiveness of traditional mass
media outlets, this paper will examine tweets from both the public, new media
institutions, and mainstream media institutions during the 2016 U.S. Presidential Election.
Using Netlytic, a total of five datasets have been created; each with a specific term, date,
and general type of audience. For two of the five datasets, the hashtag “#MAGA” [Donald
Trump’s campaign slogan - Make America Great Again] is used as the specific term, in
order to collect tweets from the public audience that is supportive, sympathetic, or highly
interested in Donald Trump. The dates of the tweets in the datasets are November 7, 2016
and November 9, 2016 respectively; specific dates to allow for an examination of what
this audience was discussing both one day before and one day after the election.

For another two of the five datasets, the hashtag “#IlmWithHer” [Hillary Clinton’s
campaign slogan] is used as the specific term, in order to collect tweets from the public
audience that is supportive, sympathetic, or highly interested in Hillary Clinton. Again,
the dates of the tweets in these datasets are the same as the dates of the tweets in the
“#MAGA” datasets, for the same reasons mentioned above and to allow for an apples to
apples comparison of tweets issued by each public audience.

By using these two political campaign hashtags, the data collected will provide a
sense of the general themes, moods, and thoughts of the public, pertaining to Donald
Trump and Hillary Clinton. Additionally, the tweets collected will also display the type of
information and news stories that people are discussing and disseminating throughout the

Twitterverse.

14
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Finally, for the fifth dataset, the hashtag “#Election2016” is used as the specific
term, as it became known as the standard hashtag among established journalists and
media organizations to use when tweeting news about the campaign. The dates of the
tweets collected range from November 7, 2016 to November 9, 2016, in order to best
study the media’s reaction one day before the election, the day of the election, and one
day after the election. This dataset only focused on the Twitter accounts of several
traditional mass media outlets, in order to discern what stories they tweeted, how they
worded their tweets, what rich content was included in the tweets, and most importantly,
how many retweets and conversations did their tweets garner. The specific Twitter
accounts included in this dataset are as follows: @cnn, @msnbc, @foxnews, @abcnews,
@nbcnews, (@cbsnews, @wsj, @huffingtonpost, @nytimes, (@washingtonpost, @latimes,
and (@usatoday. These accounts were selected as they are recognized by the public as
reputable legacy media institutions. These specific accounts are also considered to be the
most viewed Twitter accounts among traditional mass media outlets (Pew Research
Center, 2011).

A total of 4,392 tweets have been collected, among the five datasets. Ultimately,
these datasets will assist in the attempt to answer the research questions listed above. By
limiting the data collected to the social media tool of Twitter, this paper will be able to
isolate the findings to specifically address the research questions contained within. By
applying the theoretical concepts of gatekeeping, agenda-setting, and networked
journalism, along with studying the usage of Twitter by both new and traditional mass
media institutions, and the public, this paper will discern to what extent, if any, Twitter

has had on information dissemination [albeit, within the limited context of information
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pertaining to the 2016 U.S. Presidential election]. Furthermore, the data collected will
allow this paper to deduce whether or not traditional mass media institutions have been
able to successfully implement the practices of networked journalism, as the data will
present quantifiable evidence depicting their relative reach to the masses on the
microblogging platform, and whether or not the public at large refers to traditional mass
media institutions for information on stories of significance, such as the 2016 U.S.

Presidential election.

16



Running Head: MEDIA AGENDA-SETTING AND GATEKEEPING

5. Methods of Analysis

Using the data collected, along with the nomenclature of theory pertaining to
agenda-setting, gatekeeping, and networked journalism, this paper will take a mixed
methods analysis approach to answering the questions listed above. Specifically, the
qualitative method of textual analysis will be used in tandem with the method of
quantitative content analysis.

5.1 Qualitative Analysis

Using a textual analysis approach, this paper will attempt to analyze what topics
each of the audiences listed above are discussing with regards to the election, if either
audience has a preference for news sources; and more importantly, the differences in
topics being discussed between each of three main cohorts; Trump enthusiast, Clinton
enthusiasts, and traditional mass media outlets. This will be done by using the Netlytic
text analysis software, along with a manual coding of the tweets compiled (see Appendix
I). The most used terms in each dataset will be studied further and put into context, to
summate the general themes. These themes, when contextualized, will provide this paper
with a window into the world of the public and their thoughts pertaining to the
Presidential candidates and their campaigns. Furthermore, using the headlines from
several traditional and new media sources to analyze the top headlines for the dates of
November 7 and November 9, this paper will study what new stories of the day each
cohort disseminated throughout the Twitterverse.

5.2 Quantitative Analysis

Similarly, using a quantitative content analysis approach, this paper will utilize the

meta-analysis process of studying market penetration/reachability with regards to
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traditional mass media and new media/opinion leaders, using retweet counts as a
barometer. The information collected in the fifth dataset detailed above will be compared
to the information collected in the four other datasets, in order to juxtapose the differences
in how new media/opinion leaders/news consumers and traditional mass media outlets
broadcast information, and how the public receives, interpolates and shares this
information. Furthermore, the tweets of new media/opinion leaders/news consumers and
traditional mass media organizations will be compared to one another and analyzed in
terms of their reach. The metrics used to quantify reach will consist of retweets, responses
to the tweet, and conversation starters. This will be done using information interpretation
created by Netlytic’s network analysis software. Here, Netyltic counts all the usernames
of Twitter accounts captured within a given dataset and visualizes the information in a
network graph. Each username is assigned a dot on the graph, known as a node. The
connections between nodes is then visualized with links drawn between each node-to-
node interaction, where an interaction counts as either a retweet, mention [where one user
mentions the username of another], or a reply/conversation starter. The greater the amount
of interactions a user makes, the larger their node is represented within the graph. Nodes
that are clustered together form a community, where a high amount of interaction takes
place among each other. Nodes that are on the edges of the network graph are isolated
ones, where little to no interaction takes place between them and other users. Ultimately,
the greater the interaction of a node, the larger the impact and reach it has within the
network.

5.3 Operationalizing the Research Questions

Research Question (RQ) Tools Qualitative Analysis Quantitative Analysis

To what extent has the social media Netlytic Text analysis
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tool of Twitter altered agenda-setting

and gatekeeping principles through Excel Content analysis/Topic
standard practices of networked analysis

journalism?

Have traditional mass media Excel Content analysis/Topic
institutions been effective in analysis

implementing their practice of
networked journalism?

Has networked journalism led to the Netlytic Network analysis
decreased influence of traditional mass
media institutions when it comes to Twitter/Excel Meta-analysis

major stories of significance?

Table 1: Operationalizing research questions

The analysis of the data compiled for this paper will follow the deductive research
approach. Focusing on the pre-existing theoretical concepts of gatekeeping and agenda-
setting, this paper will analyze the effects that Twitter has on the power of traditional
mass media outlets. The paper will also apply the theory of networked journalism to study
whether or not traditional mass media outlets have instituted a successful mode of
outreach in today’s technologically driven media landscape. Finally, through the
deductive approach, this paper will compare the reach and effectiveness of traditional
mass media outlets, in comparison to new media outlets/opinion leaders, in relation to the
public penetration in the market of information dissemination, using the 2016 U.S.
Presidential election as a case study. In order to study the following, this paper will
attempt to answer the three research questions listed above using the following methods:

RQ1: In what way has the social media tool of Twitter altered agenda-setting and

gatekeeping principles through standard practices of networked journalism?

Using Netlytic’s text analysis software, the qualitative method of text analysis will
be used to discern the top themes that each dataset incorporates. By examining the top ten
used terms among the tweets compiled in each dataset, this paper will be able to sketch a
general picture of the conversations taking place among users within the network.

Similarly, using the Excel filter function, a qualitative content and topic analysis will be
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administered. Upon reviewing the headlines from both traditional and new media sources
on November 7, 2016 to November 9, 2016, along with manually combing through the
tweets from each dataset, this paper will be able to comprehend the differences in news
stories discussed and disseminated among each of the following cohorts. Codes will be
applied to the collected tweets in each dataset that will comply with the key topics being
discussed, in order to allow for the filtering of data to take place. Such filtering will allow
this paper to identify which key topics are being significantly discussed by each of the
following cohorts. Finally, in order to analyze how the social media tool of Twitter has
altered agenda-setting and gatekeeping principles through the standard practice of
networked journalism, this paper will highlight the key differences in key topics being
discussed and disseminated among traditional mass media institutions and new
media/opinion leaders.

RQ2: Have traditional mass media institutions been effective in implementing their

practice of networked journalism?

Upon completing the coding of tweets for the purpose of attempting to answer RQ1,
this paper will further analyze the results found. Specifically, this paper will examine how
each dataset covers four crucial stories (1) the FBI clearing Clinton of criminal
wrongdoing story; (2) the John Podesta email story; (3) the Russia connection story; (4)
the polls/horserace story, and how they differ from what new media/opinion leaders/news
consumers are disseminating, and most importantly, using the theoretical concepts of
networked journalism, analyze if and how traditional mass media institutions have failed
in transitioning to a twenty-first century method of news coverage. Additionally, this

paper will delve further into the coded tweets among each dataset to analyze usage
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patterns among Twitter users. Numerous studies regarding Twitter content have taken
such an approach by examining the varying aspects of a user or users’ behaviour on
Twitter, such as Bagdouri’s (2016), who looked at the key differences in usage among
journalists on Twitter from different parts of the world. For the intents and purposes of
this study, this paper will examine the differences, if any, in the engagement level
between traditional mass media institutions and new media/opinion leaders/news
consumers, in addition to identifying any dissimilarities in the implied practices of two
core groups on Twitter.

RQ3: Has networked journalism led to the decreased influence of traditional mass

media institutions when it comes to major stories of significance?

Using Netlytic’s network analysis tool, a quantitative method of network analysis
will be used to discern what interaction, if any, each of the following cohorts has among
each other. By manipulating the information contained within Netlytic’s network analysis
displays, this paper will be able to understand the overall reach of tweets issued by
individual accounts [nodes], along with how much interaction each user [node] has among
other users [nodes] within a network. While the dataset pursuant to traditional mass media
institutions only includes tweets sent out by the networks listed above, the mentioning of
the networks in the four other datasets will shed light into how much interaction they
receive among new media/opinion leaders/news consumers. Specific information as to
how this identification and determination is made will be further explained in the pages
below. Additionally, using the Excel filter function, this paper will be able to quickly find
tweets of a similar nature from all datasets, in order to compare side-by-side their retweet

count; a unit of measurement which provides a clear numerical value to a tweet’s reach.
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This retweet comparison will shed light into whether or not traditional mass media
institutions are receiving an equal, greater than, or less than reach when compared to

tweets originating from new media/opinion leaders/news consumers.
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6. Findings

The aim of this MRP is to analyze if the gatekeeping and agenda-setting functions
of mass media institutions are still applicable in today’s connected society, where the
advent of networked journalism, due in part by the creation of the networked
communication tool of Twitter, has ushered in a new form of information dissemination.
Results of the mixed-method analyses outlined above are revealed and discussed in the
pages below, sorted by research question.

6.1 RQ1: The Altering of Agenda-Setting and Gatekeeping in the Twitterverse

This section discusses the analysis process and the key findings pursuant to the
changes in the agenda-setting and gatekeeping powers of traditional mass media
institutions, when it comes to information dissemination on Twitter. First, using Netlytic’s
text analysis software, the top ten keywords of each dataset will be identified. General
points of interest will be noted in the differences among the top terms of each dataset.
Second, the key news stories discussed among each dataset will be identified. The coding
process implemented in the Excel filtering function administered to identify these key
topics will be explained, along with the method by which top news headlines were
determined. Finally, this section will then conclude with a summation of the general
findings within the datasets. Similarities and differences in the top stories covered within
each of the five datasets and three cohorts will be highlighted, along with the core
differences in information dissemination between traditional mass media institutions and

new media/opinion leaders/news consumers.
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RQ1: Keywords and Top Themes
Figure 2: Top 10 words in dataset A

Figure 3: Top 10 words used in dataset B

#ImWithHer Nov. 7 #MAGA Nov. 7
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@hillaryclinton — — minutes T——
election — join e——
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Figure 4: Top 10 words in dataset C Figure 5: Top 10 words in dataset D
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Figure 6: Top 10 words for dataset E
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Upon studying the graphs above, it is evident that all five datasets include similar
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themes, with differing levels of interest among these topics, yet are exclusive to one
another in terms of their overall focus. For example, the term ‘trump’ appears as one of
the top ten used terms in four out of the five datasets, with dataset A being the sole dataset
to not have the term used such frequently. While dataset A does not include the term
‘trump’ among its top ten words used, it does include ‘#maga’ as the sixth most used
word. The hashtag ‘#maga’, an acronym for Donald Trump’s campaign slogan “Make
America Great Again”, is clearly linked with Donald Trump, much like the term ‘trump’
is. Therefore, it can be deduced that the campaign of Donald Trump is a similar theme
that is present in all five datasets.

While it is clear that some themes are present across all five datasets, there are other
themes that are exclusive to individual datasets and cohorts. Take the word ‘podesta’ for
example. This word refers to John Podesta, chairman of the Hillary Clinton Presidential
campaign. Due to the timing of the mentioning of his name, the term ‘podesta’ could be
associated to the leaking of his emails by hackavist group Wikileaks. While the word
‘podesta’ itself is only present as a most commonly used word in dataset C, it is clear that
the story pursuant to this term is commonly discussed among the Clinton cohort, as
dataset A includes the word ‘#podestaemails33’ as the fifth most commonly used word
among all tweets contained within its collection. While the ‘podesta’ theme is present
among datasets A and C, both datasets pursuant to tweets involving Clinton [as the
hashtag #lmWithHer was used to collect tweets for the datasets], the theme does not
transcend past the Clinton cohort. None of the top ten words in datasets B, D, or E
incorporate the use of, or allude to the ‘podesta’ theme. This discrepancy in topics being

covered among the datasets will be analyzed further, through a coding of the collected
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tweets among the five datasets.
6.2 RQ1: Key News Stories Covered Among Datasets

As noted above, the key themes persistent among the five datasets, as per the top
words used, were similar, although not the same. Some datasets and cohorts included
exclusive themes present within. While at a macro level, it can be deduced that the
information disseminated by traditional mass media institutions [dataset E] is mostly in
sync with the information being disseminated by new media/opinion leaders/news
consumers [datasets A to D], such a conclusion would be premature. Much of the data
collected is a representation of the Twitterverse; there is a great amount clutter and noise
persistent among Twitter. Thousands of tweets are sent out by users at any given moment,
often filled with convoluted messages and meanings. Thus, in order to fully understand
the similarities and differences among information that is being discussed and
disseminated within each dataset, this paper will dive further into the data collected by
highlighting quality information of significance. This will be done by filtering through
each dataset with key terms and applying codes to them, in order to sort the collected data
into topics of importance.

These topics of importance will consist of top news stories from November 7, 2016
and November 9, 2016 respectively, as these dates correspond to the dates pursuant to the
datasets being studied. The top news stories that will be studied were chosen by scouring
through the headlines of several major traditional and new media sources, along with a
manual evaluation of content discussing top news stories that were consistent throughout

tweets within the five datasets.! The top news stories are as follows: [1] The FBI

1In order to determine these top stories, a Google News search was conducted for the top news
stories of the specified dates of November 7, 2016, November 8, 2016 and November 9, 2016. A filter
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investigation into Hillary Clinton’s private email server; [2] The John Podesta email
leaks; [3] The Russian connection to the U.S. Presidential election, and; [4] The
tightening of polls in the lead up to election day. The corresponding codes used for the
news stories are as follows: [1] FBI; [2] Podesta; [3] Russia; [4] Polls. A total of 4,392
tweets were combed through, with 647 tweets, or 14.7% of all tweets collected, being
coded.
Code 1: FBI

For the first code pertaining to the story surrounding the FBI’s investigation into
Hillary Clinton’s private email server, it should be noted that while the story persisted
throughout the campaign, it received additional attention on Monday, November 7, 2016,
as the day preceding, FBI director James Comey announcing that Clinton was once again
cleared of any criminal wrongdoing. (The Guardian, 2016). This reiteration of Clinton’s
innocence was broadcast by the FBI director as just days earlier, he announced that the
bureau was re-opening the investigation to comb through newly found emails by Clinton,
on the cellphone of former Congressman Anthony Weiner (The Guardian, 2016). As such,
this re-opening and reiteration of Clinton’s innocence made for an abundance of news on
the campaign trail, with many on social media discussing the saga. While discussion and
dissemination pertaining to this story began to fade on Monday, November 7, 2016, it did
still make for significant headlines among some traditional mass media institutions (The
Guardian, 2016) and many new media institutions (Breitbart, 2016). Thus, the author of
this paper concluded that the story should be included within the greater context of this

study. Specifically, the FBI story should be considered a story of significance contained

was applied to only show results from the traditional mass media outlets included in the
#Election2016 dataset.
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within the datasets collected for this study.

In order to understand the amount of coverage pertaining to the FBI story on
Twitter, the tweets compiled among the five datasets must be coded for any and all
language relevant to this story. As such, using the Excel filtering function, the following
key terms were used to find tweets that discussed the FBI story: ‘FBI’; ‘Comey’; ‘Probe’;
‘Emails’; ‘Server’; ‘Private’; ‘Weiner’; ‘Investigation’. These key terms were selected as
they convey a strong connection to the story in question.

An analysis of the tweets compiled within the five datasets shows that a total of 33
tweets were found to have at least one of the key terms mentioned above. Those tweets
were then coded under ‘FBI” and broken down according to the dataset with which they

belonged to. The results are displayed in figure 7.

Figure 7: Breakdown of tweets containing code “FBI”, according to datasets

Number of Tweets Containing "FBI"
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Dataset B included the largest number of tweets discussing the FBI story, with 15
tweets coded. Contrastingly, dataset D included the least number of tweets pursuant to the
FBI story, with 2 tweets coded. It is interesting to note that both datasets B and D fall
under the Trump cohort of tweets; a finding that will be discussed in greater detail below.
Dataset E, however, includes the second lowest number of tweets coded ‘FBI’, with a

total of 3.
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Code 2: Podesta

For the second code pertaining to the story surrounding the leaking of Clinton
campaign manager John Podesta’s emails, it should be noted that this story continued to
unravel throughout the campaign. Wikileaks, a hacking group, continuously released
damaging information about the Clinton campaign and its associates throughout the 2016
U.S. Presidential election. On Monday, November 7, 2016, Wikileaks released part 33 of
their data compilation of John Podesta’s personal emails (Wikileaks, 2016), many of
which were controversial, as they revealed campaign strategies and personal positions of
Clinton (Russia Today, 2017). Many new media sites, including Breitbart (2016),
InfoWars (2016), and even Right Wing Watch (2016) produced headlines regarding the
latest data dump. In addition to this, after combing through the tweets of all five datasets,
it became evident that many members of the public began to discuss and disseminate
information pursuant to the Podesta email leak. Hashtags such as ‘#podestaemails33’
were commonly used in tweets to further disseminate the link containing the document of
leaked emails. Given these two factors of consideration, it was decided to include the
Podesta story as one of significance, contained within the datasets collected for this study.

In order to understand the amount of coverage pertaining to the Podesta story on
Twitter, the tweets compiled among the five datasets must be coded for any and all
language relevant to this story. As such, using the Excel filtering function, the following
key terms were used to find tweets that discussed the FBI story: ‘Podesta’; ‘Spirit’;
‘Cooking’; ‘SpiritCooking; ‘Pizza’; ‘Gate’; ‘’PizzaGate’. The term ‘Wikileaks’ was
omitted, as the term is not mutually exclusive to the Podesta story, but instead, connected

to several stories relating to the hacking website. These key terms were selected as they

29



Running Head: MEDIA AGENDA-SETTING AND GATEKEEPING

convey a strong connection to the story in question.

Upon an analysis of the tweets compiled within the five datasets, a total of 371, or
8.48% tweets were found to have at least one of the key terms mentioned above. Those
tweets were then coded under ‘Podesta’ and broken down according to the dataset they

belonged to. The results are displayed in figure 8.

Figure 8: Breakdown of tweets containing code “Podesta”, according to datasets
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Dataset C included the largest number of tweets discussing the Podesta story, with
182 tweets coded. Contrastingly, dataset E, the dataset which includes only tweets from
traditional mass media institutions, included the least number of tweets pursuant to the
Podesta story, with 0 tweets coded. This major discrepancy will be studied extensively in
the pages below.
Code 3: Russia

The third code relates to the story surrounding Russian interference in the 2016 U.S.
Presidential election. It should be noted that this story was given life in the dead summer
months of the campaign, after Trump insinuated that the Russian government should hack
Clinton’s email server (Brenson, 2016). Towards the end of the campaign, Clinton
accused Trump of potentially colluding with the Russian government to skew the results

of the election in his favour, using the email leaking as proof of such collusion (The
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Guardian, 2016). On Monday, November 7, Wikileaks, a hacking group, continuously
released damaging information about the Clinton campaign and its associates throughout
the 2016 U.S. Presidential election. On Monday, November 7, 2016, the New York Times
ran an opinion piece claiming that the election was rigged in part by the Russian
government (Krugman, 2016). On Wednesday, November 9, 2016, the day after the
Presidential election, numerous traditional mass media and new media sites began to lay
the blame of the result of the election on Russia. Due to the mounting amount of headlines
relating to the Russia connection to the election, it was in the opinion of this paper to
include this story as one of significance and to be examined further, within the context of
this study.

In order to understand the volume of coverage pertaining to the Russia story on
Twitter, the tweets compiled among the five datasets must be coded for any and all
language relevant to this story. As such, using the Excel filtering function, the following
key terms were used to find tweets that discussed the FBI story: ‘Russia’; ‘Russian’;
‘Putin’; ‘Vladimir’; ‘VladimirPutin’; ‘Hack’; ‘Hacking’ ‘Kremlin’; and ‘Moscow’. These
key terms were selected as they convey a strong connection to the story in question.

Again, upon reviewing the tweets compiled within the five datasets, a total of 24
tweets, or 0.55%, were found to have at least one of the key terms mentioned above.
Those tweets were then coded under ‘Russia’ and broken down according to the dataset

with which they belonged to. The results are displayed in figure 9.

Figure 9: Breakdown of tweets containing code “Russia”, according to datasets
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Number of Tweets Containing "Russia”
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Dataset A included the largest number of tweets discussing the Russia story, with 15
tweets coded. Contrastingly, dataset C included the least number of tweets discussing the
Russia story, with 0 tweets coded. It is interesting to note that both datasets A and C fall
under the Clinton cohort of tweets; a finding that will be discussed in greater detail below.
Dataset E, however, includes the second lowest number of tweets coded ‘Russia’, with a
total of 1.
Code 4: Polls

For the fourth and final code, which pertains to the story surrounding the tightening
of the polls, it should be noted that this story began to receive popularity among
traditional mass media outlets roughly one week before election day (Al Jazeera, 2016).
Throughout much of the campaign, it was stated that polls highly favoured Clinton to win
the Presidential election, with Trump trailing by a sizeable amount (Lauter, 2016).
Towards the end of the campaign, the polls began to significantly tighten, and key
battleground states were coined ‘too close to call’ (Zogby, 2016). With poll after poll
being reported on, it became apparent that traditional mass media institutions may have
become obsessed with the horserace storyline of the campaign; a complete reversal of
their narrative that persisted throughout the majority of the campaign. On Monday,

November 6, 2016, nearly every traditional mass media outlet ran a headline stating that

32



Running Head: MEDIA AGENDA-SETTING AND GATEKEEPING

the election was in fact a horserace, with polls tightened and battleground states in a
deadlock. This climax of a crescendo of an election coverage by traditional mass media
institutions rendered this paper to believe that this must be further examined, in order to
study the disconnect, if any, between what information mass media outlets were
disseminating and new media/opinion leaders/news consumers were discussing.

In order to understand the amount of coverage this story received on Twitter by
each cohort, the tweets compiled among the five datasets must be coded for any and all
language relevant to this story. As such, using the Excel filtering function, the following
key terms were used to find tweets that discussed the FBI story: ‘Ohio’; ‘Michigan’;
‘Carolina’; ‘Nevada’; ‘Pennsylvania’; ‘Hampshire’; ‘Wisconsin’ ‘Virginia’; ‘Florida’;
‘poll’; “polls’; ‘swing’; and ‘state’. The following states were listed as key terms due to
the fact that they were each considered a swing state (Al Jazeera, 2016). Stories relating to
the tightening of the polls almost always included at least one swing state in its reporting.
As such, these key terms were selected for the filtering process as they convey a strong
connection to the story in question.

Upon scouring through the tweets compiled within the five datasets, a total of 219
tweets were found to have at least one of the key terms mentioned above. Those tweets
were then coded under ‘Polls’ and broken down according to the dataset with which they

belonged to. The results are displayed in figure 10.

Figure 10: Breakdown of tweets containing code “Polls”, according to datasets
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Dataset E included the largest number of tweets discussing the polls story, with 95
tweets coded. Contrastingly, dataset C included the least number of tweets discussing the
polls story, with 1 tweet coded. It is interesting to note the vast discrepancy between
dataset E and dataset A. On a similar note, it is interesting to see the great amount of
interest placed on this story by traditional mass media institutions [reflected in dataset E],
when compared to the other datasets. Datasets A, B, C, and D each included 1,000
compiled tweets, whereas dataset E compiled only 392 tweets. On a percentage basis,
24.2% of all tweets compiled in dataset E contained information pursuant to the ‘polls’
story. In contrast, a mere 0.1% of all tweets compiled in dataset C contained information
pursuant to the ‘polls’ story. Similarly, datasets A, B, and D each contained miniscule
amounts of tweets pertaining information to the ‘polls’ story, in comparison to dataset E,
with 2.3%, 4.6%, and 5.4% respectively. This exaggerated variance between dataset E
and datasets A, B, C, and D will be discussed in the pages below.
6.3 RQ2: Traditional Mass Media Outlets’ Twitter Troubles

This section will reveal the key findings pursuant to the effectiveness of traditional
mass media institutions’ application of networked journalism principles. In order to study
such effectiveness, this paper will further analyze the tweets coded to answer RQ1.

Instead of examining the tweets dataset by dataset, this paper will take a holistic approach
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to the in-depth analysis of the coded tweets’ content. It will categorize tweets as either
tweets issued by traditional mass media outlets [which will henceforth be referred to as
MMI], or tweets issued by new media/opinion leader/news consumers [which will
henceforth be referred to as NPC]. The criteria by which user patterns will be identified
are as follows: [1] engagement levels; [2] communication strategies; and [3] level of
originality.
RQ?2: Engagement Levels

As noted in the pages above, networked journalism incorporates the sharing of
information by individuals in a global setting, where the public participates in a
continuous conversation of news stories (Deuze, Burns, & Neuberger, 2007). This
conversation and democratization of information dissemination is what removes the
middleman journalist from the public sphere as an integral role (Bardoel & Deuze, 2001).
In turn, this interconnectedness among the public is what begat the new era of journalism;
one where engagement among the public is high and access to information is boundless.
Thus, the public engagement levels of MMI and NPC data are significant units of
measurement. The higher the level of engagement with the public, the stronger the
application of a core principle of networked journalism, that is, audience captivation.

For the explicit application of Twitter, level of engagement can be measured in
terms of replies conversations. A Twitter reply is a tweet that responds to a subsequent
tweet. The reply is linked to the original tweet that is being responded to. For example,
tweet B is a response to tweet A. Tweet B is therefore linked to tweet A in the Twitter
API. Similarly, a Twitter conversation is a compilation of reply tweets, constituted as a

thread. For example, if tweet A was issued by Twitter user 1 and tweet B was issued by
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Twitter user 2, tweet C, issued by Twitter user 1 would be connected to tweet A and B in
the form of a thread. Figures 11 and 12 display examples of a reply and conversation, as

visualized through the Twitter API. In terms of the display of a reply and a conversation

Figure 11: Example of a reply tweet as displayed on Twitter

B Vandon Gene @vandongene - Apr 2
«,” B Had a heated convo with over rights. Made it clear to

him that most GDNs disagree with his social views

Hannah Dawson-Murphy @H_Dawsonhurphy - Apr 2
, N Good on you, 1 That kind of childish behaviour has no place in our
=" pany.

CEY

Figure 12: Example of a conversation as displayed on Twitter

O Vandon Gene @vandongene - Apr 2
W Had a heated convo with over rights. Made it clear to

him that most CDNs disagree with his social views

Hannah Dawson-Murphy @H_DawsonMurphy - Apr 2
. N Good on you, 1 That Kind of childish behaviour has no place in our
=7 pany..
[ RE}

indon Gene
andongene

Replying to

Thanks! Was disappointing to see how he
handled himself. After 5 mins, he stormed
away saying "gay marriage is socialism"

tweet within the CSV export files created by Netlyitc, an at [@] sign is indicative of such
a specimen. Typically, when responding to a tweet on Twitter, the at [@] sign is present
at the beginning of the tweet, as the Twitter handle of the recipient of the reply is included
as the preamble of the tweet. This is however not always the case, as Twitter recently

changed its API to allow replies and conversations to take place without the need for such

preamble, as figures 11 and 12 showcase.
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It is important to note the limitation in the data collected, pursuant to the collection
protocols enrolled for the purposes of this paper. The Netlytic software application allows
users to collect tweets using hashtags. Each of the five datasets were given a specific
hashtag as a requirement for a tweet to be included within the dataset. As such, replies
and conversations relating to a tweet collected within a dataset may have been excluded,
as it did not incorporate the specified hashtag within the body text of the tweet. Therefore,
the results contained within this subsection of this paper are not exhaustive in relation to
the total amount of replies and conversations relating to the tweets collected.

With a total of 99 tweets, or 25.3% of all MMI collected tweets coded, 0 tweets, or
0.0% of all tweets collected were replies, or tweets that were a part of a conversation. In
contrast, with a total of 548 tweets, or 13.7% of all NPC collected tweets coded, 8 tweets,
or 1.46% of all tweets collected were replies, or tweets that were part of a conversation.
While these numbers are not large, it does highlight one point; of the 99 MMI tweets
coded, not one single tweet incorporated a reply or was part of a conversation. Although
only 8 coded NPC tweets incorporated a reply or was part of a conversation, the
discrepancy in comparison to the nonexistent MMI tweets is significant. In fact, a
difference between 0 and 1; even with the large variance surrounding the total amount of
tweets collected and coded among MMI and NPC groupings, is considered to be
statistically significant as a result.” This result will be discussed further, in the pages
below.

RQ2: Communication Strategies

One standard practice that has established itself as a cornerstone practice of

2 A statistical relevance calculator was used to determine true relevance. For more information, visit:
http://getdatadriven.com/ab-significance-test.
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networked journalism is targeted, segmented communication. Recall that networked
journalism revolves around the building of core consistencies, or oriented publics, where
producers of information disseminate their stories to a specific audience (Bardoel &
Deuze, 2001). This targeted method of communication is a practice which significantly
increases the impact and overall reach of an information producer’s content. Rather than
attempting to appeal to an imaginary broad audience, a successful information producer
would target a group of information consumers who are sympathetic to their story or
viewpoint, with the ultimate goal of further building and solidifying their viewership.
Ultimately, this standard practice is a key identifier of networked journalism in action. As
such, this paper will attempt to identify whether or not traditional mass media institutions
have been successful in implementing networked journalism practices, by further
examining the data collected.

For the explicit application of Twitter, communication strategies can be measured
by studying the use of hashtags in a tweet’s body of text. Specific and direct hashtags
indicate the use of strategic targeted communication, while general hashtags are indicative
of broad, mass communication. For example, a specific hashtag would be #MAGA, as it
is user-generated, targeted towards a specific entity [that being the Donald Trump
campaign]. In contrast, an example of a general hashtag would be #ElectionNight, as it is
not user-generated, but instead, a universal term for an entity [that being the night of the
election] that is being transcribed into a hashtag format. For the intents and purposes of
this study, one is able to decipher between a specific and general hashtag by examining
the words contained within a hashtag. Generic words or terms used as a hashtag are

considered to be general hashtags, while detailed word and character combinations are
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considered to be specific hashtags, geared towards one particular community, or subset of
communities.

It is important to note that the data collected, pursuant to the collection protocols
enrolled for the purposes of this paper, ensures that every tweet will have at least one
specific hashtag. The Netlytic software application allows users to collect tweets using
hashtags. Each of the five datasets were given a specific hashtag as a requirement for a
tweet to be included within the dataset. As such, this paper will exclude the hashtags
#ImWithHer, #MAGA, and #Election2016 from counting as specific hashtags, in order to
remove interferences with the interpretation of the data.

With a total of 99 tweets, or 25.3% of all MMI collected tweets coded, only 28
tweets, or 28.3% of all tweets collected were considered to be of a targeted
communication nature. The remaining 71 tweets, or 71.7% of tweets were considered to
be of a mass communication nature. In contrast, with a total of 548 tweets, or 13.7% of all
NPC collected tweets coded, 483 tweets, or 88.1% of all tweets collected were considered
to be of a targeted communication nature. The remaining 65 tweets, or 11.9% of tweets
were considered to be of a mass communication nature. The discrepancy between the
overall communication nature of MMI and NPC tweets are astounding. Based on these
results, it can be said that, in general, traditional mass media institutions do not in fact
issue tweets of a targeted nature, whereas tweets issued by new media/opinion leaders/the
public do. Thus, it would be reasonable to conclude that traditional mass media
institutions, as a whole, do not apply the networked journalism practice of is targeted
communication.

RQ?2: Level of Originality
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The final metric by which this paper will assess the usage patterns of users on
Twitter, in order to determine how successful traditional mass media institutions have
been in implementing practices of networked journalism is through gaging the level of
originality contained within their information. Contrary to traditional journalism practices,
networked journalism encourages a reduction in the originality of the information being
disseminated (Beckett, 2010, p.15). Rather than fostering an importance and intrinsic
value in providing new information, networked journalism structures its practice by
creating clusters of information transmission, where networked journalism entities thrive
off of recycling information (p.15). This is due in part to the fact that networked
journalism is dependent upon easily accessible information, where members of the public
can attain such information in an effortless fashion (p.15-18).

As such, the practice of retweeting a story is akin to recycling public information to
one’s targeted audience. By retweeting a tweet, the network journalism entity is
reaffirming the practice of instilling a cluster of information dissemination, where such
cluster becomes an echo chamber of already existing information. Thus, for the intents
and purposes of this study, this paper will examine the retweet metrics between all coded
MMI and NPC tweets, in order to decipher which, if any, of the two groups follow the
networked journalism practice of information recycling.

With a total of 99 tweets, or 25.3% of all MMI collected tweets coded, only 11
tweets, or 11.1% of all tweets collected were retweets. The remaining 88 tweets, or 88.9%
of tweets consisted of original content. In contrast, with a total of 548 tweets, or 13.7% of
all NPC collected tweets coded, 512 tweets, or 93.4% of all tweets collected were

retweets. The remaining 65 tweets, or 11.9% of tweets consisted of original content.
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Based on these results, it can be said that, in general, traditional mass media institutions
do not in fact follow the networked journalism practice of information recycling, whereas
tweets issued by new media/opinion leaders/the public do.
6.4 RQ3: The Altering of Agenda-Setting and Gatekeeping in the Twitterverse

This section will reveal the key findings pursuant to the level of influence traditional
mass media institutions hold, in comparison to new media/opinion leaders/the public, on
the networked journalism microblogging tool of Twitter. Using Netlytic’s network
analysis software, this paper will be able to analyze the overall reach of individual tweets
collected within a given database. In accordance with programing instructions, Netlytic’s
network analysis software uses the metrics of retweets, replies, mentions, and organic
impressions to visualize a connection. The visualization is presented with nodes, where
each user is represented as a node. The connections made between users [nodes] is
represented with an ‘edge’, where edges link between nodes, to display a connection. The
more ‘node-to-node’ connections made between a node and other nodes within a dataset,
the greater their connectedness, and therefore, the higher their influence. Similarly, the
greater the size of a node, the higher their overall reach, and therefore influence, as the
node’s size represents the number of interactions the user either initiated or received.
Finally, isolated nodes, as displayed through Netlytic’s network analysis software as those
teetering on the outskirts of a dataset’s cluster, represent content without a connection to
the larger network at play. These network analysis modules will be further broken down
in the pages below.

RQ3: Dataset Network Modules

Figure 13: Network analysis module of dataset A
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#ImWithHer (Nov. 7)
Created with Netlytic.org

Figure 14: Network analysis module of dataset B
#MAGA (Nov. 7)
Created with Netlytic.org

Figure 15: Network analysis module of dataset C
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#ImWithHer (Nov. 9)
Created with Netlytic.org

Figure 16: Network analysis module of dataset D

#MAGA (Nov. 9)
Created with Netlytic.org
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Figure 17:Network analysis module of dataset E

#Election2016 (MEDIA: Nov. 7-Nov.10)

Created with Netlytic.org

Upon examining the five dataset network analyses modules, it is evident that there
are some key differences among dataset E, when compared to datasets A, B, C, and D. To
begin, it is clear that in datasets A through D, users converse with one another. Each of
the four dataset modules incorporates a core cluster, where connections are being made
among nodes. Hundreds of node-to-node connections are established, with only a fraction
of isolated nodes hanging on the outskirts or ends of the modules’ clusters. In contrast,
dataset E highlights a segmentation of nodes within the module. There is no cluster,
where the interconnectedness of nodes commences. Instead, individual nodes become
semi-clusters, where fragmented node-to-node connections are established. This
fragmentation signifies that in the case of traditional mass media institutions, their
connectedness is limited and isolated. A disconnected and isolated network analysis
renders a result which stipulates that nodes within the dataset possess a limited or
negligible amount of influence on Twitter. Datasets A to D however possess nodes with
an abundance of influence on Twitter, as clusters are formed, which signify the bountiful

quantity of node-to-node connections.
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It is important to note the limitation in the data collected, pursuant to the collection
protocols enrolled for the purposes of this paper. In order to differentiate traditional mass
media outlets from all other accounts, dataset E was given specific data collection
protocols. As per Netlytic’s collection methods, data collected for datasets E excluded
#Election2016 tweets from all Twitter accounts, except for the ones omitted, as
mentioned in the pages above. As such, the network analysis module for dataset E will
only display interaction between different traditional mass media institutions, while
excluding interactions that all other users make which involves the specified traditional
mass media institutions. This exclusion only applies to tweets, replies, mentions, and
conversations initiated by outside accounts not included in the dataset’s collection
protocols. Tweets initiated by the accounts included within the dataset’s collection
protocols that includes #Election2016 however, is included in the dataset and will
therefore be visualized in the dataset’s network analysis module. In other words, for the
intents and purposes of this study, the information collection method for dataset E was
manipulated to limited specifications. Interpretation of dataset E’s network analysis
module is therefore still relevant, but not indicative of the overall significance of
traditional mass media institutions’ decline in influence.

In order to better understand the disconnectedness in dataset E, this paper will study
a specific example. The Fox News micro-cluster will be looked at. In this example, it is
clear the node/user ‘@FoxNews’ is a central hub for connectivity, as it is made node-to-

node connections with 26 other nodes/users [see figure 18].
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Figure 18: Micro-cluster for ‘@FoxNews ' in dataset E

#Election2016 (MEDIA: Nov. 7-Nov.10)
Created with Netlytic.org
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These connections are still largely fragmented, as they all expand outward from the
micro-cluster. Zero of the node-to-node connections made with @FoxNews made
connections with other nodes in the micro-cluster, or with other nodes not connected with
@FoxNews, but contained within the same module. Additionally, all node-to-node
connections made within the micro-cluster stayed within its own echochamber. In other
words, there was no crossover between micro-clusters with nodes connected to
@FoxNews. Contrastingly, the micro-cluster relating to the node/user ‘@sandratxas’ in
the network analysis module for dataset B [Figure 19]. Note that the node-to-node
connections made within this micro-cluster contains two connections that are outside of

the main micro-cluster. The connections from the separate micro-clusters
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Figure 19: Micro-cluster for ‘@Sandratxas’ in dataset B
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are displayed by the different colours of the edges connecting the nodes. Here, the
connections made between @sandratxas and ‘@mo_an2016’ (Figure 20), ‘@ritchiejodi’
(Figure 21), and ‘@bonita6770’ (Figure 22) are differentiated with purple and blue edges
respectively. The connections made between @sandratxas and the aforementioned
accounts highlights the relative influence users within this dataset have. The connections
made among different micro-clusters is what accelerates the reach of a user and the
information that they disseminate. This point is emphasized in the network analysis
module by visualizing the connection made between one micro-cluster and another. It can
therefore be said that, when compared to traditional mass media institution accounts in
dataset E, users of Twitter who belong to new media/opinion leaders/the public have a
much higher level of influence. On a similar note, it is therefore evident that traditional
mass media institutions are in fact losing influence on information dissemination on

Twitter, a tool powered by networked journalism in action.
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¢

Figure 20: Micro-cluster link between ‘@sandratxas’ and ‘@mo an2016’ in dataset B
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Figure 21: Micro-cluster link between ‘@sandratxas’ and ‘@ritchiejodie’ in dataset B
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Figure 22: Micro-cluster link between ‘@sandratxas’ and ‘@bonita6770’ in dataset B

® sandratxas

» bfraser747

bonita6770

48



Running Head: MEDIA AGENDA-SETTING AND GATEKEEPING

7. Discussion of Results

7.1 RQ1: The Altering of Gatekeeping and Agenda-Setting Functions Through
Twitter

The results presented in this study clearly highlight the fact that the social media
tool of Twitter has altered the agenda-setting and gatekeeping roles of traditional mass
media institutions in a noticeable way, through standard practices of networked
journalism. Recall that the agenda-setting and gatekeeping functions of traditional mass
media institutions have historically been to select, add, withhold, shape, manipulate,
disregard, and even delete information as they see fit, for the greater good of the public
(Barzilai-Nahon, 2008), while also selecting the level of importance or significance
placed on each story covered (McCombs & Shaw, 1972). The social media tool of Twitter
has disrupted this model. The data collected and interpreted rendered a result signifying
that there is a significant disconnect between traditional mass media institutions and the
public, when it comes to information dissemination.

One example is the media’s complete ignorance of the John Podesta email leak
story; one of the most talked about news stories on Twitter. Datasets A to D had a
significant portion of collected tweets dedicated to this story. A total of 371 tweets
between these datasets were coded to have included some relevance or mention of this
story. In contrast, dataset E; that is, the dataset which includes only tweets from
traditional mass media institutions, included 0 coded tweets that included some relevance
or mention of this story.

On a similar note, traditional mass media institutions appeared to have attempted to
control the agenda of the 2016 U.S. Presidential election by covering the typical

‘horserace’ of an election campaign. A sizable amount of tweets issued in dataset E
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focused squarely on the polls in the run-up to election day, along with state-by-state
results, 95 out of 392 tweets collected coded. Only 4 tweets from dataset E were coded
among the three other stories that were examined in the pages above. While traditional
mass media institutions were narrowly focused on this story, with 24.2% of all tweets
compiled in dataset E containing information about polls, new media/opinion leaders/the
public were not as interested, with 3.1% of all tweets compiled among datasets A to D
containing information about polls.

The disparaging disconnect between stories covered and information being
disseminated reveals the fact that traditional mass media institutions have lost control of
the public information dissemination model they once monopolized, at least in some
form. While new media/opinion leaders/the public on Twitter have constituted themselves
into targeted, segmented groups for information dissemination and consumption;
indicative of the hashtags pursuant to stories, such as #podestaemails33 for the Podesta
story, traditional mass media intuitions have been focusing on a broad, non-existent
audience to control. By refusing to accept the networked journalism practices of
orientational storytelling and target audience segmentation (Bardoel & Deuze, 2001) that
new media/opinion leaders/the public have been utilizing, it can be confidently said that
the social media tool of Twitter has in fact altered the gatekeeping and agenda-setting
functions of traditional mass media intuitions.

7.2 RQ2: Traditional Mass Media Institutions’ Impasse of Networked Journalism

While the social media tool of Twitter has altered the gatekeeping and agenda-
setting functions of traditional mass media institutions, it is fair to conclude that these

institutions have not attempted to reverse the situation, as to the date of the publication of
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this study, such institutions have failed to implement practices of networked journalism.
Recall that networked journalism is the new standard method by which information is
disseminated in today’s network society (Castells, 2000). With an abundance of
information made available to all members within this network society, information
dissemination is best received through strategic methods. These methods, which include
targeted communication (Bardoel & Deuze, 2001), community engagement (Duffy,
2012), and information recycling (Beckett, 2010), were measured and examined in the
pages above. As noted before, this study found that traditional mass media institutions
have not implemented such practices, at least in the context of Twitter.

Upon further examining the levels of engagement for example, it is reasonable to
draw the conclusion that traditional mass media institutions somewhat neglect the public
and therefore, neglect the functioning of networked journalism. Due to the abundance of
access to information, engaged citizens participates in a continuous conversation of news
stories (Deuze, Burns, & Neuberger, 2007), where information is disseminated and
consumed at an infinite level. Within the network society, where many of the existing
advantages in the physical world cease to exist, producers and consumers of news are on
an equal-level playing field. The transmission of information is passed on and through
users, where no elite status innately exists (Beckett, 2010). This information transmission
requires a level of engagement among users within the network society. Traditional mass
media institutions have largely omitted themselves from such engagement, as they take an
elitist approach towards information dissemination. In the context of this study, traditional
mass media institutions outright ignored the public, with 0 tweets, or 0.0% of all tweets

collected within dataset E included replies, or tweets that were a part of a conversation.
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Contrastingly, 8 tweets, or 1.46% of all NPC tweets collected in datasets A to D included
replies, or tweets that were part of a conversation. As stated before, although the
percentages are not large, the sheer fact that traditional mass media institutions did not
engage with the public at all, while new media/opinion leaders/other members of the
public did; albeit, in limited terms, solidifies the fact that traditional mass media
institutions have failed to implement practices of networked journalism.

Similarly, by actively attempting to communicate to a broad audience, traditional
mass media institutions are outright ignoring or discounting the power of the practices of
networked journalism. Orientational storytelling, with a focus on appealing to a target
audience(s), is a cornerstone practice of networked journalism (Bardoel & Deuze, 2001).
Yet, as identified in the pages above, traditional mass media institutions largely ignored
this practice, opting for generic storytelling, with a focus on appealing to a broad
audience, or a vast majority of already existing audiences. With only 28 tweets, or 28.3%
of all tweets collected in dataset E, traditional mass media institutions failed to
incorporate a targeted communication strategy. Contrastingly, 483 tweets, or 88.1% of all
tweets collected in datasets A to D were considered to be of a targeted communication
nature. The discrepancy between the overall communication nature of traditional mass
media institutions and new media/opinion leaders/the public, puts traditional mass media
institutions at odds with all others in the network society.

Ultimately, it is reasonable to conclude that traditional mass media institutions have
been ineffective in implementing practices of networked journalism. In fact, it is fair to
state that, from the data provided, traditional mass media institutions have been largely

ignoring not only the practices of networked journalism, but the entire notion of
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networked journalism itself. Further research should be conducted to study how and why
traditional mass media institutions are ignoring networked journalism.
7.3 RQ3: Traditional Mass Media Institutions’ Impasse of Networked Journalism

As traditional mass media institutions lose gatekeeping and agenda-setting
domination through the altering of such principles, while also losing traction through their
failure to implement practices of networked journalism, it would be understandable if one
began to draw the conclusion that traditional mass media institutions have lost their
influence. This paper does not outright draw conclusions predicated on general
assumptions. Instead, this paper attempts to qualify and quantify verifiable conclusions.
Ultimately however, this paper does deduce from the examining of collected data that
traditional mass media institutions have indeed lost their influence, at least within the
confines of this study. The data interpreted within this study finds that traditional mass
media institutions are largely fragmented in today’s network society, where users are
typically intertwined.

Referring back to the example noted above, traditional mass media institutions’
tweets do not transcend their own network. Node-to-node connections in the micro-cluster
of @FoxNews do not reach out and engage with other micro-clusters, unlike the micro-
clusters of new media/opinion leaders/the public, such as (@sandratxas’. The containment
of @FoxNews’ tweets onto itself and its main network/audience [micro-cluser] is what
creates an echo chamber of its own information. In contrast, (@sandratxas’
network/audience branches off into other networks/audiences and therefore gains
influence, as a new set of users is now engaging with and potentially consuming

@sandratxas’ information. This crossover between audiences is a powerful characteristic
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that works as a multiplier effect for the audience, in terms of reach and influence.

Similarly, upon looking at the macro level of interconnectedness among datasets A
to D, and the lack of interconnectedness of dataset E, it is fair to state that traditional mass
media institutions have lost some influence over the public. The degree to which this is so
cannot be measured do to the limitations of this study, however, the overarching theme is
identified in this paper. The clusterization of node-to-node connections in datasets A to D
are indicative of the interconnectedness among micro-clusters, where many micro-clusters
have at least one interaction with at least one other micro-cluster. Juxtaposed to this
summation is dataset E, where it is clear that there is a great amount of fragmentation
among traditional mass media institutions. Only one of the micro-clusters make contact
with another micro-cluster; that being ‘@msnbc’ and ‘@nbc’, via ‘@nbcout’. This
connection should be viewed as a mere technical and not meaningful one, as the
connection made consists of accounts belonging to the NBC family.

Ultimately, it is reasonable to conclude that traditional mass media institutions are
losing their influence over the public, at least in the network society. In fact, it is fair to
state that, from the data provided, traditional mass media institutions have been largely
been fragmented and insignificant to the information dissemination and consumption
process. Further research should be conducted to study this trend, in a more in-depth

manner.
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8. Limitation of Results

Although this study consisted of quantifiable evidence pursuant to the questions it
sought out to answer, it should be noted that this paper’s results and interpretation of
results is by no means exhaustive. As noted throughout this paper, the limitations
pertaining to the data collection method in Netlytic, allow for this paper to interpret only
data within the set confines of the collection protocols. In turn, these confines may set
biases or may manipulate and skew data to a degree that may overestimate or
underestimate reality. In essence, this study’s data, findings, and foregone conclusions are
only a sliver in the overall literature pursuant to the academic research of traditional mass
media institutions’ gatekeeping and agenda-setting principles in the new age of networked
journalism, as administered explicitly by the social media tool of Twitter. This study is by
no means the ultimate work in relation to the following topic. Instead, this study should
act as one of many which attempt to better understand the new phenomenon of networked
journalism existing through social media. Finally, while the data collected does meet
ethical standards, it must be once again noted that due to the nature of data collection and
interpretation, implicit biases may be present, which can lead to an overestimation or

underestimation of the actualities in existence.

55



Running Head: MEDIA AGENDA-SETTING AND GATEKEEPING

9. Conclusion
The ultimate goal of this paper was to examine the effectiveness of agenda-setting

and gatekeeping in today’s network society, where the new practice of networked
journalism has shifted the agenda-setting and gatekeeping principles of traditional
journalism. As this paper only examined one highly specified segment of journalism, that
being political journalism, its conclusions must be contained to only this specific genre of
journalism. That being said, it is in this paper’s view that the role of traditional mass
media institutions being agenda setters and gatekeepers of information is highly outdated
in today’s network society.

It has been made clear by the data and the analysis of such data that the social media
tool of Twitter has fundamentally altered agenda-setting and gatekeeping to the point of it
becoming significantly weakened and, to some degree, irrelevant. This alteration of
agenda-setting and gatekeeping has taken place due to the practices of networked
journalism being implemented through Twitter by new media, opinion leaders, and the
larger public, who have become producers, in addition to consumers of news.

Furthermore, it has been made clear that traditional mass media institutions have been
ineffective in implementing their practices of networked journalism. From the lack of
engagement by traditional mass media institutions with the public due to their elite ways,
to the refusal of their producers to implement an orientational way of storytelling in order
to focus their information dissemination on target audiences, it must be noted that the
practices of networked journalism are largely missing in the world of traditional mass
media institutions.

Finally, with a supposed refusal or failure to implement the practices of networked

journalism, in tandem with the alteration of agenda-setting and gatekeeping through the
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social media tool of Twitter, it is clear that traditional mass media institutions have in fact
lost a great deal of influence over the dissemination of information that the public
receives.

While the ultimate hypothesis pursuant to this paper has been proven, it should be
noted that this is not the end of the research surrounding this topic. As stated before,
further research should be conducted in order to understand the wider effects that
networked journalism is having on the agenda-setting and gatekeeping functions of
traditional mass media institutions.

Nevertheless, this paper has provided a launch pad for future research of the
following topic. In summation, it can be said that, within the confines of this paper,
traditional mass media institutions are at a crossroads in today’s network society. Not
only is their influence and relevance been reduced, but their future pertaining to the

outright control of public information dissemination is in question.
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10. Appendix I: Code Book

Coding the Presidential Election: Codes, Themes, and Patterns Persistent Within the
Twitterverse

Objectives
The ultimate goal of coding the data collected is to extract a sufficient amount of

information from the tweets compiled. This information will then be used to assist in
answering the following key research questions:
1) To what extent has the social media tool of Twitter altered agenda-setting and

gatekeeping principles through standard practices of networked journalism?

2) Have traditional mass media institutions been effective in implementing their
practice of networked journalism?

3) Has networked journalism led to the decreased influence of traditional mass media
institutions when it comes to major stories of significance?

Interpreting the information relayed from the coding of data will provide the researcher
with trends, themes, and specific patterns present among the datasets.
In answering the following questions above, the researcher must look for specific topics
that tweets within the following datasets discuss. There are three main constituencies
pursuant to the datasets, that being Trump-specific tweets, Clinton-specific tweets, and
tweets issued by traditional mass media institutions regarding the 2016 U.S. Presidential
election.
The researcher must keep an eye out for differences in the topics discussed by each
constituency. Due to the specific dates of November 7", November 8", and November 9™
of 2016, the following topics expected to be discussed are as follows:

1) FBI/Comey investigation into Hillary Clinton

2) Podesta email leaks

3) Russian connection to Donald Trump

4) Swing state horseraces

These topics were chosen in tandem with the top headlines for the corresponding dates,
according to both traditional and new media institutions (SOURCE CNN, CBS,
DEMOCRACY NOW, BREITBART, and OCCUPY DEMOCRATS).

Theme #1 — FBI/Comey Investigation into Hillary Clinton (CODE: “FBI”)

Using the excel filtering function, the following keywords were used in finding tweets
pertaining to the headline story of the FBI investigating Hillary Clinton. On Sunday,
November 6, 2016, FBI Director James Comey issued a letter to the Senate Intelligence
Committee, stating that the Bureau had cleared newly found emails from Clinton’s private
server of any criminal wrongdoing.

The keywords (codes) used in the filtering process are as follows:
6‘FBI”

- 6‘C0mey,9
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- “Probe”

- “Emails”

- “Server”

- “Private”

- “Weiner”

- “Investigation”

The search terms used in the filtrations process incorporated human intelligence to
decipher between tweets of significance and tweets of insignificance. By studying the
word preceding and following the keyword/code within the tweet, the researcher is able to
understand the context of the tweet. By then expanding the examination of the tweet by
studying the entirety of the message, the researcher is able to identify whether or not the
tweet in question is related to the theme of “FBI”, as described above.

Additionally, human intelligence was used to ensure that tweets were not duplicated in the
coding, as some tweets include more than one keyword/code.

The tables below showcase the compilation of information pursuant to the theme “FBI”,
among the five datasets.

#ImWithHer (Nov. 7)

A B C

1 id author description

2 57 Team_Smold RT @Mama_Jones2013: J.R. Martinez to Donald Trump: Stop Disrespecting Military Veterans and Fallen Soldiers. #lmWithHer FBI Director Comeyd6_

3 97 cowboyneok @DavidCornDC @springsteen WHAT? Shouldn\'t that be HUGE NEWS that #Trump has enemies list for #FBI &amp; Justice Dept.? #DictatorTrump #imWithHer
4 191 gollum1419_#ElectionFinalThoughts: FBI Director James Comey Had Trump-Pence Sign in Front of His House https://t.co/BEwvFn2nvC #Comeygate #imWithHer

5 271 whodatf RT @Mama_Jones2013: J.R. Martinez to Donald Trump: Stop Disrespecting Military Veterans and Fallen Soldiers. #imWithHer FBI Director Comey&é_

6 449 cattleman00 RT @ WDFx2EUS8: "#ImWithHer" @HillaryClinton\'s latest bombshell ad, he last one before voting on Nov. 8th FBI Director Comey https://t.co/omP&6_

7 512 and_kate  RT @Mama_Jones2013: J.R. Martinez to Donald Trump: Stop Disrespecting Military Veterans and Fallen Soldiers. #imWithHer FBI Director Comey&é_

8 675 IndRule4080 RT @GravityisRising: If it didn\'t come from Breitbart we\'re shit out of luck with this partisan @FBI #imwithher #VoteBlue https://t.co/szid6_

9 975 Chamberlain .@RealDonaldTrump Hillarys Maid Not Interviewed by #FBI! #Election2016 #FeelTheBern #lmWithHer #HillNo #VOAV https://t.co/mKS4YI52vY

10 996 seitoshitoryu RT @Mama_Jones2013: J.R. Martinez to Donald Trump: Stop Disrespecting Military Veterans and Fallen Soldiers. #imWithHer FBI Director Comey&é_

#ImWithHer (Nov. 9)

A B C

id author description
737 TaliaSenai  RT @tomfeddor: Harry Reid Blasts FBI Director James Comey Over Handling Of Clinton Email Probe #ImStillWithHer #imWithHer https://t.co/OkPN3€}|
298 SBuydens  Malzberg Ed Klein: Weeping Hillary Blamed Comey&amp;Obama For Loss https://t.co/N2WV6iXRwH Blaming others! #imWithHer #liberals @HillaryClinton
519 fans_clinton #IMWITHHER: Top House Republican says he\'ll continue probe of Hillary Clinton\'s privated€| https://t.co/zReBYvOSVw3€ | https://t.co/IBLnkKylkg
983 TurntableKit! Wonder is Hillary and Bill are packing up and running overseas to avoid an investigation and trial? #ilmWithHer #HillaryClintonSpeech

[T 0F NIRRT

#MAGA (Nov. 7)

1 id author description

2 54 1980Powerc: @HillaryClinton the only #loosecannon in this race is you my dear lady FIVE separate #FBI Investigations!!! #America has had enough! #MAGA

3 57 Hipposlug  RT @hempoilcures: #FBI Dir Comey: "l don\'t often overlook criminal activity, but when | do..." https://t.co/bTSXWGImih #MAGA #Trump v @Grod3€ |

4 186 FifiFoster RT @dmondever: DON\'T BLAME THE FBI?AGENTS SAY COMEY&€"STOOD IN THE WAY 3€™OF INVESTIGATIONhttps://t.co/BSCYSLqOtS#MAGA #PINET #tiot#)a€ |
5 211 toni_s_r_  RT @ZeroForGiven: So is there a single person within NYPD. As in 1. Who unlike Comey\'s crooks has a shred of integrity. #FBI #MAGA https://3€|

6 289 Rowdman57 RT @dmondever: DON\'T BLAME THE FBI?AGENTS SAY COMEY&€"STOOD IN THE WAY 3€™OF INVESTIGATIONhttps://t.co/BSCYSLqOtS#MAGA #PINET #tiot#)a€ |
7 449 rmcmartinol RT @dmondever: DON\'T BLAME THE FBI?AGENTS SAY COMEYA€7STOOD IN THE WAY 3€™OF INVESTIGATIONhttps://t.co/BSCYSLqOtS#MAGA #PINET #tiot#)a€ |
8 463 leglerm RT @Stonewall_77: Call the FBI - 202-324-3000. File a Complaint Against Obama for Encouraging Criminal Activity: Voter Fraud#MAGA #TrumpPe3€ |

9 515 serentiyalwy: RT @Stonewall_77: Call the FBI - 202-324-3000. File a Complaint Against Obama for Encouraging Criminal Activity: Voter Fraud#MAGA #TrumpPe3€ |

10 660 CuckSlayer RT @dmondever: DON\'T BLAME THE FBI?AGENTS SAY COMEY&€"STOOD IN THE WAY 3€™OF INVESTIGATIONhttps://t.co/BSCYSLqOtS#MAGA #PINET #tiot#)3€ |

11 734 mspattila  #WomenForTrump VOTE TOMORROW, NO MATTER WHAT&€%i @ IT\'S ABOUT SAVING OUR COUNTRY! #TrumpPence16 #FBIDirectorComeya€| https://t.co/950MRIIMIG
12 799 KWaters10  AAAND SEEMS PODESTA INTO DAHMER ART APPRECIATION+NAKED TEENS!! VIA REDDIT https://t.co/Ho8MEBtUb @FBIS€| https://t.co/2rsdyWncP)

13 816 jimmy_tuckle FBI HILLARY FILES MISSING - discovered when FOIA request made... MISSING https://t.co/9ExrZtSh03 #ElectionFinalThoughts #Election2016 #MAGA

14 540 Sif Ji RT iami4Trump: #Director omey | Guess He Wanted To Live..... America, We Must #DrainTheSwamp #VoteTrump #MAGA 8Y$28Y#, https://t.co/RHNfASE}

15 819 Spidey1022 RT @AJMC808: #DNCleaks #MAGA @Hillaryclinton @lorettalynch #DNCleaks2 #DNCleak2 #Demleak2 #comeyforprison Nice https://t.co/yzBtncCinW

16 942 pmicc33 Justice is not served by MSM, Comey or Loretta!lt will be served cold &amp; fast by true American Patriots tomorrow!Ga€ | https://t.co/HxHQoSDQO1

#MAGA (Nov. 9)
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Running Head: MEDIA AGENDA-SETTING AND GATEKEEPING

A B Cc
1 id author description
2 431 DorianGreg2 @PRPOnline we\'re everywhere. Pizza guy, tax guy, FBI guy, car guy. They\'ll be found. #maga #draintheswamp #spiritcooking #hillaryforprison
3 937 sparkyNadin(RT @gerfingerpoken: Trump warned of Clinton-Abedin-Weiner security risks - American Thinker https://t.co/cRP7p68Xku #MAGA #PJNET 999 - http%o0_

#Election2016 (Nov. 7-9)

A B C

id author description
130 USATODAY On today\'s #frontpage: @FBI clears #Clinton on emails - again; #Election2016 candidates make their closing arguments https://t.co/W8NuX3CMTw
23 FoxNews  #ExitPoll Results on Economy, Hillary\'s Emails, Trump\'s Treatment of Women #ElectionNight #Election2016 #FoxNews2016 https://t.co/9rcXs3Tm7k
39 FoxNews .@marthamaccallum on new exit polls: "6 in 10 say the Clinton email issue bothered them." #FoxNews2016 #ElectionDaya€| https://t.co/MSC8QAhckt

A WN R

Theme #2 — Podesta Email Leaks (CODE: “Podesta”)

Using the excel filtering function, the following keywords were used in finding tweets
pertaining to the headline story of Hillary Clinton Presidential campaign chairman John
Podesta’s emails being leaked by hacktivist website Wikileaks. On Monday, November 7,
2016, Wikileaks released the 33™ data dump of compiled emails from John Podesta’s
account.

The keywords (codes) used in the filtering process are as follows:
- “Podesta”
- “Spirit”
- “Cooking”
- “Spirit Cooking”
- “Pizza”
- “Gate”
- “Pizzagate”

The search terms used in the filtrations process incorporated human intelligence to
decipher between tweets of significance and tweets of insignificance. By studying the
word preceding and following the keyword/code within the tweet, the researcher is able to
understand the context of the tweet. By then expanding the examination of the tweet by
studying the entirety of the message, the researcher is able to identify whether or not the
tweet in question is related to the theme of “Podesta”, as described above.

Additionally, human intelligence was used to ensure that tweets were not duplicated in the
coding, as some tweets include more than one keyword/code.

The tables below showcase the compilation of information pursuant to the theme
“Podesta”, among the five datasets.
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Running Head: MEDIA AGENDA-SETTING AND GATEKEEPING

#ImWithHer (Nov. 7)

A B C

1 |id author description
2 4 politicalredct RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
3 9 Ldicassiolorr RT @kr3at: Hillary Buying Votes With 361FREE36H Concert Tickets https://t.co/7zwYtimg2T via kr3at #P 1s31 #Podi iIs32 #imWithHerad_
4 10 TexDotOrg | RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
5 14 magates68 RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
6 20 hawkinscarte RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
7 26 CastleTownP RT @wikileaks: RELEASE: The Podesta Emails Part 33 #PodestaEmails #PodestaEmails33 #HillaryClinton #imWithHer https://t.co/wzxeh70oUm httpsds_
8 41 iamronaldpa RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
9 60 GinnySpears. RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
10 67 podella_v  RT @perfectsliders: #ElectionFinalThoughts #Poll Who ru voting 4 president? #imWithHer #ElecticnFinalThoughts #DNCLeaks2 #podestaemails32 #a6_
1 78 Meriennel  RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
12 128 tyrelle123  RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
13 129 bboneusa  RT @wikileaks: RELEASE: The Podesta Emails Part 33 #PodestaEmails #PodestaEmails33 #HillaryClinton #imWithHer https://t.co/wzxeh70oUm httpsdd_
14 162 mattweaver_ RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
15 154 Gr8fulami63 RT @NHLRumors123: Who are you voting for? Please RT (o get a Iarge sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
16 199 robertd5150 RT @wikileaks: RELEASE: The Podesta Emails Part 33 #P: Emails33 #HillaryClinton #imWithHer https://t.co/wzxeh70oUm httpsad_
17 206 viynn2016  RT @kr3at: Hillary Buying Votes With 361FREE&6E Concert Tickets https.//t.coﬁsznmqZY via kr3at #PodestaEmails31 #PodestaEmails32 #imWithHerad_
18 210 ChristiD724  RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
19 246 Ritchielodi | RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
20 250 GunDecal  RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
21 291 TimothyCow RT @kr3at: Hillary Buying Votes With 361FREE36E Concert Tickets https://t.co/7zwYtimq2T via kr3at #PcdestaEmails31 #PodestaEmails32 #imWithHerad_
22 292 TheyCallMe€ RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
23 I 347 MsKatieChap RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
24 360 JasonCh1991 RT @perfectsliders: #ElectionFinalThoughts #Poll Who ru voting 4 president? #imWithHer #ElectionFinalThoughts #DNCLeaks2 #podestaemails32 #36_
25 389 DFoxx13 RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
26 397 joepeppersai RT @kr3at: Hillary Buying Votes With 36IFREE3SH Concert Tickets https://t.co/7zwYtimq2T via kr3at #P 1s31 #P: iIs32 #imWithHerad_
27 398 TamiStlouis RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
28 402 Blindsquirrel RT @wikileaks: RELEASE: The Podesta Emails Part 33 #Podi Emails #Pod Emails33 #HillaryClinton #imWithHer https://t.co/wzxeh70oUm httpsdd_
23 404 Cassiel_Ange RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
30 417 Darrinbillings RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
31 436 limBurdsav RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
32 438 DaizyChains RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
33 445 MaridShuler RT @wikileaks: RELEASE: The Podesta Emails Part 32 #Podesta€mails #PodestaEmails32 #HillaryClinton #imWithHer https://t.co/wzxeh70o0Um httpsdd_
34 473 KarenKyia  RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
35 477 GreenBelind: RT @realPresDonald: RETWEET IF YOU\'RE VOTING FOR #TrumpPence16 #electionfinalthoughts #PodestaEmails33 #imwithher DNC CNN #election2016CE=Truad_
36 484 PDQACCESSC RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
37 486 ermolenkota RT @wikileaks: RELEASE: The Podesta Emails Part 33 #Podesta€mails #PodestaEmails33 #HillaryClinton #imWithHer https://t.co/wzxeh70o0Um httpsdd_

489 Tomatjax  RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PcdestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
39 455 dpleader172 RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
40 438 _sean_casey RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
41 510 Geddy009 RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
42 511 FreedomFror RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
43 523 tanishaBgirl RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
a4 561 tambinijulia RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
45 570 mishshell19€ RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
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Running Head: MEDIA AGENDA-SETTING AND GATEKEEPING

A B C

a6 573 PRforCanadi: RT @wikileaks: RELEASE: The Podesta Emails Part 33 #Pod Emails #Pod: Emails33 #HillaryClinton #imWithHer https://t.co/wzxeh70oUm httpsdé_
a7 578 12aptor RT @wikileaks: RELEASE: The Podesta Emails Part 33 #Pod Emails #Pod Emails33 #HillaryClinton #imWithHer https://t.co/wzxeh70oUm httpsdé_
48 582 Gingie133  RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
435 594 ctsew3?7  RT @lennieAllannah: #lohnPodesta #TonyPodesta #PizzaParty #imWithHer #MadeleineMcCann https://t.co/CX0tfsX9Q0

50 595 BethThomps RT @wikileaks: RELEASE: The Podesta Emails Part 33 #PodestaEmails #PodestaEmails33 #HillaryClinton #imWithHer https://t.co/wzxeh700Um httpsdd_
51 623 snOwballl RT @wikileaks: RELEASE: The Podesta Emails Part 33 #Pod: Emails #Pod Emails33 #HillaryClinton #imWithHer https://t.co/wzxeh70oUm httpsdé_
52 630 benelongtim RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
53 637 karenhondur RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PcdestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
54 655 stephan9639 RT @PamelaStar23: #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinalThoughts @SpeakerRyan #JilINotHill #FeelTheBern https://t.cof36_
55 666 tinalewis150 RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PcdestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
56 670 norvilgirl RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PcdestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
57 674 qwerty91231 RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PcdestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
58 676 PiratesLifedA RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PcdestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
59 687 MSGrits1155 RT @kr3at: Hillary Buying Votes With 36IFREE3SH Concert Tickets https://t.co/7zwYtimq2T via kr3at #Pod Emails31 #PodestaEmails32 #imWithHerad_
&0 689 rmoore0625 RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PcdestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
61 692 LizCawleyFee RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PcdestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
62 694 ngrgrvdgr99 RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PcdestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
63 696 pocderbl  RT @wikileaks: RELEASE: The Podesta Emails Part 33 #PodestaEmails #PodestaEmails33 #HillaryClinton #imWithHer https://t.co/wzxeh70oUm httpsdd_
64 697 rick2forestvit RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PcdestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
65 699 Lindalouwal' RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PcdestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
66 716 Tinywillis3  RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
67 736 homer3ja  RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
68 738 FredStaples3 RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
(] 741 cathyevatty RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
70 744 RealDemocrz RT @wikileaks: RELEASE: The Podesta Emails Part 33 #PodestaEmails #PodestaEmails33 #HillaryClinton #imWithHer https://t.co/wzxen70oUm httpsad_
n 743 Cristian1606 RT @wikileaks: RELEASE: The Podesta Emails Part 33 #PodestaEmails #PodestaEmails33 #HillaryClinton #imWithHer https://t.co/wzxenh70oUm httpsad_
72 750 SzintBruin  RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
73 753 lynn_gie RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PcdestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
74 766 Imillion8lohr RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
75 774 killarotts RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PcdestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
76 777 ernierawlins: RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
77 780 Renee60832 RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
78 788 salted3 RT @RoadWarriors360: | VOTE 2 MAKE AMERICA GREAT AGAIN! JR #ElectionFinalThoughts #wikileaks #podesta #clinton #imwithher #ONCLeak2 #8ombShas
73 794 KickinBrass1 RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
80 787 ZeroDarkDer RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
81 803 mex_man20: RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PcdestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
82 811 GreenEmera RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
83 813 drmyraponct RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
84 815 lululexie RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
85 816 RiKrj61 RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
86 823 TinaOrt7959 RT @kr3at: Hillary Buying Votes With 36IFREE36E Concert Tickets https://t.co/7zwYtimg2T via kr3at #PodestaEmails31 #PodestaEmails32 #imWithHerad_
87 832 cbmontpetit RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
88 834 everydayisbl: RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
89 835 jennydog2  RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
90 851 AVIVKLN RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_

A B c

91 857 JesusWithMe RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_

92 859 LindaGarriss RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_

93 871 AnniElocin | RT @perfectsliders: #ElectionFinalThoughts #Poll Who ru voting 4 president? #imWithHer #ElectionFinalThoughts #DNCLeaks2 #podestaemails32 #36_

54 873 gretel_ander RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_

95 883 siesienna  RT @perfectsliders: #ElectionFinalThoughts #Poll Who ru voting 4 president? #imWithHer #ElectionFinalThoughts #DNCLeaks2 #podestaemails32 #36_

891 Suntand8  RT @RoadWarriors360: TRUMP\'S GOING 2 CLEANOUT THE WH! JR #ElectionFinalThoughts #I ingBecause #wikileaks #Podesta #imwithher #ONCLeak2 #a6_

97 904 indianHackr RT @wikileaks: RELEASE: The Podesta Emails Part 33 #PodestaEmails #PodestaEmails33 #HillaryClinton #imWithHer https://t.co/wzxeh70oUm httpsdd_

98 905 GlennManev RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_

9 912 cranes5 RT @wikileaks: RELEASE: The Podesta Emails Part 33 #Pod ils #Pod i #HillaryClinton #imWithHer https://t.co/wzxeh70oUm httpsdd_

100 917 PollyAnnNon RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_

101 930 cfoltdgovt  RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinadd_
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684 smmarrujo  RT @backwaterdogs: Here #imstillwithher #imWithHer is why you think trump is a racist #Podestaemails36 https://t.co/jfARdjrFqq

ils #PodestaE

ils36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsi€|

696 redpilledchic RT @backwaterdogs: Here #imstillwithher #imWithHer is why you think trump is a racist #Podestaemails36 https://t.co/jfARdjrFqq

ils #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7ThZLU httpsi€|

694 iondc RT @wikileaks: RELEASE: The Podesta Emails Part 36 #P:
702 ironjrod RT @wikileaks: RELEASE: The Podesta Emails Part 36 #P: E
704 GiantofShire RT @wikileaks: RELEASE: The Podesta Emails Part 36 #P: E

ils #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsa€,

706 manoskapp:z RT @wikileaks: RELEASE: The Podesta Emails Part 32 #Podestat
716 ItzGeralyn  RT @wikileaks: RELEASE: The Podesta Emails Part 36 #Podestat

721 beachbaby7 RT @wikileaks: RELEASE: The Podesta Emails Part 36 #Podestat
722 gregel953 RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaE

725 beckyblessin RT @wikileaks: RELEASE: The Podesta Emails Part 36 #Podestat

727 Suspended_ RT @wikileaks: RELEASE: The Podesta Emails Part 36 #Pod E

730 pattyshephe RT @wikileaks: RELEASE: The Podesta Emails Part 36 #Podestat

ils #PodestaEmails32 #HillaryClinton #imWithHer https://t.co/wzxeh70o0Um httpsa€|
ils #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsa€,|
ils #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsa€,|
ils #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsa€,|
ils #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsa€|
ils #iPodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsa€|
ils #iPodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsa€|

742 Moni538252 RT @KrankitT: #Podesta already knew that paid speeches were unethical in 2008. #PodestaEmails36 #WikiLeaks #imWithHer #ifeelTheBernhttps://a€;

758 pmanzo70 RT @wikileaks: RELEASE: The Podesta Emails Part 36 #Pod £

ils #PodestaEmail

#HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsi€|

766 Thor Waller RT @wikileaks: RELEASE: The Podesta Emails Part 36 #Podestat

ils #Pod: ¢

ils36 #HillaryClinton #imWithHer https://t.co/wzxen7hZLU httpsa€!
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767 Earthfreedo RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsi€,
771 NOHSER  RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsa€)
773 smillr RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #Podestaémails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsd€;
776 Veive257  RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsi€;
781 TraplineMar RT @backwaterdogs: Here #imstillwithher #imWithHer is why you think trump is a racist #Podestaemails36 https://t.co/jfARdjrfqq

788 Ircheneyloh RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU https3€,
789 susann211 RT @backwaterdogs: Here #imstillwithher #imWithHer is why you think trump is a racist #Podestaemails36 https://t.co/jfARdjrfqq

790 CavalcanteC RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsi€,
800 LiliaMorraz RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsd€;
801 GungHo2  RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsi€;
807 LStevenson$ RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsd€ |
808 PringledPrin RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU https3€;
817 BRIANHUGH RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsd€;
819 EdDonnahoe RT @backwaterdogs: Here #imstillwithher #imWithHer is why you think trump is a racist #Podestaemails36 https://t.co/jfARdjrfqq

821 Rudedogb5t RT @backwaterdogs: Here #imstillwithher #imWithHer is why you think trump is a racist #Podestaemails36 https://t.co/jfARdjrFqq

825 Lou_iSe RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsd€;
841 citizenannoy RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsi€;
848 GrumblyMui RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.cofwzxeh7hZLU httpsi€;
849 jillerforever RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsi€;
859 banks_joel RT @backwaterdogs: Here #imstillwithher #imWithHer is why you think trump is a racist #Podestaemails36 https://t.co/jfARdjrfqq

861 pdxfirecrack RT @backwaterdogs: Here #imstillwithher #imWithHer is why you think trump is a racist #Podestaemails36 https://t.co/jfARdjrfqq

862 chichignoted RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.cofwzxeh7hZLU httpsi€;
863 Mcni53825Z RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsd€;
865 Isead8s RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsd€|
875 azrocks1111 RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsi€]
878 Lorieb03979 RT @backwaterdogs: Here #imstillwithher #imWithHer is why you think trump is a racist #Podestaemails36 https://t.co/jfARdjrfFqa

893 Cheri_Kentu RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsd€;
897 jahmansting RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsd€ |
898 SarahLovesT RT @backwaterdogs: Here #imstillwithher #imWithHer is why you think trump is a racist #Podestaemails36 https://t.co/jfARdjrFqa

905 VirtualWatcl RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsd€;
912 MarthaWha RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsd€;
916 luvsthesun2. RT @backwaterdogs: Here #imstillwithher #imWithHer is why you think trump is a racist #Podestaemails36 https://t.co/jfARdjrfqq

919 AntiAmnesty RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsd€;
920 sharrud RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxen7hZLU httpsi€|
925 Bravens105: RT @backwaterdogs: Here #fimstillwithher #imWithHer is why you think trump is a racist #Podestaemails36 https://t.co/jfARdjrfqq

930 ConniegailSt RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsd€;
937 rkode?9 RT @backwaterdogs: Here #imstillwithher #imWithHer is why you think trump is a racist #Podestaemails36 https://t.co/jfARdjrFqq

940 pendleywife RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsd€;
941 duncanmacr RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsi€;
952 banrick RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsd€,
959 manoskappz RT @wikileaks: RELEASE: The Podesta Emails Part 33 #PodestaEmails #PodestaEmails33 #HillaryClinton #imWithHer https://t.co/wzxeh70oUm httpsa€|
967 lohnlohn55¢ RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.cofwzxeh7hZLU httpsd€;
973 loseph_Gree¢ RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsd€;
980 RiveraSunAL RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsd€;
988 iphonetecht RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsa€ |

181
182
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990 HartForTrum RT @backwaterdogs: Here #imstillwithher #imWithHer is why you think trump is a racist #Podestaemails36 https://t.co/jfARdjrFqa
997 BoomBoom: RT @wikileaks: RELEASE: The Podesta Emails Part 36 #PodestaEmails #PodestaEmails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsa€|
998 GGG_says  RT @wikileaks: RELEASE: The Podesta Emails Part 36 #Pod Emails #Pod: Emails36 #HillaryClinton #imWithHer https://t.co/wzxeh7hZLU httpsd€ |
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auther description
7 NeedA2ndl RT @hillroddprisen: Because he is a true patriot not cwned by special interests and Wall Street #imVotingTrump #MAGA #VoteTrump #PodestaEmade€|
9 politicalredc RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinaa€,

19 TexDotOrg RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€)

26 magates68 RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PcdestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€

30 bobnfnl  RT @bfraser747: 8V'¥8¥'¥ #iNeverHillaryThis election isn\'t about Rep vs. Dem. It\'s about #Corruption vs #MAGA#PodestaEmails33 #ONC2Leak #HIlA€]

31 divegawolf RT @Karriefl d: Yes! Please..end her rein of terror! #DrainTheSwamp #PayToPlay #MAGA #SpiritCooking #ONCLeaks2 #Podestabmails #Wikilead€ |

42 hawkinscart RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€ ]

47 KYLEBUDAG RT @bfraser747: 8Y'¥3¥'¥ iNeverHillaryThis election isn\'t about Rep vs. Dem. It\'s about #Corruption vs #MAGA#PodestaEmails33 #DNC2Leak #HIlS€]

86 iamronaldp: RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€;
100 bonita6770 RT @bfraser747: V' ¥3¥'¥ #iNeverHillaryThis election isn\'t about Rep vs. Dem. It\'s about #Corruption vs #MAGARPodestaEmails33 #ONC2Leak #HIlS€ ]
106 GinnySpears RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€ ]
131 LPMMontag RT @bfraser747: V'¥3¥'¥ #ElectionFinal Thoughts #VoteTrump #MAGA say no to the #CorruptionHere is the release of #PodestaEmails33nttps://t.c3€}
133 Meriennel RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€]
168 savellifrance RT @bfraser747: 8Y'¥3Y'¥ #iElectionFinal Thoughts #VoteTrump #MAGA say no to the #CorruptionHere is the release of #PodestaEmails33nttps://t.c3€}
191 nanavotes RT @bfraser747: 8V'¥8¥'¥ #iNeverHillaryThis election isn\'t about Rep vs. Dem. It\'s about #Corruption vs #MAGARPodestaEmails33 #ONC2Leak #HIla€]
200 birthdaypali RT @bfraser747: 8Y'¥3¥'¥ #iNeverHillaryThis election isn\'t about Rep vs. Dem. It\'s about #Corruption vs #MAGA#PodestaEmails33 #DNC2Leak #HIlSE]
204 Nutdfoto  RT @SandraTXAS: Scalia bedy wasnt even cold&amp;Scros suggests SCOTUS Really want Soros &amp;Hillary choosing our court?#MAGA Trump! #PodestaEma€;
208 tyrelle123  RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€)
253 mattweaver RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€)
273 LarryvilleLay RT @bfraser747: 8Y'¥5¥'¥ iNeverHillaryThis election isn\'t about Rep vs. Dem. It\'s about #Corruption vs #MAGA#PodestaEmails33 #DNC2Leak #HIlS€]
277 Nabi201611 RT @bfraser747: 8Y'¥5Y'¥ #iNeverHillaryThis election isn\'t about Rep vs. Dem. It\'s about #Corruption vs #MAGA#PodestaEmails33 #ONC2Leak #HIlSE]
299 Grafulami62 RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€)
315 ChristiD724 RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€)
337 mandersent RT @SandraTXAS: Scalia body wasnt even cold&amp;Sores suggests SCOTUS Really want Soros &amp;Hillary choosing our court?#MAGA Trump! #PodestaEmag;
370 Ritchielodi RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€)
376 GunDecal  RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€)
422 TheyCallMel RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€]
431 BrendaSue2 RT @bfraser747: 8Y'¥3Y'¥ iNeverHillaryThis election isn\'t about Rep vs. Dem. It\'s about #Corruption vs #MAGA#PodestaEmails33 #DNC2Leak #HIlA€]
454 MsKatieCha RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€]
529 Mc_An201€ RT @SandraTXAS: Scalia body wasnt even cold&amp;Sores suggests SCOTUS Really want Soros &amp;Hillary choosing our court?#MAGA Trump! #PodestaEmag;
544 DFoxx13  RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinaa€)
567 TamiStlouis RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€)
579 Cassiel_Ang RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad)
604 Darrinbilling RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PcdestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€|
603 Rep_Of Nol RT @SandraTXAS: Scalia bedy wasnt even cold&amp;Scros suggests SCOTUS Really want Soros &amp;Hillary choosing our court?#MAGA Trump! #PodestaEma€ |
644 limBurdsav RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€]
646 DaizyChains RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€]
652 ConstantinC RT @SandraTXAS: Scalia bedy wasnt even cold&amp;Scros suggests SCOTUS Really want Soros &amp;Hillary choosing our court?#MAGA Trump! #PodestaEma€ |
666 smithroyalti RT @RaptorRAF: The Clintons are rotten to the core.They have betrayed us all. #MAGA #SpiritCooking #8enghazi #PayForPlay #Pod: izzad€|
691 KarenKyia RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€]
710 PDOACCESS RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€)
711 JAlexGSATX RT @bfraser747: 8Y'¥8Y'¥ #iNeverHillaryThis election isn\'t about Rep vs. Dem. It\'s about #Corruption vs #MAGA#PodestaEmails33 #DNC2Leak #HIlSE]
721 Tomatjax  RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€;

) 225 Kafngﬂeetv Yresrl lflease.ierjd her reip qf V!error!VﬂVDrginYheVSvgamp #PayTplfIav #MAGA »Spuriytquing prCIreaksz ﬁ?odestaquils;(: htyp;:l/t.col;ngcmO;? -
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731 dpleader17: RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€]
735 _sean_casey RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€]
750 Geddy009 RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€]
752 FreedomFro RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€]
766 tanishaBgirl RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€]
799 KWaters10 AAAND SEEMS PODESTA INTO DAHMER ART APPRECIATION+NAKED TEENS!! VIA REDDIT https://t.co/Ho8MEBtLID @FBISE, https://t.co/2rsdyWncP)
814 tambinijulia RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€|
822 mishshell19 RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€)
839 Gingie133 RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€|
876 TNrina RT @bfraser747: 8Y'¥8Y'¥ #iElectionFinal Thoughts #VoteTrump #MAGA say no to the #CorruptionHere is the release of #PodestaEmails33nttps://t.ca€]
916 benelongtim RT @ NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€|
923 karenhondu RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€)
960 shytowncha RT @BSVLMI: Please share.df—#PodestaEmails33#MAGA #FeelTheBern#iNBA #NFL https://t.co/ARIrYZpVwu
981 tinalewis15( RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€)
985 norvilgil  RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€|
986 gqwerty9123 RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PodestaEmails33 #imWithHer #DNCLeaks2 #MAGA #ElectionFinad€)
987 shootawolfe RT @SandraTXAS: Scalia body wasnt even cold&amp;Soros suggests SCOTUS Really want Soros &amp;Hillary choosing our court?#MAGA Trump! #PodestaEma€;
989 PiratesLifed, RT @NHLRumors123: Who are you voting for? Please RT to get a large sample size! #PcdestaEmails33 #imWithHer HDNCLeaksz #MAGA #ElectionFinad€]

79 ChrisGaryL RT @TheMPHayze: #SpiritCooking #MAGA @mcuban is a racist Hillary Shill who alienated 17M voters &amp; no one gives 2 SHITS about mavs https:/3€|
184 pdjfi RT @8illright50: DO NOT BELIEVE MEDIA OR POLLS. ESPECIALY FOX! WE ARE GONNA WIN! VOTE! #maga #cubs #ispiritcooking #dncleak2 #igotv #imonsterva€)
235 Klynch26  RT @Mindflayer1969: George #Soros linked to Comet Ping Pong #Pedophile #PizzaGate #SpiritCooking #WikiLeaks #DNCLeak2 #MAGA https://t.co/Eya€|
282 PWasp RT @GotToGoSoon: #PINKTHEVCTE because we don\'t do satanic #SPIRITCOOKING like -&gt; @ladygaga does . #MAGA #neverhillary #GoTRUMP #ONCleak23€;
391 Ritchielodi RT @8illright50: DO NCT BELIEVE MEDIA OR POLLS. ESPECIALY FOX! WE ARE GONNA WIN! VOTE' #maga #cubs trsplntcoola ng #dnclezk2 #gotv #monstervag
478 bhayes2016 RT @SandraTXAS: \'Hillary Clinton &amp; ISIS funded by same money\'- ge FWikil P illary #imWithHer not! #MAGA #Trumpa€;

779 dutz_neez RT @SandraTXAS: Black Trump Supporter Destroys Clinton Supporter: Mentions Satanic Ritual Spirit Cooking#DrainTh AAGA H#Trump#HIIZ€;
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117 sparkyNadine RT @ ThomasBernpaine: Conspiring to trick Bernie Supporters to "Independent" PACs to siphon our $#PodestaEmails36 #FeelTheBern #MAGA https%o(0_
218 tamargaye RT @ThomasBernpaine: Conspiring to trick Bernie Supporters to "Independent” PACs to siphon our $#PodestaEmails36 #FeelTheBern #MAGA https%s(_
231 Kadrews1964 @NeilTurner_ @trumpology @HillaryClinton | think if everyone read @wikileaks Podesta emails they wud have blinders lifted. #MAGA
332 Cathylanier3 RT @ThomasBernpaine: Conspiring to trick Bernie Supporters to "Independent” PACs to siphon our $#PodestaEmails36 #FeelTheBern #MAGA https%.(0_
498 Devarim6v4 RT @jleller46: Our work isn\'t done!! We HAVE to make sure #HillaryForPrison happens!! #PodestaEmails36 #DrainTheSwamp #PresidentTrump #MAGA
513 ninanull RT @BishopsB28: Damn, wish #WikiLeaks had access to @JohnPodesta\'s email this morning... #PodestaEmails36 #MAGA #DrainTheSwamp #ElectionNig¥%.0_
431 DorianGreg2 @PRPOnline we\'re everywhere. Pizza guy, tax guy, FBI guy, car guy. They\'ll be found. #maga #draintheswamp #spiritcooking #hillaryforprison

#Election2016 (Nov. 7-9)
A B C

0N B WN R

id author description

Vb wWwWN =

Theme #3 — Russia Connection to U.S. Election (CODE: “Russia”)

Using the excel filtering function, the following keywords were used in finding tweets
pertaining to the headline story of Hillary Clinton accusing Donald Trump of colluding
with Russia to influence the U.S. Presidential election.
The keywords (codes) used in the filtering process are as follows:

- “Russia”

- “Russian”
- “Hack”

- “Hacking”
- “Vladimir”
- “Putin”

- “Kremlin”
- “Moscow”

The search terms used in the filtrations process incorporated human intelligence to
decipher between tweets of significance and tweets of insignificance. By studying the
word preceding and following the keyword/code within the tweet, the researcher is able to
understand the context of the tweet. By then expanding the examination of the tweet by
studying the entirety of the message, the researcher is able to identify whether or not the
tweet in question is related to the theme of “Russia”, as described above.

Additionally, human intelligence was used to ensure that tweets were not duplicated in the
coding, as some tweets include more than one keyword/code.

The tables below showcase the compilation of information pursuant to the theme
“Russia”, among the five datasets.
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c

1 |id author description
2 138 big_perez RT @France4Hillary: #lmVotingBecause | refuse to elect a sexually assaulting psychopath who is working as a Russian agent. #imWithHer #Nevead_
3 144 JustinBaileyart RT @FrancedHillary: #lmVotingBecause | refuse to elect a sexually assaulting psychopath who is working as a Russian agent. #imWithHer #Nevedd_
4 145 JaneagainstTrul  RT @FrancedHillary: #lmVotingBecause | refuse to elect a sexually assaulting psychopath who is working as a Russian agent. #imWithHer #Nevedd_
5 252 larrysoutDwoods RT @FrancedHillary: #lmVotingBecause | refuse to elect a sexually assaulting psychopath who is working as a Russian agent. #imWithHer #Nevedd_
6 265 TheoloGOP @never_cruzl Go back to Russia. We\'re busy holding an election here in The United States of America. #imWithHer #StrongerTogether
7 420 24baseballReed  RT @FrancedHillary: #imVotingBecause | refuse to elect a sexually assaulting psychopath who is working as a Russian agent. #imWithHer #Nevedd_
8 631 MelvinLee515 RT @bennydiego: | Stand With The United States Of America. _"__6"Y Not Russia! #StrongerTogether Who ithHer https://t.co/nR&6_
9 773 FannPoliCda RT @France4Hillary: #lmVotingBecause | refuse to elect a sexually assaulting psychopath who is working as a Russian agent. #imWithHer #Nevead_

821 fdell3 RT @France4Hillary: #lmVotingBecause | refuse to elect a sexually assaulting psychopath who is working as a Russian agent. #imWithHer #Nevead,
11 855 mhduff61 RT @France4Hillary: #lmVotingBecause | refuse to elect a sexually assaulting psychopath who is working as a Russian agent. #imWithHer #Nevea
12 943 seeolgi RT @FrancedHillary: #lmVotingBecause | refuse to elect a sexually assaulting psychopath who is working as a Russian agent. #imWithHer #Nevea
13 77 Myl TS_1D  RT @und : #imaga Himwi #OHHillYes _6"+_6"_Vladimir Putin_6"+_6"_is worth $200 BILLION. _60A_60A_60t_603_6"__6"V_6"_
14 481 janersm RT @NTXShopping: @janersm #lmVoti Putin hacking US AND Western Europe to undermine NATO https://t.co/5SOBMbG2Mum #ImWithHer #Strongaé_
15 688 NTXShoppil ji i Putin hacking US AND Western Europe to undermine NATO https://t.co/SOBMbG2Mum #ImWithHer #StrongerTogether
16 1000 germaniel3 Pls Share &amp; Tweet the #TWEETSHEET to #DumpTrump! #NeverTrump #ImWithher #VoteBlue #Hillary2016 #PutinsPuppet https://t.co/ygBxBGNQci

#ImWithHer (Nov. 9)
A B c

id author description

1
2
3
4
5

#MAGA (Nov. 7)

B C

id author description
233 MichaelCollie RT @stonerjack: | don\'t want war with Russia over Syria. | have been a lifelong Dem. #ElectionFinalThoughts #MAGA #Election2016 #spiritcood€ |
634 DIT4Prez .Poll says it is the press that is most dangerous, not Russia#TeamTrump #DrainTheSwamp #TrumpTrain #TrumpPencel63€] https://t.co/wkKvtlJE4k
130 MylovesBTS_RT @undocuqueer: #maga #imwithher #OHHillYes 8Y+-3Y$2Viadimir Puting¥$-8Y$2 is worth $200 BILLION. 3Y~°8Y~"8V~+3Y"26Y+2aY+ 8Y+2aY+ 8V 6Y5"3Y5 https://t.co/wjFX2KZBpS
356 ThelonFerns RT @almostjingo: #lmVotingBecause unlike Hillary and her Uranium deals with Putin, Trump is for We The People! 8Y$28Y$ #TrumpPence16 #MAGA https:3€!
508 RT ji #lmVoti -ause unlike Hillary and her Uranium deals with Putin, Trump is for We The People! 8Y$28Y# #TrumpPence16 #MAGA https:3€!
920 friendly223 RT @almostjingo: #imVotingBecause unlike Hillary and her Uranium deals with Putin, Trump is for We The People! 8Y$23Y+ #TrumpPence16 #MAGA https:3€ !

NG A WN R

#MAGA (Nov. 9)

A B C
1 |id author description
2 186 silentmajority RT @NetworksManager: Russia is ready &amp; wants to restore full fledged relations with the United States.#MAGA #Putin #DC@dragisha_zukich ht%s0_
3 394 Siborgb RT @NetworksManager: Russia is ready &amp; wants to restore full fledged relations with the United States.#MAGA #Putin #DC@dragisha_zukich ht%.0_

#Election2016 (Nov. 7-9)

A B C
1 id author description
2 176 FoxNews Russian President Putin: I\'ll work with Trump. #Election2016 https://t.co/ai6NpS2Zzn

Theme #4 — Russia Connection to U.S. Election (CODE: “Russia”)

Using the excel filtering function, the following keywords were used in finding tweets
pertaining to the headline story of the U.S. Presidential election becoming close, with
polls tightening in key swing states.
The keywords (codes) used in the filtering process are as follows:
“Ohio”

- “North Carolina”

- “Michigan”

- “Nevada”

- “Pennsylvania”

- “New Hampshire”
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- “Wisconsin”
- “Virginia”

- “Florida”

- “Swing”

- “State”

- “Swing state”
- “Poll”

- “Polls”

The search terms used in the filtrations process incorporated human intelligence to
decipher between tweets of significance and tweets of insignificance. By studying the
word preceding and following the keyword/code within the tweet, the researcher is able to
understand the context of the tweet. By then expanding the examination of the tweet by
studying the entirety of the message, the researcher is able to identify whether or not the
tweet in question is related to the theme of “Polls”, as described above.

Additionally, human intelligence was used to ensure that tweets were not duplicated in the
coding, as some tweets include more than one keyword/code.

The tables below showcase the compilation of information pursuant to the theme “Polls”,
among the five datasets.

#ImWithHer (Nov. 7)

C
1 |id author description
2 1w | MelissaBran RT @JulianCastro: Hello, Ohio! Don\'t take this election for granted. Your vote can make the difference. Please vote! #imwithher https://t.c36_
3 201 AndreaHolsc RT @JulianCastro: Hello, Ohio! Don\'t take this election for granted. Your vote can make the difference. Please vote! #imwithher https://t.cd6_
4 714 ROMANHO1 RT @JulianCastro: Hello, Ohio! Don\'t take this election for granted. Your vote can make the difference. Please vote! #imwithher https://t.c36_
5 830 onderick_on RT @JulianCastro: Hello, Ohio! Don\'t take this election for granted. Your vote can make the difference. Please vote! #imwithher https://t.cd6_
6 234 EllenAustind RT @Honey17011: C\'mon, North Carolina - please don\'t let them steal your vote and silence your voice. It\'s what they wanted.#ImWithHer hdd_
7/ 743 LorraineDWi Win it for us, North Carolina!!! We\'ll all be grateful! #imWithHer https://t.co/OeCn4HD2vh
8 211 duke_robins RT @TheRework: Michigan Polls: Clinton Holds Strong Lead Despite Trump Claims #WearWhiteToVote #StrongerTogether #imWithHer https://t.co/ptad_
9 408 P_Wog RT @P_Wog: Obama to #Michigan: \'laé»ve earned some credibility here\'| WPost#imWithHer #NeverTrump#cdnpoli #Detriot #Clinton https://t.codd_
10 468 P_Wog RT @P_Wog: Obama warns voters not to be \'bamboozled\' ahead of US election | Guardian#Michigan #Detriot #Clinton #imWithHer https://t.cd6_
11 479 redsvtl RT @TheRework: FOX 2 Mitchell Poll: Clinton\'s lead increases to 5 percent in Michigan #WearWhiteToVote #StrongerTogether #imWithHer https:/36_
12 589 P_Wog RT @P_Wog: Obama Lights Torch for H. Clinton to Carry in Last Day of Campaign Speeches | ABC#Detroit #Michigan #imWithHer https://t.co/d6_
13 920 yashi_shiron RT @TheRework: FOX 2 Mitchell Poll: Clinton\'s lead increases to 5 percent in Michigan #WearWhiteToVote #StrongerTogether #imWithHer https:/46_
14 424 P_Wog RT @P_Wog: Latino vote for Hillary Clinton set to hit RECORD high| DailyKOS#SanAntonio #Miami #lmWithHer #Arizona #Nevada https://t.codé_
15 969 PizzaGirl78 #DonaldTrump @realDonaldTrump You, are the flawed candidate" #Pennsylvania #imWithHer #VoteBlue
16 53 sandralprt8 #FL #Florida #WeAreFL #Tallahassee #)acksonville #PanamaCity #Daytona #FloridaVoters #lmWithHer #Sarasota https://t.co/CMXILOiSDX
17 91 Naimah_19 RT @eye_kandii: Latinos get out and Vote in #Florida !!11!! #imWithHer _6°A_6"__6"A_6"__6"A_6"_6°A 6" 06"A_6"_6°A 6" _06"A 6" _6"°A_6"_6°A 6"__06"A 6
18 341 Rteefact RT @TWD3913: Florida\'s early vote ends with record turnout in Democratic strongholds https://t.co/9RSNRQaYWT #ImWithHer #trends #StrongerTogdd_
19 353 sandralprt8 #FL #Florida #WeAreFL #Tallahassee #)acksonville #Daytona #ImWithHer #Sarasota fair taxes https://t.co/g9cK3fjQsv https://t.co/T2ueqSUo053
20 632 ItsAsia22  RT @eye_kandii: Latinos get out and Vote in #Florida !!!1!! #lmWithHer _6°A_6"__6"A_6"_6"A_6"_6°A 6"_06"A_6"_6"A_6"_06"A 6"_6"A_6"_06°A 6"_06"A 6
21 976 TWDS13 Florida\'s early vote ends with record turnout in Democratic strongholds https://t.co/9RSNRQaYWT #ImWithHer #trends #StrongerTogether #p2 #1u
22 551 P_Wog RT @P_Wog: Dollar strengthens as election seen swinging toward Clinton | Article| Reuters#uspoli #cdnpoli#lmWithHer https://t.co/k4BRhtR&6_
23 180 formerlyhab RT @elenaparent: GOTV phonebank! We\'re heading Blue! @valenciaseay @GeorgiaDemocrat @HillaryForGA @MrPeachState #igapol #lmWithHer https://ta6_
24 641 DavidWGooi Just me the NC Secretary of State.... no big deal. #RallyinRaleigh #Clinton #Gaga #BonJovi #lmWithHer #herstory

#ImWithHer (Nov. 9)

A B G
1 |id author description
2 813 missmclee RT @kbowenwriter: @070180 @LeahPetersen Not me, dude. #imWithHer Our county gave Virginia to her.
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304 TRUMPWINP RT @0Dcnald/Trumplr: Thank you Grove City, Ohic your energy is amazing. Now get out there grab some friends and go vote sc we can #MAGA httpa€ |
718 sheilamterry RT @DonaldITrumplr: Thank you Grove City, Ohic your energy is amazing. Now get out there grab some friends and go vote so we can #MAGA httpa€ |
821 sonizerasmu RT @me_shell70: Ty!l!111! That\'s what I\'ve been screaming! @ItsRickChic @realDonaldTrump @mplay0000 #MAGA #iVoteTrump https://t.co/2TcpfZta€;]

715 VivianBumga RT @Tnspudl: Mr Trump Gives Us_Strength , Wisdom . And \' Joy \'2016_ Most Beautiful Year#MAGA #GoVote @BillPeriman @_North_Carolina @3€;
52 powertrip51! Im in Michigan &amp; we are goin red with @realDonaldTrump to #MAGA https://t.co/i8K5VXz36]
67 TnePepperD: RT @perfectsliders: #Poll Who r u voting 4 presi #Gar #lillstein gerTogether #Maga #lowa #Mi Aichigan #C: H
260 sapmcdowel RT @perfectsliders: #Poll Who r u voting 4 presi ? #Gar #lillStel gerTogether #Maga #lowa ichigan #C: H
524 RT In ids for wTRUMPSdV‘ZﬁnaI Rally8¥2% 2 bring #Michigan8¥""homed¥Z Time for ya¥E— #C V'§&amp; #I0BSSY" #MAGAZE]
541 BarryMycoki Who likes money ? #Trump #Trump #ElectionFinalTnoughts #MAGA #MichiganForTrump
878 CyclistDad  RT @debsellssic: In #GrandRapids for STRUMPSSY"Zfinal Rally8¥2%. 2 bring #Michigand¥'"homed¥Z Time for y3¥5— k,#C! V'§&amp; #I0BSAY" #MAGAIE,

170 mwitticg Come on Nevada we need your votes. Lets all #MAGA for the whele country not just Clinton\'s Crenies https://t.co/8QKblzajCR
326 TRUMPWINM RT @vivelafra: PENNSYLVANIA FOR TRUMP: \'The war on ceal is killing American jobs and making us dependent on our enemies.\' #MAGA #PAForTrumac;
328 Trumpwoma RT @HouseCracka: Trump is on fire in Scranton PA tonight and the energy of the crowd is electric! #PennsylvaniaForTrump #MAGA @GOP @RNCEE ]
552 kardyer RT @HouseCracka: Trump is on fire in Scranton PA tonight and the energy of the crowd is electric! #PennsylvaniaForTrump #MAGA @GOP @RNCAE|
973 CFluharty  RT @HouseCracka: Trump is on fire in Scranton PA tenight and the energy of the crowd is electric! ﬁPennsylvamaForTrump HMAGA @GOP @RNCAE]

82 a912m4300 RT @bbretonwindham: FYI The largest @realDonaldTrump sign in New + P! isin @CL ds ki_h #MAGA poli @DanScad€|
474 Cannonballf RT @wesearchr: If you live in #Wisconsin, MAKE SURE to #VoteTrump tomorrow! #WI is now a SWING STAYEI #TrumpPencel6 #tcot IMAGA3X #MAGA
137 DarkTriadMa RT @wesearchr: If you live in #Florida, MAKE SURE to #VoteTrump TOMORROW! #FL is a LEAN TRUMP STATE NOW! #TrumpPence16 fitcot #MAGAIX #MAGA
161 DaBiggestGu RT @wesearchr: If you live in #Florida, MAKE SURE to #VoteTrump TOMCRROW! #FL is a LEAN TRUMP STATE NOW! #TrumpPencel6 #itcot #MAGAIX #MAGA
194 bossgrady  RT @wesearchr: If you live in #Florida, MAKE SURE to #VoteTrump TOMORROW! #FL is a LEAN TRUMP STATE NOW! #TrumpPence16 fitcot #MAGAIX #MAGA
222 AmericanRec RT @wesearchr: If you live in #Florida, MAKE SURE to #VoteTrump TOMORROW! #FL is a LEAN TRUMP STATE NOW! #TrumpPence16 fitcot #MAGA3X #MAGA
285 miongd2947 RT @TeamTrump: Florida crowd stops @realDonaldTrump speech with booming chant: "PRESIDENT TRUMP! PRESIDENT TRUMP!\' MAGA!
482 acastle96  RT @CarlHigbie: Thank you #Tampa #Florida #MAGA Vote Trump on tuesday https://t.co/Zz2a9Z7TRO
770 RT @Ag: B ALL POLLS NOW "CORRECTING"... FLORIDA JUST FLIPPED. We\'ve had FL entire time, lol. #ElectionFinalThoughts #MAGA https:a€|
846 TNrina RT @wesearchr: If you live in #Florida, MAKE SURE to #VoteTrump TOMORROW! #FL is a LEAN TRUMP STATE NOW! #TrumpPencel16 #itcot #MAGA3X #MAGA
855 Cardsfan101/ RT @wesearchr: If you live in #Florida, MAKE SURE to #VoteTrump TOMORROW! #FL is a LEAN TRUMP STATE NOW! #TrumpPence16 #itcot #MAGA3IX #MAGA
898 irisfl 33 RT @F hild3: Florida\'s I-4 corridor is where the election could be won - AP News #VoteAgainstCorruption #VoteTrump #MAGA https://t.ca€;
474 Cannonballf RT @wesearchr: If you live in #Wisconsin, MAKE SURE to #VoteTrump tomorrow! #W1 is now a SWING STATE! #TrumpPencel6 #itcot #MAGA3X #MAGA
918 erneststewat RT @LindaSuhler: .@LynnePatton: African-Americans Will Finally Vote Republican &amp; Swing Election to Tr ionFinalThoughts #M tpsd€]

Kalviga RT @TeamTrump: \'Trump makes huge gains with women voters in new poll\' #MAGAhttps://t.co/3dgnR&jBrM

67 ThePepperD: RT @perfectsliders: #Poll Who r u voting 4 presi #Garyloh #lillstein gerTogether #Maga #lowa #Mi #Michigan #Coloraded€ |
147 NocdleChom @surfthespectrum @reazlDenaldTrump I\ II be at my polling location 7 am sharp #TRUMP #MAGA don\'t let Her bring us dow&€| https://t. :olS7NV6)UkN5
162 magentagree RT @mbk595: Go out and vote! Do not trust the polls and media! #€lectionFinalThoughts #MAGA #TrumpPence16 https://t.co/k120b2x5v
184 pdjfl RT @8illright50: DO NOT BELIEVE MEDIA OR POLLS. ESPECIALY FOX! WE ARE GONNA WIN! VOTE! #maga #icubs #spiritcooking #dncleak2 #igotv #monsterva€ |
238 GiveMeliber RT @LouDobbs: Biggest Lead Yet for @realDonaldTrump: Trump 48.2%, Clinton 42.6% LATimes/USC poll https://t. co/wbndUquU H#MAGA #TrumpPenced€ |
260 sapmcdowel RT @perfectsliders: #Poll Who r u voting 4 presi #Gar #lillStein gerTogether #Maga #lowa #Mi #Ci H
338 StclaireBranc RT @realDonzldTrump: Thank you Amerlcal National Pol Trump y Clinton 40% https:, //Lco/ndeZquc]g
350 slane9699  RT @TNdad35: Don\'t listen to any #MSM they will lie their ass off with exit polling. Just stay strong and get out the vote. #MAGA #NeverHil&€}
358 1stayinforme RT @TeamTrump: \'Trump makes huge gains with women voters in new poll\' #MAGAhttps://t.co/3dgnR6jBrM
369 garrett_runy RT @JohnKStahlUSA: Today\'s polls have Trump up 7 in OH, up 4 in FL, up 1in PA and up 1 in NV. Keep working. #tcot #ccot #igop #maga https:/a€|
391 Ritchielodi  RT @8illright50: DO NOT BELIEVE MEDIA OR POLLS. ESPECIALY FOX! WE ARE GONNA WIN! VOTE! #maga #icubs #ispiritcooking #dncleak2 #igotv imonsterva€ |
433 BenB388 RT @JohnKStahlUSA: Today\'s polls have Trump up 7 in OH, up 4 in FL, up 1in PA and up 1in NV. Keep working. fitcot #ccot figop #maga https:/a€ |
583 mavrick803 RT @LouDobbs: Biggest Lead Yet for @realDonaldTrump: Trump 48.2%, Clinton 42.6% LATimes/USC poll https://t.co/wbndZ7mqxU #MAGA #TrumpPenced€ |
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634 DITaPrez .Poll says it is the press that is most dangerous, not Russia#TeamTrump #DrainTheSwamp #TrumpTrain #TrumpPencel63€] https://t.co/wkKvtllEak
770 M d RT @AgentSerg : ALL POLLS NOW "CORRECTING"... FLORIDA JUST FLIPPED. We\'ve had FL entire time, lol. #ElectionFinalThoughts #MAGA https:a€|
994 RcB84384636 RT @marc_lotter: Good AM from Duluth, MN. Gov @mike_pence will hit 6 states in 24 hours talking about @realDonzaldTrump plan to #MAGA. httpsd€;
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227 MSREDMAM RT @nathanielbumpe: IT%.09S CONFIRMED! MICHIGAN GOES RED! #MAGA https://t.co/uTNTHOjWOh

27 Tweet2Youtl RT @ChristiChat: On 10-28 | believed #Pennsylvania would vote for TRUMP. And WE DID! Thank you #PA we will #MAGA with#PresidentTrump#Elecs(_

30 stony599 | RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%e0_

73 AXlizbeth  RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%.(_

85 Vulpesldenti: RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%0_
107 artmen RT @ChristiChat: On 10-28 | believed #Pennsylvania would vote for TRUMP. And WE DID! Thank you #PA we will #MAGA with#PresidentTrumptElecée0_
113 gutiemary  RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%e0_
139 kmiles2907 RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%0_
164 SamanthaVa RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%0_
170 jddesilval96 RT @ChristiChat: On 10-28 | believed #Pennsylvania would vote for TRUMP. And WE DID! Thank you #PA we will #MAGA with#PresidentTrump#Elecsée0_
175 ajeansladybu RT @ChristiChat: On 10-28 | believed #Pennsylvania would vote for TRUMP. And WE DID! Thank you #PA we will #MAGA with#PresidentTrump#Elecsée0_
224 monogamisn RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%0_
253 grannycoc  RT @ChristiChat: On 10-28 | believed #Pennsylvania would vote for TRUMP. And WE DID! Thank you #PA we will #MAGA with#PresidentTrump#Elecée0_
256 Newsbeatl RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%.0_
279 ie_Sni¢ RT @StefanMoly : AP calls Pennsylvania for Trump. Congratulations President Donald J. Trump. #MAGA
286 billy357magr RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%0_
312 JalasTweets RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%e0_
324 sean_waring RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%0_
327 TampaloeQ RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%0_
396 pmswolfy  RT @ChristiChat: On 10-28 | believed #Pennsylvania would vote for TRUMP. And WE DID! Thank you #PA we will #MAGA with#PresidentTrump#Elece0_
438 juneebuge  RT @ChristiChat: On 10-28 | believed #Pennsylvania would vote for TRUMP. And WE DID! Thank you #PA we will #MAGA with#PresidentTrump#Elecse(_
464 sam0274 RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%0_
476 ver_wey RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%.(_
510 ianbrealey RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%.0_
525 WrendyKulic RT @ChristiChat: On 10-28 | believed #Pennsylvania would vote for TRUMP. And WE DID! Thank you #PA we will #MAGA with#PresidentTrump#Elecée0_
526 TMB3000  RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%0_
552 mannyj8 RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%e0_
576 MAMASLAW\ RT @ChristiChat: On 10-28 | believed #Pennsylvania would vote for TRUMP. And WE DID! Thank you #PA we will #MAGA with#PresidentTrump#Elec¥e0_
579 Tmkerry204 RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%0_
599 albanese_so| RT @ChristiChat: On 10-28 | believed #Pennsylvania would vote for TRUMP. And WE DID! Thank you #PA we will #MAGA with#PresidentTrump#Elece0_
611 infidel_News RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%0_
615 dale_je RT @ChristiChat: On 10-28 | believed #Pennsylvania would vote for TRUMP. And WE DID! Thank you #PA we will #MAGA with#PresidentTrump#Elecse(_
617 Misty__Bella RT @ChristiChat: On 10-28 | believed #Pennsylvania would vote for TRUMP. And WE DID! Thank you #PA we will #MAGA with#PresidentTrump#Elecse(_
636 cindy775200 RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%.0_
649 JamesSandifc RT @ChristiChat: On 10-28 | believed #Pennsylvania would vote for TRUMP. And WE DID! Thank you #PA we will #MAGA with#PresidentTrump#Elecée0_
663 clantro RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%0_
725 _TeamFlores RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%e0_
730 AgnesClaire RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%(_
757 Idubindubc | RT @ChristiChat: On 10-28 | believed #Pennsylvania would vote for TRUMP. And WE DID! Thank you #PA we will #MAGA with#PresidentTrump#Elecsée0_
819 grammapecc RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%.0_
829 Bioben78  RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%.0_
846 karenholewa RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%.0_
852 AddieGschwi RT @ChristiChat: On 10-28 | believed #Pennsylvania would vote for TRUMP. And WE DID! Thank you #PA we will #MAGA with#PresidentTrump#Elecse(_
856 rodmk74 RT @The NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%.0

B c

863 Bettylusciou RT @ChristiChat: On 10-28 | believed #Pennsylvania would vote for TRUMP. And WE DID! Thank you #PA we will #MAGA with#PresidentTrump#Elecsée(_
919 KlosowskiLay RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%e0_
924 kaZwye RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%e0_
935 AZNSB RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%.0_
942 g 66mpco  RT @The_NewRight: They\'ll never see this, but let\'s thank our Pennsylvania Amish friends for helping us #MAGA! #PresidentElectTrump #TheDay%(_
953 Ginlefebvre RT @ChristiChat: On 10-28 | believed #Pennsylvania would vote for TRUMP. And WE DID! Thank you #PA we will #MAGA with#PresidentTrump#Elecée0_
996 LindaSuhler RT @ChristiChat: On 10-28 | believed #Pennsylvania would vote for TRUMP. And WE DID! Thank you #PA we will #MAGA with#PresidentTrump#Elec¥e0_
747 deb6090 RT @carrieksada: .@SpeakerRyan make sure you thank @realDonzldTrump for the state of Wisconsin going red this #Election2016 #MAGA #Morning¥e0_
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369 CBSNews
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50 FoxNews
256 CBSNews
286 CBSNews
368 CBSNews
224 FoxNews
273 FoxNews
250 CBSNews
360 Ws!

225 CBSNews
281 CBSN:
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Exit poll shows that most important quality in a President to Ohio voters is "can bring change”3€ https://t.co/2YVTWn1lylg

.@realDonaldTrump defeats @HillaryClinton in #Ohio https://t.co/1f0jY2ZQKED #Election2016 #ElectionNight

JUST IN: Donald Trump wins Ohio, CBS News projects #CBSElection #Election2016 https://t.co/HIn7JKbYS? https://t.co/skjgmslzgt

RT @FoxBusiness: Presidential race: #0hio with 48 percent in. #ElectionNight #Electicn2016 https://t.co/H1fhdPBPPE

NEW: Ohio is a toss-up between Donald Trump and Hillary Clinton, CBS News estimates https://t.co/HIn7JKDYS72€ ] https://t.co/pNnbdZKjf7

JUST IN: Rob Portman wins Ohio U.S. Senate race, CBS News projects #CBSElection #Election20163€; https://t.co/gae06MMcET

First exit poll of Election 2016 shows that the most important issue to North Carolina is the economy #Election20163€ | https://t.co/tbyURmav8e
.@connellmeshane: "One of the places to watch in North Carolina is going to be Mecklenburg County." #FoxNews20163€ | https://t.co/VDXQbOBSCI
JUST IN: Donald Trump wins North Carolina, CBS News projects #CBSElection #Election2016 https://t.co/HIn7IKbYS7 https://t.cof/cmMGAcaZBh
Charlie Rose on Trump\'s new lead in North Carolina: "These are my people... and | am not sure what is happening"a€ https://t.co/foPULDhWFOQ
NEW: Hillary Clinton has an edge over Donald Trump in North Carolina https://t.co/HIn7JKbYS7 #CBSElectiond€| https://t.co/MOAnYrJEHO

RT @FoxBusiness: Presidential Race: #Michigan with 75 percent in. #ElectionNight #Election2016 https://t.co/19ck9Mo54D

RT @FoxBusiness: Presidential race: #Michigan with 28 percent in. #€lectionNight #Election2016 https://t.co/8KcFkleDxb

CBS News Decision Desk maps out the two key reasons why Trump could be on the road to winning Michigan tenight3€; https://t.co/6Rp2ZNNeRH1
Michigan and Pennsylvania headline 8 p.m. closings. Live #Election2016 results: https://t.co/TFjtRobZEQ 8¥"" https://t.co/22md5tiuZb

JUST IN: Hillary Clinton wins Nevada, CBS News projects #CBSElection #Election2016 https://t.co/HIn7JKbYS7 https://t.co/djcNHpaujO
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206 CBSNews
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223 FoxNews
226 WSJ

231 FoxNews
207 CBSNews
225 CBSNews
234 CBSNews
136 abcnews
252 abcnews
268 CBSNews
370 CBSNews
392 CBSNews
30 CBSNews
242 CBSNews
243 CBSNews
251 abcnews
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329 CBSNews
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363 FoxNews
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NEW: Nevada is toss-up b Donald Trump &zmp; Hillary Clinton, CBS News estimates https://t.co/HIn7IKbYS73€ | https://t.co/sVOAZEfBBU
JUST IN: Pat Tcomey wins Pennsyivania U.S. Senate race, CBS News projects #CBSElection #Election20163€ ] https://t.co/IRrcuDxVrT

JUST IN: Donald Trump wins Pennsylvania, CBS News projects #CBSElection #Election2016 https://t.co/HIn7JKDYS? https://t.co/eRdApOZgzT

Trump wins Pennsylvania, AP says, all but vanqguishing Clinton\'s hopes of gaining the presidencyd€; https://t.co/CgiNmOmBQc

Pennsylvania results with 95% in - @realDonaldTrump leads @HillaryClinton 48.5% to 47.9%. #Election2016 #FoxNews2016 https://t.co/msdKe7YLS
With 95.6% precincts reporting, Pennsylvania is tied — live updates: https://t.co/Ryel57j2YB 87"~ #Election2016 https://t.co/TTILEScFsy

RT @FoxBusiness: Presidential race: #Pennsylvania with 92 percent in. #ElectionNight #Election2016 https://t.co/d)80UXBIfw

JUST IN: Donald Trump wins Wisconsin, C8S News prejects #CBSElection #Election2016 https://t.co/HIn7JKbYS? https://t.co/EwdqYoEDds

UPDATE: Wisconsin leans toward Donald Trump, CBS News estimates #Election2016 #CBSElection https://t.co/H9n7JKbYS7 https://t.co/W1MhMUjWtb
UPDATE: Donald Trump has an edge over Hillary Clinton in Wisconsin https://t.co/HIn7/KbYS7 #CBSElectiond€| https://t.co/bvidQOPHYG

RT @zdaniel: People leaving @realDonzldTrump event in Virginia as he\'s 2 hrs late, massive queue to replace them #Election2016 https://t.cod€;
.@HillaryClinton triumphs in #Virginia https://t.co/SgymLKPSST #ElectionNight #Election2016

JUST IN: Hillary Clinton wins Virginia, CBS News projects #CBSElection #€lection2016 https://t.co/HIn7.KbYS7 https://t.co/CTq4j7C8rR

JUST IN: Donald Trump wins West Virginia, C8S News projects #CBSElection #Election2016 https://t.co/HSn7JKbYS? https://t.co/11ulquwiaR
UPDATE: Hillary Clinton has an edge over Donzld Trump in Virginia https://t.co/H9n7JKbYS7 #CBSElection #Election2016 https://t.co/V87ugbimLi
The first exit poll of #Election2016 shows that over a quarter of Florida voters are angry with the government3€| https://t.co/vWK6k3VsQB

JUST IN: Donald Trump wins Florida, CBS News projects #CBSElection #Election2016 https://t.co/HInT7IKDYS? https://t.co/gVUnuvgY82

Donald Trump will likely win Florida, CBS News estimates. #CBSElection #Election2016 https://t.co/HIN7IKbYST https://t.co/dPSqwCkwwT
.@realDonaldTrump triumphs in #florida, gives White House hopes big boost https://t.co/nAWWDE0UPMJ (Pic:Reuters)3€| https://t.co/mfpxRQcntu
With Florida, Trump has turned the tables on Clinton. The race is extremely close - live analysis: https://t.co/DmwuGM4HsS 8¥"" #Election2016
UPDATE: Donald Trump has an edge over Hillary Clinten in Florida https://t.co/HIn7JKbYS7 #CBSElection #Election2016 https://t.co/w2cPpYROJE

In Florida, Trump currently has a lead of less than 2 percentage points over Clinton. Live results:3€, https://t.co/MDueféccua

Polls are closed in half the country and Florida is a toss-up, with each candidate at 48% #CBSElectiona€| https://t.co/090owjEPBAL

RT @FoxBusiness: Presidential race: #Florida with 88 percent in. #ElectionNight #Election2016 https://t.co/NcA4496901

JUST IN: Marco Rubio wins Florida U.S. Senate race, C8S News projects #CBSElection #Election20163€ | https://t.co/UBA4JVLY]I

RT @FoxBusiness: Presidential race: #Florida with 71 percent in. #ElectionNight #Election2016 https://t.co/OpKHRojibH

RT @FoxBusiness: Presidential race: #Florida with 55 percent in. #ElectionNight #Election2016 https://t.co/hQStpimIAg

RT @FoxBusiness: Presidential race: #Florida with 53 percent in. #ElectionNight #Election2016 https://t.co/OBGoIG43NE
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46 367 FoxNews RT @FoxBusiness: Presidential race: #Florida with 43 percent in. #ElectionNight #Election2016 https://t.co/SOEakRB32K
a7 376 FoxNews RT @FoxBusiness: Presidential race: #Florida with 23 percent in. #ElectionNight #Election2016 https://t.cofedalbCQUzc
48 377 FoxNews RT @FoxBusiness: Presidentizl race: #Florida with 12 percent in. #ElectionNight #Election2016 https://t.cofo73tmIMeEF
43 218 WSJ How far did your state swing? A live look at how this yeard€™s results compare to previous elections:3€| https://t.co/Y4SLadWLI3
50 1 wWs) Polls close in six states at 7 p.m. EST. Follow along for live updates: https://t.co/reNrPgubQs 8Y"" #Election2016 https://t.co/p24iZUIBA3
51 4 WsJ Obama isnd€"™t on the ballot, but early exit-poll results show he\'s popular among the U.S. electorate https://t.co/XFnrzvultF 8" #Election2016
52 6 FoxNews Fox News #ExitPoll: 56% have an unfavorable opinion of the Republican Party. #€lectionNight #Election20163€; https://t.co/9InSlyCyWGG
53 8 FoxNews Fox News #ExitPoll: 46% think government should do more. #ElectionNight #Election2016 #FoxNews2016 https://t.cof/AtIURWRW1K
54 9 FoxNews Fox News #ExitPoll: 64% say debates were important to their vote. #ElectionNight #Election2016 https://t.co/IUEKASNATO
55 10 abcnews LIVE BLOG: America is waiting for the first results as #Election2016 polls start to close...3€; https://t.co/R7EEAIONId
15 FoxNews  #ExitPoll Results: @HillaryClinton is +38% among Hispanic voters. #ElectionNight #Election2016 #FoxNews2016 https://t.co/f1myb6LISC
57 18 FoxNews Fox News #ExitPoll: Among Hispanic voters, @HillaryClinton leads @realDonaldTrump 65% to 27%. #ElectionNight3€| https://t.co/D3pdd27ITI
19 FoxNews Fox News #ExitPoll: The electorate: Hispanics. #ElectionNight #Election2016 #FoxNews2016 https://t.co/rShfekG7wS
59 20 FoxNews Fox News #ExitPoll: Among voters who \'dislike both presidential candidates\' #ElectionNight #Election20163€; https://t.co/OVANEOCLIi
60 21 FoxNews Fox News #ExitPoll: Top candidate quality: Can Bring Change - @realDonaldTrump wins 82%. #ElectionNighta€| https://t.co/e]XN1HbILH
61 22 FoxNews  Fox News #ExitPoll - Late deciders. #ElectionNight #Election2016 #FoxNews2016 https://t.co/DUdn4ligOk
62 23 FoxNews  #ExitPoll Results on Economy, Hillary\'s Emails, Trump\'s Treatment of Women #ElectionNight #Election2016 #FoxNews2016 https://t.co/9rcXs3Tm7k
63 24 FoxNews Fox News #ExitPoll: 42% think U.S. criminal justice system treats zll fairly. #ElectionNight #Election20163€, https://t.co/UualtplOr2
64 25 FoxNews  Fox News #ExitPoll: 45% think government should do more. #ElectionNight #Election2016 #FoxNews2016 https://t.cofZGMLO1sMf7?
65 26 FoxNews Fox News #ExitPoll: 52% say economy is top issue facing country. #€lectionNight #Election2016 #FoxNews2016 https://t.co/PWOt1IFWGII
66 27 FoxNews Fox News #ExitPoll: 63% say debates were important to their vote. #ElectionNight #FoxNews2016 #Election2016 https://t.co/MymKxmmws&o
67 39 FoxNews .@marthamaccallum on new exit polls: "6 in 10 say the Clinton email issue bothered them." #FoxNews2016 #ElectionDaya€ | https://t.co/MSC8QANckt
68 44 Ws! What you should expect to learn—-and not learn—from early exit polls due at 5 p.m. EST https://t.co/wérf2y8Zvt ¥ "#Election2016
69 45 Ws! We will get our first lock at exit polls at 5 p.m. EST. Join our live analysis: https://t.co/gYnQ1hQ8BO 8Y""#Election2016
70 56 abcnews .@realDonaldTrump and @HillaryClinton head to the polls on #ElectionDay Follow live: https://t.co/QvFSCUz0Qs3€} https://t.co/TIQBboRPCS
p! 90 abcnews #Election2016 live: @realDonaldTrump or @HillaryClinton? voters head to polls to pick next #president #ElectionNight https://t.co/H8ZOnAnYi8
72 91 USATODAY On today\'s #frontpage: #Election2016 race for context begins after polls close tenight; Controversy casts cloud oved€| https://t.co//VUIPnPdZF
73 104 abcnews RT @brookewylie: When Americans head to the polls tomorrow, they won\'t just be voting for their next president. #Election2016 https://t.cofa€;
74 121 FoxNews Final pells before #Election2016 #ElectionNight #election #FoxNews2016 https://t.co/19dDkHSIqD
75 145 CBSNews  Many polls got the outcome of #Election2016 wrong. Buy why?https://t.co/IBVUHmoLIC https://t.co/Qcz2xUk0QW
76 158 FoxNews  How did polls &amp; experts get #Election2016 so wrong? https://t.co/DzcgcSLBa3
77 164 FoxNews  Fox News Exit Poll: White voters with no college degree. #Election2016 https://t.co/wHOWSMxqGg
78 170 FoxNews  Fox News Exit Poll: Immigraticn is one of the most important issues facing the country. #Election2016 https://t.co/jahvi0P3ma
79 174 abcnews #Election2016: How did the #polls get it so wrong? https://t.co/a7DNDXxtiE
80 I 177 FoxNews Fox News Exit Poll: Republican African-American vote - 2012 vs. 2016. #Election2016 https://t.cof/yQ3AbcEFm1
81 178 FoxNews Fox News Exit Poll: Republican Hispanic vote 2012 vs. 2016. #Election2016 #FoxNews2016 https://t.co/v2EShpfk9
82 180 FoxNews Fox News Exit Poll: Unfavorable view of candidates. #Election2016 https://t.co/iLafQwfGZ9
83 185 FoxNews Fox News Exit Poll: @HillaryClinton leads @realDonaldTrump 54% to 42%. #Election2016 #FoxNews2016 https://t.co/4Np2ul00Tv
84 186 FoxNews Fox News Exit Poll: @realDonaldTrump leads @HillaryClinton among Independents 48% to 42%. #€lection2016 #FoxNews2016 https://t.co/TGjp8rRvXV
85 187 FoxNews Fox News Exit Poll: @realDonaldTrump leads @HillaryClinton among men 53% to 41%. #Election2016 https://t.co/PtzaSXtv(3
86 188 FoxNews Fox News Exit Poll: Hispanic voters. #Election2016 https://t.co/liXRINFoY!
87 221 NBCNews  Alaska\'s polls close in @ few minutes. Find full #Election2016 results here &1 https://t.co/F2MLIKpC?Y #Decision2016 https://t.co/jUDHAk2vaf
88 264 NBCNews  NBC News exit poll: #Election2016 reveals a sharp divide between white and Latine Catholics https://t.co/Lsz9ftyOyj https://t.co/T4agNjVjnRF
89 265 MSNBC NBC News exit poll: #Election2016 reveals a sharp divide between white and Latine Catholics https://t.co/1VSylULEzq https://t.co/35P2k8FLIG
S0 355 abcnews Polling day in pictures - see all the colour and quirkiness of America\'s #ElectionDay (Pic: Reuters) #Election20163€, https://t.co/qalUTIdI70
A B c
91 205 WsJ Donald Trump clinched the presidency with key wins in battleground states https://t.co/anbBXs4fM5 8Y" #Election2016 https://t.co/zbnatUlsle
92 232 CBSNews  Tonight\'s battleground states: CBS projects Trump has won 5 so far, Clinton has won 2. #CBSElection #Election2016 https://t.co/tIAGCZaDi0
93 291 CBSNews  No battleground states have been called for either Hillary Clinton or Donald Trump. #CBSElection #Election2016 https://t.co/q2kpwiKIKa
54 330 CBSNews  "These states are so close right now, we cannot make a projection about the winner" #Election20163€ | https://t.co/GX2EnOXWdé
95 331 CBSNews  Here\'s the current electoral vote map. The white states represent toss-up races. https://t.co/HIn7IKbYS73€| https://t.co/01PeiMPMGr
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